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A B S T R A C T 

This paper examines the evolving impact of machine learning (ML) through recent changes it has made in finance and industrial domains with an emphasis on risk 

management, fraud detection, customer personalization, and automation. In finance, ML analyses large amounts of data to form new insights using enhanced 

algorithms and traditional finance techniques to improve risk management decision-making. Institutions use ML methodologies to enhance credit scoring, portfolio 

optimization, and fraud detection while also satisfying regulatory requirements to increase compliance, assess risk, and enhance financial products related to 

consumer behavior. In the industrial domains, ML drives the intelligent automation of tasks, optimizes the logic of processes, and provides predictive solutions for 

maintenance of equipment, enabling a significant increase in productivity while reducing human contribution. The combination of robotics and ML in logistics and 

manufacturing enhances the performance of resources and allows for economies of scale. Coordinating ML for customer behavior analysis enables hyper-

personalized marketing and service delivery strategies that lead to higher user satisfaction and customer loyalty. However, the paper also points to several challenges 

associated with ML, including ethical and privacy issues, and the need for responsible AI behaviors. Nevertheless, the paper also emphasizes that it has opened up 

tremendous opportunities, albeit with the need for design and governance around use, which will help maximize ML's opportunities across business functions. 
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1. Introduction 

Machine learning applications in finance are expanding tremendously throughout several domains that involve both forecasting tasks and customer 

management, together with risk assessment and portfolio management systems [6]. Users can use machine learning algorithms in their trading systems 

to place fast orders, which enhances market effectiveness, according to research evidence [7]. Financial chatbots use machine learning adaptability in the 

financial sector by using the technology to provide custom financial advice and complex customer inquiry solutions [1, 2]. Real-time transaction 

monitoring is performed by machine learning models that identify both new threats and abnormal patterns to prevent financial fraud in its evolution. The 

application of machine learning activates relationship-building among organizations and enhances credit rating systems while enabling companies to 

develop new financial solutions through large data collections [8]. Processing large financial datasets enables bank personnel to detect sophisticated 

patterns that optimize portfolio placement and lower market risks to achieve improved financial outcomes [9]. Through AI and ML technology, financial 

organizations assess broad information sources to identify complex connections during their risk evaluation procedures [10].  

Banks use AI and ML technologies to initiate a critical transformation of their industry because they dedicate major IT investments to competitive 

leadership[3, 4]. The banking sector predicts it will reach savings goals of $447 billion in 2023, which will expand further as research foretells projections 

until 2030 [5]. Through 2030, AI and ML technologies from financial institutions will provide USD 64.03 billion in contributions annually. These 

institutions obtain better services directed at their customers while simultaneously enhancing their decision-making ability. Machine learning technology 

receives regulatory constraints and user-understandable AI system development from finance companies[6].  

1.1 Risk Modeling and Management 

Financial risk management systems integrated with machine learning enable institutions to receive enhanced specifications as well as predictions of their 

risks [7]. The adoption of AI and ML technology continues to grow because government authorities support their implementation. Financial institutions 

maintain stable operations by combining AI and ML technology, and they preserve sustainability through automated detection systems that detect risks 

early and help compliance with regulatory requirements [11]. AI tools allow developers to design computerized systems based on simulations of human 

intelligence in order to enhance credit risk analysis systems through mathematical modeling[8, 9]. Standard assessment methods yield to machine learning 

algorithms for analytical purposes because these algorithms process multiple risk factors, which include credit scores along with repayment history and 

financial income [4]. Through their fusion of machine learning with AI capability, financial institutions make higher profits by implementing advanced 

risk evaluation and risk reduction systems that produce precise, flexible answers [4]. Organizations that implement artificial intelligence and machine 
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learning investment strategies discover different risk factors, which enable them to build extended risk mapping systems to identify threats sooner [11]. 

Machine learning working with artificial intelligence produces three basic operational benefits because such systems support swift security detection 

while complying with regulatory guidelines. 

 

Figure 1: AI uses in the Banking domain 

1.2 Fraud Detection and Prevention 

The joining of AI with machine learning technology helps financial institutions acquire improved capabilities to combat financial fraud. Big transaction 

information can be processed by machine learning instruments that detect fraudulent patterns to prevent fraud successfully [4]. Financial institutions 

support the battle against digital money laundering through the implementation of AI and ML systems in their operating platforms [5]. Financial 

institutions need real-time transaction observation along with abnormal behavior detection to identify changed fraudulent methods [12]. 

