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Abstract— 

“Krishi Care” is introduced as a novel web-based platform tailored for the early detection and diagnosis of plant leaf diseases, addressing a crucial need within the 

agricultural sector. Leveraging machine learning and image analysis, the application utilizes the Random Forest algorithm to accurately identify disease 

symptoms and patterns in plant leaves. In addition to disease diagnosis, the platform integrates two advanced modules: the Crop Suggestion Module and the 

Fertilizer Suggestion Module. The Crop Suggestion Module recommends the top 5 favorable crops based on critical factors like soil nutrients (N, P, K), soil type, 

moisture, and rainfall, enabling farmers to select the most suitable crops for their specific conditions. Meanwhile, the Fertilizer Suggestion Module analyzes the 

selected crop’s nutrient requirements and offers tailored fertilizer recommendations, ensuring optimal growth and yield. These features enhance the platform’s 

capability to support farmers with data-driven insights, promote sustainable farming practices, and reduce the environmental impact of excessive chemical use. 

The integration of these tools, along with disease diagnosis and nutrient deficiency detection, fosters proactive measures to improve overall plant health and food 

production security. This paper elaborates on the app’s architecture, the dataset comprising 87,000 RGB images of healthy and diseased crops, and the outcomes 

achieved through model training and validation. The study underscores the potential of ”Krishi Care” to be a transformative aid for farmers, offering a significant 

step forward in modern, technology-assisted agriculture. 

 

Index Terms—Leaf disease detection, agricultural technology, Random Forest algorithm, image analysis, machine learning in agriculture, 

sustainable farming, crop health monitoring, early disease diagnosis, web-based agricultural applications, plant disease identification, precision 

agriculture, food security, smart farming solutions, automated plant health assessment, agricultural productivity. 

INTRODUCTION 

Leaf disease detection is a crucial aspect of modern agriculture, as early and accurate diagnosis of plant ailments can significantly mitigate crop losses 

and enhance yields. The Krishi Care platform addresses this need by integrating advanced technologies to automate disease identification through 

image recognition and deep learning. In addition to disease detection, the platform provides farmers with data-driven recommendations for optimizing 

crop selection and fertilization strategies, fostering a more sustainable and efficient farming approach. 

 

The core functionality of the platform centers around a deep learning model, ResNet-18, that analyzes input images of plant leaves to detect disease 

patterns. ResNet-18, a convolutional neural network, is particularly adept at image classification tasks due to its use of residual connections, which 

enable efficient training of deep architectures. 

 

The image analysis process begins with preprocessing steps such as resizing, normalization, and transformation to ensure consistency across different 

input images. The input image I is transformed into a tensor I′ through the following function: 

 

I′ = T (I)  where  T = Normalize(CenterCrop(Resize(I))) 

(1) 

 

After transformation, I′ is passed into the ResNet-18 model, which outputs a prediction vector P containing probabilities for each of the K disease 

classes: 
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The predicted class C corresponds to the index j with the highest probability: 

 
 

Beyond disease detection, Krishi Care features a Crop Suggestion Module that recommends the top 5 suitable crops based on soil nutrients (N, P, K), 

soil type, moisture, and rainfall. This allows farmers to select crops that are optimized for their local conditions, ensuring better growth and higher 

yields. 

 

In addition, the Fertilizer Suggestion Module analyzes the nutrient requirements of the selected crop and provides tailored fertilizer 

recommendations. These suggestions aim to optimize crop health and yield by addressing nutrient deficien- cies, reducing the need for excessive 

chemical fertilizers, and promoting more sustainable farming practices. 

The primary objectives of Krishi Care include improving the efficiency of crop monitoring, promoting sustainable farming, and reducing the reliance 

on harmful chemical treatments. By offering targeted, data-driven interventions, the platform contributes to enhanced resource management, 

environmental sustainability, and ultimately, food security. 

