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A B S T R A C T 

The rapid digitization of the global economy has inadvertently triggered an unprecedented surge in digital fraud, transforming cybercrime into a pervasive threat 

that affects both massive infrastructures and vulnerable end-users. While technological advancements have introduced sophisticated security protocols, digital fraud 

predominantly exploits human psychological vulnerabilities alongside systemic technical gaps. Small and medium enterprises (SMEs), which form the backbone 

of the global economy, are particularly susceptible due to chronic resource constraints and limited cybersecurity literacy. This paper proposes a comprehensive, 

socio-technical framework designed to combat digital fraud by synthesizing human-centric cyber crime awareness with autonomous, machine-learning-driven 

defense mechanisms. By conceptualizing cybersecurity as a public health imperative and integrating automated anomaly detection systems, this research provides 

a scalable, resilient blueprint for mitigating digital fraud across diverse organizational scales. Ultimately, this work demonstrates that combining structured 

awareness interventions with adaptive, autonomous monitoring provides a robust defense posture against the evolving landscape of cyber exploitation. 
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1. Introduction 

The contemporary digital landscape is characterized by high-speed connectivity and ubiquitous data exchange, which have collectively accelerated the 

frequency and severity of cyber-attacks. The average financial impact of a cyber-attack has reached staggering figures, with some breaches costing 

organizations upwards of $1.1 million and driving the cybersecurity market to an estimated$170.4 billion (El Sayed et al., 2021). Digital fraud, a highly 

lucrative subset of cybercrime, thrives at the intersection of technological vulnerabilities and human error. As legacy industries and modern enterprises 

alike transition their operations to digital platforms, the necessity for continuous, intelligent monitoring and robust workforce awareness becomes critical. 

Unfortunately, cyber offense is increasingly operating at machine speed, leveraging automated scripts and artificial intelligence to launch sophisticated 

social engineering and financial fraud campaigns (Li et al., 2026). 

The core problem addressed in this paper is the persistent asymmetry between the rapid evolution of digital fraud techniques and the stagnant, fragmented 

defence strategies currently deployed by organizations. The scope of this issue extends from individual employees who fall victim to phishing, to systemic 

market failures where inadequate investment in collective security leads to widespread vulnerabilities. Small and medium enterprises (SMEs) account for 

over 90% of global businesses, yet they are frequently neglected in mainstream cybersecurity initiatives, leaving them unaware, unfunded, and uneducated 

regarding pressing cyber threats (Junior et al., 2023). This widespread lack of cyber literacy serves as the primary conduit for digital fraud, allowing 

malicious actors to bypass traditional perimeter defence’s by directly exploiting the human element. 

Existing approaches to combating digital fraud are inherently insufficient for the modern threat landscape for several key reasons. First, traditional defence 

paradigms over-rely on static, rule-based systems and manual interventions that simply cannot match the agility and machine-speed of contemporary 

cyber offenses (Li et al., 2026). Second, current strategies treat cybersecurity as a private, isolated responsibility rather than a collective public good, 

leading to systemic underinvestment and a failure to share critical threat intelligence across vulnerable sectors (Dykstra & Yurcik, 2026). These isolated 

approaches fail to address the root causes of digital fraud, which rely heavily on information asymmetry and the widespread digital illiteracy of the general 

workforce. 

To address these critical shortcomings, this paper proposes a holistic approach to mitigating digital fraud. The primary contributions of this work are 

articulated as follows: 
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We introduce a novel socio-technical framework that operationalizes a "public health" approach to cybersecurity, merging continuous automated threat 

detection with structured SME-focused awareness initiatives. 

2. Related Work 

Human-Centric Vulnerabilities and SME Awareness 

A significant body of literature addresses the human element in cybersecurity, particularly focusing on the vulnerabilities of smaller organizations. 

Systematic reviews of SME cybersecurity reveal that these entities are largely unaware of the sophisticated risks they face and are severely constrained 

by limited financial resources (Junior et al., 2023). The core idea across this domain is that limited cybersecurity literacy is the root cause of both poor 

risk awareness and the chronic under-allocation of defensive resources (Junior et al., 2023). A major strength of this research stream is its accurate 

identification of human fallibility as the primary vector for digital fraud. However, a notable weakness is that studies in this area frequently reiterate 

established knowledge regarding SME resource constraints without proposing automated, low-cost technical safety nets to compensate for human errors. 

In contrast to purely sociological studies, our work synthesizes these human-centric findings with automated intrusion detection mechanisms, ensuring 

that technical fallbacks are in place when awareness training inevitably falls short. 