Machine Learning in Automation: Enhancing Efficiency and Productivity 

The initial development of automated systems used machine learning until systems no longer needed human intervention for operation. Different sectors 

achieved operational excellence and better productivity through automated systems developed through predictive analytics [14] [20]. The implementation 

of machine learning automation enables stakeholders to build optimized production systems and create new business prospects by gaining modern, potent 

capabilities. Manufacturing organizations depend on autonomous decision systems that utilize intelligent service functionalities to boost operational 

performance and manufacturing productivity with optimized cost management. Files must be in MS Word only and formatted for direct printing using 

the CRC MS Word provided. Figures and tables should be embedded and not supplied separately.  

2. Forecasting and Trend Identification 

The procedural assessment of machine-learning algorithms improves future forecasting accuracy and industrial trend discovery outcomes. The 

organization benefits from improved decision accuracy when employees recognize patterns in big data structures to produce highly precise predictions. 

In the financial sector, machine learning implements technology platforms that detect fraud while performing risk reduction tasks to enhance portfolio 

effectiveness [13]. A combination of preferred investment selection, fraud detection, and market-linked financial risk management becomes possible 

through behavioral history analysis for organizations. 

Research acknowledges machine learning through Radiohead due to artificial intelligence producing immediate, accurate predictions from three academic 

papers [14, 15]. Computer learning models that analyze extensive datasets can identify specific patterns according to research [23]. 

Automation and Intelligent Decision-making 

Systems with intelligent automation learn adaptively for selecting among different operational environments, which ultimately results in operational 

enhancements achieved by reducing human involvement. The automated system-based machine learning operations operate as an essential disruptive 

industrial technology that develops transformative innovations through detailed product development processes [16, 17]. By performing autonomously, 
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smart systems in the industrial market achieve two major improvements: increased operational efficiency through reduced expenses and elevated 

productivity. 

Machine Learning in Logistics: Optimizing Resource Allocation and Enhancing Operations 

Before machine learning entered logistics, it allowed essential operational changes that delivered better resource management and process enhancement. 

The advantages of the union between robotic systems and machine-learning technology rise above all conceivable expectations. Hard-wiring operational 

techniques with new technology leads to complete logistical automation by maintaining resource preservation and operational effectiveness. 

Customer Behavior Modeling and Personalized Experiences 

The analysis of customer reactions from machine learning systems allows businesses to develop contented customers. Through algorithms, customers are 

marketed to those who match their profile by analyzing the behavioral patterns that come from collected customer data. The method leads to better sales 

outcomes because it results in content clients who choose to remain loyal to the business. Through patient-oriented model designs linked to machine 

learning systems, businesses develop individualized shopping environments that boost interactions with customers. Solutions developed by Machine 

Learning enable developers to create both marketing strategies and product recommendation interfaces through their data analysis of standard user 

patterns. The enhancement of customer satisfaction that comes from optimized client loyalty enables superior selling results in the whole system. Machine 

learning methods help financial institutions divide their client bases for developing targeted marketing approaches to deliver specific products to given 

customer groups. Preventor models enable financial institutions to identify better service outcomes by examining customer preferences, business risks, 

and market potential. The organization delivers personalized financial solutions to its customers using this method. 

Risk Assessment and Mitigation 

All business sectors make use of appropriately managed machine learning operations to discover operational risks, along with strategies to minimize 

those risks throughout their operations. AI financial market systems carry out fundamental operational tasks that consist of analyzing credit risks while 

monitoring criminal activities occurring in financial software systems and banking protocols. Businesses utilize pre-programmed models to scan large 

data pools for anomalies, which gives financial institutions the ability to detect fraud at its early stages [12] [2] [24] [25]. The assessment of customer 

transactions made by machine learning tools surpasses human operators through both speed and efficiency, thus contributing to better protection against 

operational financial risks [26]. Financial institutions use these systems to process vast customer data records that enhance operational risk detection for 

enhanced security. Organizations implement learning-based automatic compliance programs since these systems reduce the risk of receiving significant 

regulatory fines.  