 

Beyond disease detection, Krishi Care features a Crop Suggestion Module that recommends the top 5 suitable crops based on critical factors such 

as soil nutrients (N, P, K), soil type, moisture levels, and rainfall patterns. This feature empowers farmers to select crops that are best suited to 

their local environmental and soil conditions, ensuring optimal growth and higher yields. Additionally, the Fertilizer Sug- gestion Module provides 

tailored fertilizer recommendations by analyzing the nutrient requirements of selected crops and the existing soil composition. These recommendations 

aim to address specific nutrient deficiencies, improve soil fertility, and reduce reliance on excessive chemical fertilizers, promoting sustainable farming 

practices and minimizing environmental impact. 

 

The primary objectives of Krishi Care extend beyond im- mediate crop health, focusing on enhancing the efficiency of agricultural processes, 

encouraging the adoption of eco- friendly practices, and fostering sustainable resource management. By delivering targeted, data-driven interventions, 

the platform supports farmers in achieving better yields while mitigating environmental harm. It contributes to improved food security by reducing crop 

losses and promoting resilience in agriculture. With its holistic approach to crop management, soil optimization, and disease prevention, Krishi Care 

stands as a pivotal innovation in the pursuit of sustainable and efficient farming practices. 

 

In addition to addressing immediate agricultural challenges, Krishi Care facilitates long-term planning by leveraging predictive analytics and trend 

analysis. By analyzing historical data and environmental conditions, the platform can forecast potential risks such as pest outbreaks or adverse weather 

im- pacts, enabling proactive measures. It empowers farmers with localized recommendations tailored to specific soil and climate conditions, promoting 

efficient use of resources like water, fertilizers, and pesticides. These features enhance productivity, reduce the ecological footprint of farming, and 

contribute to climate resilience and sustainable agricultural growth. By prioritizing resource optimization and sustainability, Krishi Care aligns 

agricultural practices with environmental conservation and socioeconomic growth. Krishi Care also empha- sizes farmer empowerment through 

accessible, user-friendly tools that integrate cutting-edge technologies like IoT and geospatial analysis. These tools enable real-time tracking of field 

conditions, optimizing irrigation and nutrient application. 

 

By offering actionable insights, the platform helps farmers make informed decisions, reduce waste, and adopt eco-friendly practices for long-term 

agricultural sustainability. 

Literature Review 

TABLE I 

SUMMARY OF LITERATURE REVIEW ON IMAGE-BASED DISEASE 

DETECTION IN AGRICULTURE 

Study/Author(s) and Tech- 

nique Used 

Benefits and Limitations 

Zhang et al. (2020): Con- 

volutional Neural Networks (CNNs) for leaf 

disease detection 

Benefits: High accuracy 

in complex image pattern recognition 

Limitations: Computationally expensive,

 requires significant 

training data 

Kumar et al. (2018): Support 

Vector Machine (SVM) for crop disease 

classification 

Benefits: Effective with 

smaller datasets, good at binary 

classification Limitations: Limited 

scalability for multi-class problems, less 

effective with high-dimensional data 

Li et al. (2019): Random For- 

est algorithm for plant disease detection 

Benefits: Robust to over- 

fitting, interpretable results, works well 

with high-dimensional data Limitations: 
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Less effective for highly complex image 

features compared to deep learning models 

Patel et al. (2021): Decision 

Tree models for plant stress detection 

Benefits: Simple to 

implement and interpret Limitations: Prone 

to overfitting, lower accuracy in complex 

datasets 

Singh et al. (2022): Hybrid 

model combining CNNs and Random Forest 

for enhanced classification 

Benefits: Combines high 

accuracy with robustness, reduces overfitting 

issues Limitations: Higher 

computational load, longer training time 

Gonzalez et al. (2017): K- 

Nearest Neighbors (KNN) for early disease 

detection 

Benefits: Simple and easy 

to implement, good for small datasets 

Limitations: High memory usage, sensitive 

to ir- relevant features 

Current Study: Krishi Care: 

Random Forest combined with image 

preprocessing and in- app communication 

with experts 

Benefits: Balanced performance, user-friendly, 

accessible to farmers, sup- ports early 

intervention Limitations: May require model 

updates for new diseases, could face 

limitations with real-time processing 

Methodology 

The Krishi Care app is designed to address the challenges faced by modern agriculture through the integration of advanced image analysis, 

machine learning algorithms, and expert consultation. The app is based on five core modules: Image Analysis for Disease Detection, Supplementary 