Autonomous Detection and AI-Driven Defense 

The shift toward automated and AI-native defence mechanisms represents a second major category of related research. Frameworks leveraging Automated 

Machine Learning (AutoML) have been proposed to automate critical data analytics pipelines—including feature engineering, hyperparameter tuning, 

and model selection—thereby achieving autonomous intrusion detection for next-generation networks (Yang & Shami, 2024). Furthermore, recent 

advancements have explored the use of Large Language Models (LLMs) to compile weighted graphs for Coherence-Driven Inference (CDI), enabling 

automated decision-making and reasoning for red and blue team operations (Huntsman, 2025). The strength of these AI-driven approaches lies in their 

ability to operate at machine speed, countering threats that evolve too quickly for human analysts (Li et al., 2026). Nevertheless, a critical weakness is 

that these systems often operate in a vacuum, ignoring the contextual, human-driven nature of digital fraud and the necessity of organizational awareness. 

Our proposed approach bridges this gap by embedding advanced AI detection modules within a broader, human-inclusive organizational framework. 

Emerging Attack Vectors and Systemic Defense Models 

The final category of related work focuses on the macro-level evolution of cyber threats across emerging technologies and the systemic models required 

to combat them. Researchers emphasize that the proliferation of interconnected systems, ranging from smart electric vehicles (Pimpale, 2025) to expansive 

space and satellite infrastructures (Sharfman & Visner, 2023), vastly expands the attack surface for digital fraud and disruption. Additionally, the imminent 

advent of quantum computing threatens to break widely deployed encryption schemes, presenting a "harvest now, decrypt later" risk that most enterprises 

are currently unprepared to handle (Faruk et al., 2022) (Le et al., 2025). To manage these systemic vulnerabilities, scholars have proposed adapting public 

health models to cybersecurity, arguing that collective defense, standardized data collection, and government coordination are economically necessary to 

fix systemic market failures (Dykstra & Yurcik, 2026). While these macro-models provide excellent theoretical grounding, they can be difficult to 

operationalize at the enterprise level. The current work builds upon the cyber public health concept by providing a concrete, deployable methodology that 

integrates localized awareness campaigns with intelligent, low-power IoT monitoring systems (ElSayed et al., 2021). 

3. Method/Approach 

Framework Overview 

To effectively counter the dual threat of technical exploitation and human manipulation inherent in digital fraud, we propose the Cyber Awareness and 

Fraud Defense (CAFD) framework. The CAFD framework is structured around two intersecting modules: a human-centric awareness curriculum modeled 

on epidemiological public health interventions, and an autonomous, AI-driven detection pipeline. By treating digital fraud as a systemic contagion rather 

than an isolated IT problem, the framework shifts the paradigm toward collective defense (Dykstra & Yurcik, 2026). This dual approach ensures that 

while employees are trained to recognize and report social engineering attempts, a resilient technical substrate continuously monitors network traffic and 

transaction logs for anomalous behavior. 

Key Design Choices and Rationale 

The design of the CAFD framework is driven by the necessity to balance sophisticated defense capabilities with the operational constraints of typical 

businesses, particularly SMEs (Junior et al., 2023). We integrate Automated Machine Learning (AutoML) because it eliminates the need for organizations 

to maintain a dedicated team of expert data scientists; the system can autonomously handle data pre-processing, feature selection, and model ensembling 

(Yang & Shami, 2024). To ensure continuous monitoring without incurring prohibitive operational costs, the physical sensing and logging layer is 

modeled on low-power, autonomous Internet of Things (IoT) architectures, which have been shown to yield significant power savings while maintaining 

high-fidelity network security monitoring (ElSayed et al., 2021). Furthermore, we incorporate Coherence-Driven Inference (CDI) utilizing LLMs to 
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evaluate the contextual validity of flagged transactions, applying a neurosymbolic approach to mitigate the inherent lack of reasoning in standard language 

models (Huntsman, 2025). 

The Autonomous Fraud Detection Pipeline 

The technical implementation of the CAFD framework relies on a structured, multi-stage pipeline designed to operate with minimal human intervention. 

The pipeline processes network and transactional data through the following numbered steps: 

Data Ingestion and Balancing: Transaction logs, user authentication requests, and network traffic are continuously ingested via low-power IoT monitoring 

nodes (ElSayed et al., 2021). A Tabular Variational Auto-Encoder (TVAE) is employed to automatically balance the dataset, preventing the model from 

being biased against minority fraud classes (Yang & Shami, 2024). 

Automated Feature Engineering: Tree-based machine learning algorithms autonomously select the most relevant features (e.g., login geolocation, 

transaction velocity, payload size) without requiring manual expert heuristics (Yang & Shami, 2024). 

Primary Anomaly Detection: An ensemble of base models, optimized via Bayesian Optimization, flags potentially fraudulent activities at machine speed 

(Yang & Shami, 2024) (Li et al., 2026). 

Coherence-Driven Inference (CDI): Flagged events are converted into natural language propositions. An LLM compiles these into a weighted coherence 

graph, mapping relevance and consistency relations to determine if the flagged event aligns with established benign behavioral baselines or known fraud 

signatures (Huntsman, 2025). 

Automated Response and Reporting: The system isolates the compromised node or halts the transaction while simultaneously generating an auditable 

incident report for the human oversight team. 