Ethical Considerations and Responsible AI 

Machine learning development needs consistent ethical guidelines and responsible technical methods that should operate throughout its lifespan, 

beginning at development and ending in deployment. Financial institutions should adopt responsible development methods that create ethical systems by 

ensuring non-discriminatory operations and privacy protection to prove their responsible nature. Research scientists and industry leaders should work 

with government entities to create exact guidelines about data privacy, machine learning interpreter systems, and algorithm bias recognition protocols for 

ethical operations. 

Users need three security protocols to protect personal information, which would also regulate discrimination issues and require model creators to disclose 

their technical methods. Operational, ethical guidelines need policy-level managers to create communication channels between industry professionals 

and research experts who will assist with fixing machine learning algorithm system problems and interpreting models [18]. Industry producers speed up 

current industrial progress through the application of automation technologies integrated with machine learning systems. The installation of automated 

decision systems in intelligent systems enabled industrial departments to improve operations and minimize expenses. Operational control systems under 

machine learning management enable businesses to achieve optimal performance through resource management systems for the entire logistics sector 

[19].  

The advancement of industries happens through predictive analytics combined with optimization tools, which run under machine learning algorithms to 

achieve numerous advancements at reduced expenses and enhanced decision precision. [20] Widespread changes in robotics and machine learning 

systems enable automation systems to manage resources better and improve operational excellence in the logistics field. Implementation of machine 

learning data analysis allows businesses to construct healthcare decisions from evidence-based analysis as they enhance production systems alongside 

student delivery systems and financial prediction alongside marketing and operational management [15]. These techniques have gained such popularity 

among the public that deep neural networks and reinforcement learning methods now participate in various business domains [2]. 

Robotics systems that combine machine learning technology create beneficial operational changes that enable logistics systems to work autonomously 

with optimized resources while delivering better operational capability. Organizations attain maximum scalability of their production, educational 

delivery, financial prediction, and marketing operations by developing decision systems based on machine learning data methods [15]. The general public 

understands deep neural networks and reinforcement learning since these technological frameworks operate in various organizational domains [2]. 

Research investigations clearly indicate that business markets transform thanks to predictive analytics, which operates alongside autonomous systems 

[17] [20]. Predictive analytics operations run on industrial automation network desktop computers through their machine learning algorithms [17] [20]. 

Machine learning underwent a transformative development that allowed it to transition from predictive analytics to becoming an industrial development 

framework that delivered improved operational output as well as productivity growth [14] [20] [21]. 
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Figure 2: AI Security and Ethical Framework 

Transparency and Accountability 

High-level obstacles prevent machine learning from meeting transparency requirements to meet accountability standards. Very sophisticated machine 

learning systems with deep neural networks run through complex operations, creating unintelligible decision-making processes. Systems that lack 

transparency create major problems in determining their understandability and interpretability. High-stakes applications require algorithms that are easy 

to understand since this characteristic is of the utmost importance. The sophisticated systems play a part in vital choices that healthcare experts, along 

with criminal justice operators, execute. 

3. Ethical Implications 

Various vital ethical challenges accompany the rapid expansion of machine learning techniques. Proper assessment must be conducted to understand such 

important implications. Machine learning applications are being used in healthcare, together with the finance sector and criminal justice systems. The 

usage of machine learning in healthcare operations, along with criminal justice systems, creates substantial societal changes for communities under watch. 

Consequences on individuals and communities. These systems generate several concerns regarding their future deployment. Machine learning 

demonstrates possible advantages because of its available features. By following decisions and exacerbating existing inequalities, people need to give 

this procedure appropriate care. Official authorities must create basic guidelines that would manage the development of machine learning systems. 

Multidisciplinary sector partnerships are needed to address these issues effectively. Collaboration between machine learning researchers, ethicists, 

policymakers, and the broader community. 

4. Workforce Transformation 

In addition to the ethical considerations, the widespread adoption of machine learning is a concern. Machine learning technology has caused substantial 

changes to appear throughout the workforce sector. Advanced systems have annexed human labor, which used to occupy various positions. Businesses 

need to provide their employees with refresher training courses since their staff require updated competencies after their assignments are completed. The 

workforce encounters difficult modifications because of machine learning technologies, which are not easily simplified. Technology generates new work 

opportunities because it makes the process faster. Through the implementation of machine learning, organizations gain opportunities to innovate by 

developing new products and services, leading to modern industrial advancements. Businesses require dedicated spending on workforce education and 

training because it enables workers to succeed in today's machine-learning environment [25, 26].  