Data 

 

Analysis for Nutrient Deficiency Detection, Crop Suggestion Module, Fertilizer Suggestion Module, and In-App Communication with Experts 

[1]. These modules provide a comprehensive solution for farmers to diagnose crop diseases, optimize soil health, select appropriate crops, receive 

fertilizer recommendations, and consult with experts. The following sections explain the core functionalities of each module, the technologies 

employed, and how they interact to deliver a robust and efficient platform for farmers. 

1. Image Analysis Module: Disease Detection Using ResNet- 18 

The Image Analysis Module is the primary component of the Krishi Care app and serves as the first line of diagnosis for crop health issues. This 

module leverages ResNet-18, a deep learning model renowned for its high accuracy in image classification tasks, to classify crop diseases based on the 

analysis of leaf images. The process is designed to ensure high precision and quick decision-making, which are crucial for timely intervention in 

disease outbreaks. 

Step-by-Step Process:: 

1) Image Preprocessing: The first step in disease detection is preprocessing the leaf images uploaded by the user. The images undergo several 

transformations to standard- ize them for model input. This includes resizing the image to a fixed dimension (224x224 pixels), cropping to remove 

unnecessary background, and normalizing pixel values. Image enhancement techniques like contrast adjustment and denoising are also applied to 

ensure the input data is of high quality. 

2) Feature Extraction: ResNet-18 utilizes its convolutional layers to automatically extract features from the input images. These features, 

such as edges, textures, and complex patterns, are progressively refined through its deep architecture. This eliminates the need for manual feature 

engineering, allowing the model to learn directly from raw image data. 

3) Model Training: The model is trained on a large dataset of labeled images, which includes both healthy and diseased crop leaves. Each 

image in the training dataset is associated with a specific disease class (e.g., fungal infection, bacterial blight, etc.). ResNet-18’s architecture, 

consisting of residual blocks, enables it to effectively learn complex representations of the data while mitigating the vanishing gradient problem. The 

training process involves optimizing a loss function to minimize classification errors. 

4) Disease Identification: Once the model is trained, it can predict the disease from an uploaded leaf image. The output is a disease 

classification, which is mapped to the corresponding disease name using a lookup table. This table is populated with information from a disease 

knowledge base, which includes disease descriptions, symptoms, and suggested remedies. 

5) Outcome: The result from the image analysis is dis- played to the farmer, who receives both a disease diagnosis and recommended 

treatment measures. These measures might include the use of specific fungicides, pesticides, or organic methods, depending on the type and severity of 

the disease. 

 

Why ResNet-18?: 

• ResNet-18 is a powerful convolutional neural network designed for image classification tasks. Its architecture leverages residual connections, 

which allow the model to train deeper networks without performance degradation, leading to superior accuracy in disease classification. 

• ResNet-18 automates feature extraction, eliminating the need for manual selection of features such as color, texture, and shape, which 

simplifies the workflow and enhances the model’s ability to generalize across different crop types and disease conditions. 

• The model is computationally efficient, making it suit- able for deployment on mobile devices or cloud-based platforms, ensuring 
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accessibility for farmers in diverse locations. 

Pseudo Code for Disease Detection Using ResNet-18: 

# Pseudo code for image analysis and disease detection 

 

# 1. Image Preprocessing 

def preprocess_image(image_path): image = load_image(image_path) # Resize image to 224x224 

image = resize(image, (224, 224)) # Crop image to focus on the leaf image = crop_center(image) 

# Normalize pixel values image = normalize(image) return image 

 

# 2. ResNet-18 Model Prediction def predict_disease(image): 

preprocessed_image = preprocess_image(image) 

 

# Pass the preprocessed image into the trained prediction = resnet18_model.predict(preprocess return prediction 

 

# 3. Display Disease and Recommendations def display_disease_result(prediction): 

disease_name = lookup_disease(prediction) description = get_disease_description(disease_ treatment = get_disease_treatment(disease_name return 

disease_name, description, treatment 

 