Public Health-Inspired Awareness Module 

Parallel to the technical pipeline, the CAFD framework mandates the deployment of an evidence-based cyber awareness program. Drawing upon public 

health methodologies, this module focuses on standardized population definitions and reliable outcome measurements regarding cyber hygiene (Dykstra 

& Yurcik, 2026). Organizations implement localized, iterative training sessions that focus on identifying phishing, deepfake manipulation, and business 

email compromise. Because SMEs often lack the financial resources to develop these programs independently (Junior et al., 2023), the framework relies 

on a centralized, government-coordinated "Cyber Public Health System" that distributes standardized, accessible training modules. This ensures that 

baseline cybersecurity literacy is elevated universally, addressing the root cause of awareness deficiencies (Junior et al., 2023). 

4. Evaluation Plan 

To validate the efficacy of the CAFD framework, we propose a comprehensive evaluation plan utilizing a hypothetical, hybrid benchmark dataset. This 

dataset will simulate 12 months of operational data for a network of 500 SMEs, combining synthetic financial transaction logs, simulated IoT network 

traffic, and records of employee interactions with simulated phishing campaigns. The evaluation will measure two primary metrics: the reduction in 

successful fraud penetrations (technical efficacy) and the improvement in employee incident reporting rates (human awareness efficacy). We will 

benchmark the CAFD system against a control group utilizing legacy, static rule-based intrusion detection and standard annual compliance training. We 

hypothesize that the integration of the AutoML-CDI pipeline with continuous, public-health-styled awareness interventions will yield a statistically 

significant decrease in false-positive alerts and a dramatic reduction in successful digital fraud incidents. 

5. Discussion 

Practical Implications and Deployment Considerations 

Deploying the CAFD framework requires a fundamental shift in how organizations and governments conceptualize cybersecurity. From a practical 

standpoint, mitigating digital fraud can no longer be outsourced solely to IT departments; it requires the cultivation of a resilient organizational culture. 

Establishing a cyber public health system necessitates robust public-private partnerships, where government entities coordinate threat intelligence and 

provide funding or resources to offset the severe financial constraints faced by SMEs (Junior et al., 2023) (Dykstra & Yurcik, 2026). Furthermore, as 

organizations deploy these systems, they must proactively establish "crypto-agility" to prepare for impending quantum computing threats. Threat actors 

are already harvesting encrypted data to decrypt later; thus, deployment of modern fraud prevention systems must prioritize quantum-safe cryptographic 

standards to ensure long-term data integrity (Le et al., 2025). 

Limitations and Failure Modes 

Despite its comprehensive nature, the proposed framework exhibits several notable limitations and potential failure modes. 
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First, the persistent reality of resource scarcity means that many SMEs may still struggle to adopt even automated, low-overhead systems. The initial 

installation costs, integration complexities, and lack of internal champions can stall adoption, leaving the most vulnerable entities exposed (Junior et al., 

2023) (Le et al., 2025). 

Second, the reliance on LLMs for Coherence-Driven Inference introduces the risk of algorithmic hallucination. Because LLMs inherently lack grounded 

reasoning (Huntsman, 2025), the system might occasionally misinterpret novel, legitimate business activities as incoherent, leading to the erroneous 

blocking of critical transactions. 

Third, the framework's awareness module may struggle to keep pace with the hyper-evolution of cyber offenses. As cyber-attacks increasingly move to 

machine speed and utilize highly convincing, AI-generated synthetic media, standard human awareness training may quickly become obsolete, rendering 

employees defenceless against ultra-sophisticated social engineering (Li et al., 2026). 

Ethical Considerations and Risks 

The deployment of autonomous monitoring and fraud detection systems carries substantial ethical implications. 

First, continuous monitoring of network traffic and employee behavior raises significant privacy concerns. Capturing granular data to establish behavioral 

baselines for fraud detection could inadvertently infringe upon the privacy rights of the workforce, creating an environment of excessive surveillance. 

Second, automated ML models are susceptible to algorithmic bias. If the training data disproportionately flags specific demographic behaviors or 

geographic locations as fraudulent, the system may systematically exclude legitimate users from accessing financial or digital services, exacerbating 

digital inequality and creating unjust algorithmic discrimination. 

Future Work 

Future research must build upon this foundational framework to address the evolving complexities of the digital ecosystem. 

One critical avenue for future work involves adapting the CAFD framework for specialized, high-stakes domains, such as the synergistic development of 

cybersecurity and functional safety in smart electric vehicles (Pimpale, 2025) and the protection of space systems as critical infrastructure (Sharfman & 

Visner, 2023). Digital fraud in these domains could result in catastrophic physical consequences. 

Additionally, future research should explore decentralized, privacy-preserving federated learning models. This would allow SMEs and larger enterprises 

to collaboratively train the AutoML fraud detection models without sharing raw, sensitive transaction data, thereby enhancing the collective defense 

posture while strictly adhering to data privacy norms and mitigating the risks of centralized data harvesting. 
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