Artificial intelligence integration with machine learning operates visibly across multiple sectors of day-to-day life beyond health services, since these 

technologies need ethical assessment. Three significant components should be addressed when seeking fair outcomes in artificial intelligence: 

transparency, accountability, and bias prevention through discrimination avoidance [27]. 
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Research teams from different fields need to collaborate in order to find effective solutions for handling ethical issues responsibly. Healthcare data 

operations must tackle ethical problems involving privacy, transparency, and trust issues alongside responsibility duties and data quality standards to 

secure appropriate user data management by machine learning and deep learning systems [28]. 

Maintenance of transparency by machine learning systems remains vital for healthcare professionals who need this practice to build trust relations between 

customers and guide their informed medical choices. The explainable AI systems demonstrate algorithms to healthcare professionals that enable them to 

monitor decision-making processes to identify bias occurrences and reduce biases [29]. 

AI technological advancement needs complete ethical and legal establishments to safeguard data security and ban discriminatory factors while developing 

standards of visibility. An evaluation process should determine whether AI systems contain biases before they start to reinforce current social disparities. 

All healthcare machine learning development requires stakeholder-established ethical principles, but these ethical standards should support the progress 

that fights system inequalities. Medical institutions must establish an equal results system that produces comparable outcomes for all groups of patients 

[20].  

All elements of artificial intelligence in healthcare entail various ethical issues covering data privacy and algorithmic bias, as described in [31] and [32]. 

AI implementation in healthcare faces major barriers because of legal, ethical, and regulatory hurdles that block its adoption, as described by [33]. To use 

AI in healthcare systems, medical professionals need detailed procedures that specify data handling protocols, rules for obtaining patient consent, and 

defined boundaries for AI use in treatment decisions. The preservation of medical data security and integrity remains essential for handling chronic 

diseases because privacy breaches would harm patient trust [34]. 

 Patient information can only remain confidential through a combination of protective measures, including security systems and data anonymity 

approaches. Systematic operational performance emerges from AI performance management when metrics lead to better results compared to multiple 

patient rankings combined with subclasses. The business sector introduces modern procedural systems and operational approaches that establish 

frameworks for service delivery systems. The development of personnel training initiatives must be based on a thorough machine learning assessment to 

ensure programs align with technological progress in the evolving technological landscape [22]. 

5. Conclusion 

Machine learning technology enhances resource management to achieve operational transformation of logistics and produce everlasting operational 

efficiency. The systems of financial institutions benefit from machine learning technology when they adjust their credit analysis procedures before creating 

customer-specific products to identify fraudulent activities. The expanding nature of machine learning requires dedicated, ethical solutions that help 

organizations build and execute their operational projects. Organizations must solve existing operational issues using machine learning systems prior to 

employing them for business improvement, alongside customer satisfaction fulfillment across different sectors. 

References                                                                                                             

[1]. Dauvergne, P. (2020). Is artificial intelligence greening global supply chains? Exposing the political economy of environmental costs. 

Routledge. 

[2]. Addula, S. R., & Sajja, G. S. (2024, November). Automated Machine Learning to Streamline Data-Driven Industrial Application Development. 

In 2024 Second International Conference Computational and Characterization Techniques in Engineering & Sciences (IC3TES) (pp. 1-4). 

IEEE. 

[3]. Kumar, D., Pawar, P. P., Ananthan, B., Indhumathi, S., & Murugan, M. S. (2024, May). CHOS_LSTM: Chebyshev Osprey optimization-

based model for detecting attacks. In 2024 3rd International Conference on Artificial Intelligence For Internet of Things (AIIoT) (pp. 1-6). 

IEEE. 

[4]. Kasula, V. K. (2022). Empowering Finance: Cloud Computing Innovations in the Banking Sector. International Journal of Advanced Research 

in Science Communication and Technology, 2(1): 877-881.  

[5]. A. R. Yadulla et al., "Lightweight Neural Networks for Adversarial Defense: A Novel NTK-Guided Pruning Approach," 2025 37th Conference 

of Open Innovations Association (FRUCT), Narvik, Norway, 2025, pp. 331-337, doi: 10.23919/FRUCT65909.2025.11008002.  