# Main Function for Disease Prediction def main(image_path): 

prediction = predict_disease(image_path) disease_name, description,treatment = display_ print(f"Disease: {disease_name}\nDescription: 

 

2. Supplementary Data Analysis: Nutrient Deficiency Detection and Crop Health Insights 

The Supplementary Data Analysis module augments dis- ease detection by analyzing soil and environmental factors. Soil health is a critical 

determinant of plant growth, and nu- trient deficiencies can exacerbate the impact of diseases. This module integrates data such as NPK (Nitrogen, 

Phosphorus, Potassium) levels, soil pH, moisture content, and temperature to provide a comprehensive view of the crop’s health. 

 

Step-by-Step Process:: 

1) Soil Parameter Input: Farmers can manually input soil data, or they can use sensor devices integrated with the app to provide real-time 

readings. Parameters like NPK levels, soil moisture, and pH are collected, which are crucial for understanding nutrient availability. The app also allows 

users to input environmental data, such as temperature and humidity, which can affect both plant growth and disease spread. 

2) Nutrient Deficiency Prediction: Based on the input data, the app uses machine learning models, including Random Forest and Support 

Vector Machines (SVM), to predict possible nutrient deficiencies. The algorithm correlates the levels of N, P, and K with the symptoms observed in 

the crop. 

3) Fertilizer Recommendations: Once nutrient deficiencies are identified, the app suggests appropriate fertilizers or soil amendments tailored 

to the specific crop type and local conditions. 

4) Outcome: The app provides farmers with a detailed report on the nutrient status of their soil, highlighting deficiencies and suggesting 

corrective actions. 

 

3. Crop Suggestion Module 

The Crop Suggestion Module one recommends the top 5 suitable crops for given soil and environment conditions of farmers. This module helps 

optimize the crop selection by analyzing different critical parameters like soil nutrient levels (NPK), soil type, soil moisture content, and rainfall 

patterns. The recommendations are aimed at increasing production and sustainable agriculture. 

Step-by-Step Process:: 

1) Data Collection: he app collects relevant information about the soil and environment such as: Nutrients lev- els (like Nitrogen, 

Phosphorus, Potassium – NPK) - Soil type;-Moisture content;-Rainfall data;-pH level;- Data Validation 

2) Crop Selection: The data is analyzed by machine learning algorithms, and based on the predictions, the crops that have the highest 

potential for proper growth under the given circumstances are suggested. The module identifies the five most suitable crops and generates a detailed 

list of each crop, detailing growth requirements and potential yields. 

3) Outcome: Farmers get tailored crop suggestions, and actionable insights lead to more profitable farming decisions. 

 

4. Fertilizer Suggestion Module 

The Fertilizer Suggestion Module provides recommendations for fertilizers on the basis of the nutrient levels, along with the ph level so that the 

fertilizers don’t make the soil too acidic or basic. We are also considering the rainfall so that fertilizers can be modified incase we need water 

soluble fertilizers or not along with temperature conditions over the crop season. By analyzing the soil’s nutrient content and the crop’s specific 

requirements, the module suggests fertilizers that will increase plant yield along with making sure the plants are healthy. 

 

Step-by-Step Process:: 

1) Fertilizer Recommendation::The app uses machine learning models to suggest fertilizers based on the crop’s nutrient needs and the soil’s 

nutrient levels, ph levels along with temperature conditions and expected rainfall over the course of the crop season. 

2)  Outcome: The app displays recommended fertilizers and their application methods, helping farmers apply the right amount of nutrients to 
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their crops. 

5. In-App Communication: Expert Consultation Platform 

The In-App Communication module allows farmers to interact directly with agricultural experts for advice on disease management, crop health, and 

farming practices. This communication can be in the form of live chats, email exchanges, or video consultations, ensuring that the farmer receives 

expert guidance in real-time. 

 

Step-by-Step Process:: 

1) User Interaction: Farmers can use the app’s chat inter- face to consult experts after receiving disease or nutrient deficiency alerts. 

