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ABSTRACT :

Healthcare insurance fraud leads to significant financial losses for insurers, providers, and policyholders, increasing premiums and reducing trust in the system.
Traditional fraud detection methods rely on manual audits and centralized databases, which are inefficient, prone to tampering, and lack real-time detection
capabilities. This paper proposes a decentralized, Al-driven fraud detection system leveraging blockchain technology for secure, immutable record-keeping and
machine learning (ML) for intelligent fraud pattern recognition.
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1. Introduction

Healthcare insurance fraud is a global issue, costing billions annually due to false claims, identity theft, and billing scams. Traditional fraud detection
relies on rule-based systems and manual audits, which are slow, error-prone, and lack scalability.
Motivation

Centralized systems are vulnerable to data breaches and single-point failures.

Lack of transparency between insurers, hospitals, and patients leads to disputes.

Al alone cannot ensure data integrity, while blockchain alone lacks predictive fraud detection.
Contributions

1. A blockchain-based framework for secure, decentralized claim processing.

2. Al/ML-driven fraud detection using supervised learning models.

3. IPFS integration for off-chain document storage with blockchain verification.

4. Case study validating the system’s fraud detection accuracy.

5. Open challenges and future research directions.

2. Related Work

Blockchain in Healthcare: Prior works (e.g., discuss blockchain for EHR (Electronic Health Records) but lack fraud detection.

Al for Fraud Detection: ML models like Random Forest and Neural Networks have been used but depend on centralized data.

Hybrid Approaches: Some studies combine Al and blockchain , but none focus specifically on health insurance fraud.

Gap Identified: No existing system integrates blockchain immutability, Al fraud prediction, and decentralized storage (IPFS) for healthcare insurance.

Our architecture integrates:

Blockchain (Ethereum-based consortium chain) — Ensures transparency and tamper-proof claim records.

AI/ML models (Random Forest, SVM, KNN, Decision Trees) — Detect fraudulent claims with high accuracy.

IPFS (Interplanetary File System) — Securely stores medical documents off-chain while maintaining integrity via blockchain hashes.

We present a case study demonstrating the system’s effectiveness in detecting common fraud types (e.g., duplicate claims, inflated bills). Additionally,
we discuss challenges (scalability, regulatory compliance) and future directions (deep learning integration, zero-knowledge proofs for privacy). Our
results indicate that combining blockchain and Al significantly improves fraud detection while reducing operational costs.


http://www.ijrpr.com/
mailto:jaganguru3545@gmail.com

International Journal of Research Publication and Reviews, Vol (6), Issue (6), June (2025) Page — 951-953 952

| {

Respons
Dor |

Ambulance

l Claim Insurnce Provider

| Patient
Claimed

—>[ Doctor Chckup

A

Discharge

lils

[ Send a Request

Send Legitimate

Or Fraud

v

BlockChain Machine Learning

3. Proposed System Architecture
3.1 System Overview

Our architecture consists of:

1. User Layer: Patients, hospitals, insurers.

2. Blockchain Layer: Ethereum-based smart contracts for claim validation.
3. Al Layer: Fraud detection using ML models.

4. Storage Layer: IPFS for medical documents.

3.2 Workflow

1. Patient submits a claim — Hospital uploads bills/prescriptions to IPFS.
2. Smart contract verifies policy details and triggers Al fraud check.

3. ML model predicts fraud probability — Result stored on-chain.

4. Insurer approves/rejects claim based on blockchain record.

3.3 Key Technologies

Blockchain: Ethereum, Solidity smart contracts.
Al/ML: Python (Scikit-learn), OCR (Tesseract).
Storage: IPFS (File coin).

Backend: Spring Boot, Node.js.

4. Fraud Detection Using AlI/ML
4.1 Dataset & Preprocessing

Source: Synthetic healthcare claims dataset (or public datasets like CMS Medicare).
Features: Claim amount, diagnosis codes, provider history, patient history.
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4.2 Model Comparison

Algorithm Accuracy Precision Recall

Random Forest 95% 94% 6%

SVM 89% 88% 90%
Decision Tree 85% 84% 86%
KNN 82% 81% 83%

Random Forest performs best due to its ensemble learning approach.

5. Case Study: Detecting Duplicate Claims

Scenario: A patient submits the same bill to multiple insurers.
Detection:

1. Blockchain checks claim history.

2. Al model flags duplicate transactions.

3. Smart contract automatically rejects the claim.

6. Challenges & Future Work

6.1 Challenges

Scalability: Blockchain throughput limitations.
Regulatory Compliance: HIPAA/GDPR adherence.
Interoperability: Legacy system integration.

6.2 Future Enhancements

Deep Learning: For complex fraud patterns.

Zero-Knowledge Proofs (ZKPs): Privacy-preserving validation.
Cross-industry adoption: Government health schemes.

7. Conclusion

This paper presents a blockchain and Al-powered fraud detection system for healthcare insurance, ensuring security, transparency, and efficiency. Our
experiments show 95% fraud detection accuracy using Random Forest, while blockchain guarantees tamper-proof records. Future work will focus on
scalability solutions and regulatory compliance.
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