[6]. A. Konda et al., "Enhancing Traceability and Security in mHealth Systems: A Proximal Policy Optimization-Based Multi-Authority Attribute-

Based Encryption Approach," 2025 29th International Conference on Information Technology (IT), Zabljak, Montenegro, 2025, pp. 1-6, doi: 

10.1109/IT64745.2025.10930307.  

[7]. M. Yenugula et al., "A Graph Neural Diffusion Network for Sophisticated Persistent Threat Hunting in IoT Environments," 2025 IEEE 

Conference on Computer Applications (ICCA), Yangon, Myanmar, 2025, pp. 1-6, doi: 10.1109/ICCA65395.2025.11011108.  

[8]. P. Pawar et al., "Exploring Blockchain-Enabled Secure Storage and Trusted Data Sharing Mechanisms in IoT Systems," 2025 IEEE 

International Conference on Interdisciplinary Approaches in Technology and Management for Social Innovation (IATMSI), Gwalior, India, 

2025, pp. 1-6, doi: 10.1109/IATMSI64286.2025.10984499..  



International Journal of Research Publication and Reviews, Vol 6, Issue 6, pp 887-893 June 2025                                     892 

 

 

[9]. Sajja, G. S., et al. (2024, November). Automation using robots, machine learning, and artificial intelligence to enhance production and quality. 

In 2024 Second International Conference on Computational and Characterization Techniques in Engineering & Sciences (IC3TES) (pp. 1–4). 

IEEE. 

[10]. Kasula, V. K. (2024). Cryptocurrency: An Opportunity for Traditional Banking? International Journal of Advanced Research in Science, 

Communication and Technology (IJARSCT), 4(1): 596-598.  

[11]. Pawar, P. P., Kumar, D., Krupa, R., Pareek, P. K., Manoj, H. M., & Deepika, K. S. (2024, July). SINN Based Federated Learning Model for 

Intrusion Detection with Blockchain Technology in Digital Forensic. In 2024 International Conference on Data Science and Network Security 

(ICDSNS)(pp. 01-07). IEEE. 

[12]. Aaron, W. C., Irekponor, O., Aleke, N. T., Yeboah, L., & Joseph, J. (2024). Machine learning techniques for enhancing security in financial 

technology systems. International Journal of Scientific Research in Advances, 13(1).  

[13]. G. S. Nadella et al., “Generative AI-Enhanced Cybersecurity Framework for Enterprise Data Privacy Management,” Computers, vol. 14, no. 

2, p. 55, Feb. 2025. doi:10.3390/computers14020055 

[14]. M. Yenugula et al., “Enhancing Mobile Data Security with Zero-Trust Architecture and Federated Learning: A Comprehensive Approach to 

Prevent Data Leakage on Smart Terminals,” J. Recent Trends Comput. Sci. Eng. (JRTCSE), vol. 11, no. 1, pp. 52–64, 2023. 

[15]. Kumar, D., Pawar, P., Gonaygunta, H., & Singh, S. (2023). Impact of federated learning on industrial iot-A Review. Int. J. Adv. Res. Comput. 

Commun. Eng, 13(1), 1-12. 

[16]. Thumma, B. Y. R., Ayyamgari, S., Azmeera, R., & Tumma, C. (2022). Cloud Security Challenges and Future Research Directions. 

International Research Journal of Modernization in Engineering  Technology and Science, 4(12), 2157-2162. 

[17]. V. K. Kasula et al., "Federated Learning with Secure Aggregation for Privacy-Preserving Deep Learning in IoT Environments," 2025 IEEE 

Conference on Computer Applications (ICCA), Yangon, Myanmar, 2025, pp. 1-7, doi: 10.1109/ICCA65395.2025.11011120.  

[18]. Konda, B. (2024). Explore Data Mining (DM) Techniques That Data Scientists Adopt in IT.  

[19]. Dontu, S., et al. (2024, August). Attack detection from Internet of Things using TPE based self-attention based bidirectional long-short term 

memory. In 2024 International Conference on Intelligent Algorithms for Computational Intelligence Systems (IACIS) (pp. 1–6). IEEE. 

[20]. Meesala, M. K. (2024). Security Policy Compliance Among Remote Workers Using BYOD Policies. 

[21]. Kumar, D., Pawar, P. P., Ananthan, B., Rajasekaran, S., & Prabhakaran, T. V. (2024, May). Optimized support vector machine based fused 

IOT network security management. In 2024 3rd International Conference on Arti-ficial Intelligence For Internet of Things (AIIoT) (pp. 1-5). 