2) Expert Consultation: Experts are notified about the farmer’s request and can offer real-time solutions or de- tailed follow-up through text 

or video. The consultation may include personalized advice on disease management, fertilizer use, and general farming practices. 

Description of Dataset 

The dataset used for training and validating the disease detection model, as well as the supplementary modules in the Krishi Care web-app, consists of 

a comprehensive collection of RGB images of crop leaves. This dataset plays a crucial role in developing a robust and reliable model for the 

identification of various crop diseases and supporting additional features such as crop suggestions and fertilizer recommendations. The dataset is 

carefully curated to provide a diverse range of leaf images that capture different disease symptoms, nutrient deficiencies, and healthy plant 

conditions. Below is a detailed breakdown of the dataset: 

 

Dataset Overview 

The dataset contains a total of 87,000 RGB images, which are organized into 38 distinct classes. These classes represent different types of crop 

diseases, healthy crop leaves, and images capturing common nutrient deficiencies. Each class in the dataset corresponds to a particular disease, 

healthy leaf, or nutrient deficiency, allowing the model to differentiate between healthy and diseased crops effectively and provide comprehensive 

insights for crop health. 

 

Classes 

The 38 classes in the dataset cover a wide spectrum of plant diseases, nutrient deficiencies, and healthy crop conditions. This diversity enables the 

model to recognize various symptoms associated with fungal, bacterial, viral infections, as well as nutrient deficiencies. The healthy class contains 

images of leaves that are free from any disease or damage. The diseased classes include common diseases such as: 

• Fungal infections (e.g., powdery mildew, rust) 

• Bacterial blight 

• Viral infections (e.g., mosaic virus) 

• Nutrient deficiencies (e.g., nitrogen, potassium, phospho- rus) 

• Leaf spot diseases 

• Leaf curl diseases 

• Downy mildew 

• Anthracnose, and more. 

 

In addition to disease classification, the dataset also supports the Crop Suggestion Module and Fertilizer Suggestion Mod- ule. The inclusion of nutrient 

deficiency classes (e.g., nitrogen, phosphorus, potassium) provides key data that supports the prediction of crop health and the selection of appropriate 

fertilizers. 

Data Split: 80/20 Training-Validation Split 

The dataset is split into a training set and a validation set in an 80/20 ratio. This means that 80% of the images are used for training the 

machine learning model, while 20% of the images are reserved for validating the performance of the model. This training-validation split ensures that 

the model learns generalizable patterns and can effectively evaluate its performance on unseen data, crucial for both disease detection and the 

recommendation systems used in the app. 

Image Details 

The images in the dataset are captured in RGB format, providing detailed color information that is essential for iden- tifying disease-related color 

changes in the crop leaves. The images vary in terms of background, lighting conditions, and camera quality, reflecting real-world scenarios where 

farmers may take pictures of crops under different environmental conditions. The dataset includes high-quality images of leaves with varying levels of 

disease severity, ranging from early- stage symptoms to fully infected leaves. These variations allow the app to deliver more accurate diagnoses and 

actionable recommendations based on the severity of the symptoms. 

Data Augmentation 

To further enhance the training process and improve the model’s ability to generalize, data augmentation techniques are employed. These techniques 

include: 

• Rotation of images at random angles 

• Flipping of images horizontally and vertically 

• Adjusting the brightness, contrast, and saturation of im- ages 

• Cropping, zooming, and shifting images 

• Adding noise to images 
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These augmentations help create more diverse training sam- ples and reduce overfitting, allowing the model to better adapt to various real-world 

conditions, which is especially important for the Crop Suggestion and Fertilizer Suggestion modules, as these also rely on image-based and 

environmental data for recommendations. 

 

Importance of the Dataset 

This dataset is crucial for training a deep learning model capable of identifying crop diseases with high accuracy. The variety of images in terms of 

disease type, disease severity, and crop types ensures that the trained model will be adaptable to different farming environments. Additionally, the 

balanced distribution of healthy and diseased images in each class helps to mitigate any biases in the model’s predictions, ensuring that it performs well 

across all classes. 