IEEE. 

[22]. V. K. Kasula et al., "Enhancing Hyperledger Fabric Security with Lightweight Post-Quantum Cryptography and National Cryptographic 

Algorithms," 2025 37th Conference of Open Innovations Association (FRUCT), Narvik, Norway, 2025, pp. 93-99, doi: 

10.23919/FRUCT65909.2025.11008110.  

[23]. A. R. Yadulla et al., "Enhanced Cybersecurity Entity Recognition Using DeBERTa, Transformer-CNN Hybrids, and BiLSTM-Softmax," 2025 

37th Conference of Open Innovations Association (FRUCT), Narvik, Norway, 2025, pp. 323-330, doi: 

10.23919/FRUCT65909.2025.11008057. 

[24]. Addula, S. R., Mamodiya, U., Jiang, W., & Almaiah, M. A. (2025). Generative AI-Enhanced Intrusion Detection Framework for Secure 

Healthcare Networks in MANETs. SHIFRA, 2025, 62-68. 

[25]. Pawar, P. P., Kumar, D., Meesala, M. K., Pareek, P. K., Addula, S. R., & KS, S. (2024, November). Securing Digital Governance: A Deep 

Learning and Blockchain Framework for Malware Detection in IoT Networks. In 2024 International Conference on Integrated Intelligence 

and Communication Systems (ICIICS) (pp. 1-8). IEEE. 

[26]. Yenugula, M. (2023). Boosting Application Functionality: Integrating Cloud Functions with Google Cloud Services. International Research 

Journal of Education and Technology, 6(10): 369-375.  

[27]. Mohammadi, V., & Minaei, S. (2019). Artificial intelligence in the production process. In Elsevier eBooks (p. 27). Elsevier BV.  

[28]. Yadulla, A. R. (2024). A qualitative approach to data breaches in mobile devices.  

[29]. S. Menon et al., “Streamlining task planning systems for improved enactment in contemporary computing surroundings,” SN Computer 

Science, vol. 5, no. 8, Oct. 2024. doi:10.1007/s42979-024-03267-5  

[30]. Elendu, C., et al. (2023). Ethical implications of AI and robotics in healthcare: A review. Medicine, 102(50).  

[31]. V. K. Kasula et al., "Enhancing Smart Contract Vulnerability Detection using Graph-Based Deep Learning Approaches," 2024 International 

Conference on Integrated Intelligence and Communication Systems (ICIICS), Kalaburagi, India, 2024, pp. 1-6.  



International Journal of Research Publication and Reviews, Vol 6, Issue 6, pp 887-893 June 2025                                     893 

 

 

[32]. Gonaygunta, Hari, et al. "How can we make IOT applications better with federated learning-A Review." (2023). 

[33]. Pawar, Priyanka Pramod, et al. "An advanced Wasserstein-enabled generative adversarial network enabled attack detection for blockchain-

Assisted Intelligent Transportation System." 2024 3rd International Conference on Artificial Intelligence For Internet of Things (AIIoT). 

IEEE, 2024. 

[34]. B. Konda et al., “Homomorphic encryption and federated attribute-based multi-factor access control for secure cloud services in integrated 

space-ground information networks,” Int. J. Commun. Inf. Technol., vol. 3, no. 2, pp. 33–40, 2022. 

[35]. Tumma, C., Azmeera, R., Ayyamgari, S., & Thumma, B. Y. R. (2022). Data Security and Privacy Protection in Artificial Intelligence Models: 

Challenges and Defense Mechanisms. International Journal of Scientific Research in Engineering and Management, 7(12), 1-11 

[36]. Meesala, M. K., Vallabhaneni, R., Mathapati, M., Pareek, P. K., & Metan, J. (2024, September). Arithmetic Optimized Bi-GRU: A Swift 

Approach to Combat Fake News in the Digital Sphere. In 2024 International Conference on Distributed Systems, Computer Networks and 

Cybersecurity (ICDSCNC) (pp. 1-6). IEEE. 

[37]. Sajja, G. S., & Meesala, M. K. (2024). Integrating AI in Sustainable Supply Chain Practices: Comparative Analysis Between the USA and 

Europe. International Journal of Computer Applications, 186(58), 55–62. https://doi.org/10.5120/ijca2024924342 

 

 