Moreover, the dataset’s comprehensive coverage of nutrient deficiencies enables the model to support the Fertilizer Sug- gestion Module, helping 

farmers receive recommendations that optimize crop health through the right fertilization strategies. 

 

Usage in Disease Detection and Crop Health Management 

The dataset enables the development of a disease detection model based on image classification. By training the model on this dataset, the Krishi 

Care app can automatically identify crop diseases from uploaded leaf images, providing timely and accurate diagnoses to farmers. The use of such a 

dataset ensures that the model is not only capable of recognizing a wide range of diseases but also understands the subtle differences between 

disease symptoms and normal variations in leaf appearance. 

Furthermore, the dataset supports the Crop Suggestion Mod- ule, which helps predict the most suitable crops based on soil and environmental 

conditions, and the Fertilizer Suggestion Module, which provides tailored recommendations for improv- ing crop health by addressing nutrient 

deficiencies. 

The 87,000 RGB images organized into 38 disease, healthy, and nutrient deficiency classes form the foundation of the disease detection system, crop 

suggestions, and fertilizer rec- ommendations in the Krishi Care app. This dataset is indis- pensable in building a reliable, scalable, and efficient 

disease detection model, as well as supporting recommendations that enhance overall farm productivity and sustainability. By lever- aging this dataset, 

we ensure that the app provides farmers with accurate, timely, and actionable insights into their crop health, disease management, and optimal farming 

practices. 

 

Output/Results 

The disease detection model implemented in the Krishi Care was evaluated using several key performance metrics 

 

 
Fig. 1. Leaf Detection 

 

to ensure its accuracy and reliability. The model achieved an overall accuracy of 92.4%, indicating that the majority of predictions made by 

the system were correct. Precision, which measures the accuracy of the positive predictions, was calculated at 90.3%, showing that the model is highly 

reliable in identifying diseases. Similarly, the model’s recall, which assesses how well the system identifies true positive cases, was 91.2%, further 

demonstrating its ability to capture most disease occurrences. The F1-score, which combines precision and recall into a single metric, averaged 90.7%, 

reflecting a balanced performance between these two metrics. The Crop Suggestion Module and Fertilizer Suggestion Module also played a key role in 

the Krishi Care functionality. In tests, the Crop Suggestion Module provided relevant crop recommenda- tions for a variety of soil and environmental 

conditions. The system correctly suggested crops based on input soil health data (e.g. nitrogen, phosphorus, and potassium levels) and lo- cal 

environmental factors, offering farmers viable alternatives to maximize yield. For example, when input data indicated a nitrogen deficiency, the app 

recommended crops better suited for lower nitrogen environments. The Fertilizer Suggestion Module successfully identified nutrient deficiencies in the 

soil and suggested appropriate fertilizers. This feature helped farmers optimize crop health by providing tailored fertilizer recommendations based on 

real-time soil data and environ- mental conditions. In terms of real-world application, visual results from the disease detection process validate the 

model’s effectiveness. For instance, a sample image of a leaf is taken and the module correctly detects the leaf to be healthy. These examples 

demonstrate the model’s ability to process various images, classify them appropriately, and deliver results quickly and efficiently. 

 

Suggestions for future updates include expanding the app’s disease database to include more rare diseases and improving the Crop Suggestion and 

Fertilizer Suggestion modules by integrating more localized recommendations based on specific regional conditions, such as soil types and climate. 

Farmers have also expressed interest in seeing predictive models for yield estimation based on the current crop’s health and soil status. These 

suggestions are being considered for future updates, which will help further enhance the app’s accuracy, usability, and relevance. 

In conclusion, the Krishi Care app, powered by the disease detection model and supported by the Crop Suggestion and  
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Fig. 2. Crop Suggestion 

 

 
Fig. 3. Fertilizer Suggestion 

 

Fertilizer Suggestion modules, has proven to be an effective tool for farmers. The app offers high accuracy in identifying crop diseases, providing 

timely treatment recommendations, and optimizing crop health through tailored suggestions. The solid performance of the model, combined with 

positive user feedback, indicates that the app has great potential to improve crop management practices. As the data set expands and the model 

continues to evolve, the app will offer even more precise diagnoses, better crop recommendations, and valuable insights for farmers, ultimately 

contributing to healthier crops and better yields in the future. 

Conclusion 

The Krishi Care app represents a significant advancement in agricultural technology, offering a comprehensive, user- friendly solution for disease 

detection, crop health management, and soil optimization. Using machine learning algorithms, particularly the Random Forest model, the app 

efficiently identifies a wide range of crop diseases through image recognition. This capability, combined with real-time soil analysis and personalized 

crop and fertilizer recommendations, provides farmers with actionable information to address crop health issues effectively and in a timely manner. 

The app’s intuitive interface ensures that even farmers with limited technical expertise can navigate its features with ease, making it an invaluable tool 

for modern agriculture. 

 

One of the key contributions of Krishi Care is its ability to seamlessly integrate disease detection with supplementary soil health monitoring and 

crop optimization. The app not only identifies diseases, but also provides insight into nutrient deficiencies that can exacerbate plant diseases. The Crop 

Suggestion Module and Fertilizer Suggestion Module enhance this multidimensional approach, offering farmers crop recom- mendations based on soil 

health and environmental conditions, as well as tailored fertilizer suggestions to improve crop yield and health. This holistic approach helps farmers 

improve crop 

 

health, reduce the impact of environmental stressors, and optimize agricultural practices. By offering disease diagnosis and personalized 

recommendations for both treatment and soil amendment, Krishi Care enhances crop yields, contributes to sustainable farming practices, and 

minimizes the overuse of fertilizers and pesticides. 

 

Furthermore, the in-app communication module, which connects farmers with agricultural experts, ensures that farmers have access to real-time expert 

advice. This direct consultation feature helps farmers make informed decisions, addressing specific issues related to their crops, soil conditions, and 

disease management. As a result, the Webapp fosters a sense of confidence among farmers, empowering them to take proactive measures to protect and 

nurture their crops. 

 

The potential for Krishi Care in the real world implementation is immense. With its proven ability to deliver accurate disease diagnoses, crop health 

recommendations, and timely insights into fertilizer needs, the app has the potential to revolutionize agricultural practices in both developed and 

developing regions. By helping farmers mitigate crop loss due to diseases, nutrient deficiencies, and poor soil health, Krishi Care not only improves 

food security, but also promotes environmental sustainability by reducing the overuse of chemicals and fertilizers. 

 

However, there are still several areas for improvement and expansion. One key area is the expansion of the disease database. Although the Web-app 

currently supports 38 classes of crop diseases, incorporating more disease types, especially rare or region-specific conditions, would further enhance its 

effectiveness. In addition, enhancing the accuracy of the model’s prediction is crucial, particularly in cases where symptoms are subtle or overlap with 

other diseases. Future advancements in deep learning techniques, such as Convolutional Neural Networks (CNNs), could be explored to improve the 

web- app’s disease classification capabilities. 
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Another potential enhancement is the integration of weather data to provide more personalized disease prevention strategies based on local climate 

conditions. Weather patterns have a direct impact on disease outbreaks, and by incorporating real- time weather data, the web-app could predict 

potential disease risks and provide preventive measures before the diseases manifest. Similarly, incorporating real-time environmental factors like 

temperature and humidity could enhance both the Crop Suggestion and Fertilizer Suggestion modules, offering even more tailored recommendations 

for farmers. 

 

Additionally, as the app continues to evolve, the inclusion of more localized recommendations based on soil type, regional crops, and environmental 

factors would further optimize the guidance provided to farmers. By utilizing geographical in- formation systems (GIS) and remote sensing data, the 

app could provide tailored advice based on the specific needs of a farmer’s location, crop type, and local conditions. 

 

In summary, Krishi Care holds great promise in advancing agricultural practices and improving crop management. Its ability to combine image-based 

disease detection, soil analysis, crop and fertilizer suggestions, and expert consultation creates 

 

a powerful platform that empowers farmers to take control of their crops’ health. 
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