International Journal of Research Publication and Reviews, Vol (6), Issue (5), May (2025) Page — 272-275

International Journal of Research Publication and Reviews

Journal homepage: www.ijrpr.com ISSN 2582-7421

WWW.IJRPR.COM

RAILWAY TRACK CRACK DETECTION AND PREDICTION
SYSTEM

B. Sandeep Kumar?, CH. Vennela?, L. Navya Sri®, K. Padmapriya*, K. Prashanth Kumar®

1Associate Professor, 2345UG Students,
12345 Dept. of Electronics & Communication Engineering, Christu Jyothi Institute of Technology & Science, Jangaon, Telangana, India
E-mail address: sandeepkumarb526@gmail.com

ABSTRACT :

Railway infrastructure remains a critical component of national transportation systems, yet it is prone to structural failures especially track cracks that can result in
catastrophic derailments. This paper introduces a sensor-integrated robotic solution for real-time detection and prediction of railway track anomalies. The system
employs infrared sensors mounted on an ESP-CAM-equipped robotic platform to monitor track conditions. Data is transmitted to a central node where signal
filtering and pattern recognition algorithms assess structural integrity. A Convolutional Neural Network (CNN), trained on annotated track images, forecasts high-
risk sections, allowing for preemptive maintenance. Experimental validation on a test track demonstrated 94% crack detection accuracy and effective predictive
performance. This approach offers a practical step toward autonomous, data-driven railway safety management.
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1LINTRODUCTION

Railways play a pivotal role in supporting both freight movement and passenger transportation across large distances. However, maintaining
the structural integrity of railway tracks remains a significant challenge due to factors like thermal expansion, heavy loads, and environmental wear.
Cracks and defects, if undetected, can lead to derailments, service disruptions, and severe economic and human losses.

Conventional inspection methods, which depend largely on periodic manual surveys, are inefficient, labor-intensive, and prone to human error. The
emergence of the Internet of Things (loT), sensor-based automation, and machine learning technologies offers a promising alternative enabling
continuous, intelligent monitoring of railway infrastructure.

This research proposes a Railway Track Crack Detection and Prediction System that leverages infrared sensors, onboard cameras, and machine learning
models. The system is deployed via a mobile robotic platform capable of scanning tracks in real time. Data acquired from the sensors are processed to
identify cracks, while a CNN-based prediction model analyzes historical and real-time input to forecast potential failure zones. By transitioning from
reactive to predictive maintenance, this system aims to significantly enhance railway safety and operational efficiency.

2.LITERATURE REVIEW

Effective monitoring of railway tracks is crucial to maintaining safety and operational reliability. Recent research highlights various techniques aimed at
improving fault detection and enabling predictive maintenance.

2.1 Limitations of Traditional Inspection Techniques

Historically, railway inspections have relied on manual visual checks, which are not only time-consuming but also limited in their ability to detect
subsurface or micro-level defects. While these methods remain in use, their inefficiencies often delay necessary repairs, increasing the risk of accidents.
For instance, Agarwal et al. [1] emphasized the benefits of ultrasonic sensors in overcoming the limitations of surface-level inspections, though their
standalone application may still lack real-time responsiveness.

2.2 Advances in Sensor Technologies
Modern sensor systems including ultrasonic, infrared, and vibration sensors—have enabled more consistent and automated monitoring of track conditions.

These technologies, when embedded into mobile or fixed platforms, allow for high-frequency data collection. Zhang et al. [2] reviewed how integrating
such sensors with machine learning enhances fault identification accuracy, particularly when monitoring subtle or evolving defects.
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2.3 Machine Learning Applications

The predictive capabilities of machine learning models have become instrumental in forecasting track failures. For example, Singh and Verma [3] applied
Long Short-Term Memory (LSTM) networks to historical sensor data, effectively predicting potential failures by recognizing temporal patterns related
to stress and wear. These models can support data-driven maintenance schedules and reduce reliance on fixed inspection cycles.

2.4 Wireless Monitoring Architectures
The incorporation of wireless sensor networks (WSNs) enables decentralized data collection and real-time transmission to centralized analysis units. Kaur

and Sidhu [4] proposed a WSN-based approach for track fault detection, reducing latency and enabling early intervention. Such architectures are key to
developing scalable, always-on monitoring systems.

3.METHODOLOGY

The proposed system is built around a mobile robotic platform designed to autonomously inspect railway tracks using a suite of sensors and an onboard
image-processing unit. The following components and processes constitute the overall architecture:
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Figure:Block Diagram

3.1 Sensor Integration and Data Collection

The system utilizes infrared (IR) sensors mounted on the front of the robotic unit to detect surface-level anomalies such as cracks and gaps along the rail.
These sensors continuously scan the track surface as the robot moves, capturing data points related to track geometry. The IR sensor readings are
complemented by an ESP32-CAM module that captures high-resolution images of the detected regions for further analysis.

3.2 Immediate Alert Mechanism

Upon detection of a crack, the system triggers a buzzer module connected to the microcontroller (Arduino), serving as an audible alert for nearby
personnel. This immediate feedback mechanism ensures that any anomalies are promptly flagged, even before back -end analysis is completed.

3.3 Visual Monitoring and Communication

Captured images are transmitted to a registered mobile device or central monitoring system through a wireless module. Depending on the severity of the
detected defect, the system can prioritize alerts for emergency or scheduled maintenance, providing visual confirmation and spatial data of the affected
track segment.

3.4 Data Processing and Feature Extraction

Sensor and image data are transmitted in real-time to a processing unit where signal conditioning techniques are applied to reduce noise and extract

critical features such as crack width, length, and location. These features are used to distinguish actual defects from false positives such as debris or
shadows.
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3.5 Machine Learning-Based Prediction

A Convolutional Neural Network (CNN) model is employed to analyze the captured images. The model is pre-trained on a labeled dataset of rail defect
images and optimized to detect patterns such as edge breaks, surface discontinuities, and geometric distortions. Over time, the model adapts to new data,
enhancing its ability to predict potential crack propagation and recommend preventive measures.
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4.RESULTS

The proposed system was tested on a prototype robotic platform fitted with ultrasonic and infrared sensors. Field simulations were conducted
on a 100-meter section of track with artificially induced cracks of varying sizes.
. Detection Accuracy: The system achieved an average crack detection accuracy of 94%, with false positives minimized through sensor fusion
and filtering algorithms.
. Prediction Performance: Using historical and real-time data, the CNN-based model predicted high-risk sections with 89% precision and
91% recall.
. Latency and Real-Time Response: The system maintained real-time performance with a latency of under one second between detection and
alert generation.
These results demonstrate the feasibility of deploying such systems for continuous track monitoring and predictive maintenance.
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Figure:Railway Track Crack Detection And Prediction System

5.CONCLUSION

This study presents an integrated solution for railway track crack detection and failure prediction using a mobile robotic platform enhanced
with infrared sensors and machine learning algorithms. The combination of real-time data acquisition, image-based analysis, and predictive modeling has
proven effective in identifying structural defects with high accuracy while minimizing human intervention.

The experimental results demonstrate that the system can not only detect existing track cracks but also forecast high-risk regions with commendable
precision, enabling proactive maintenance strategies. Its low-latency alert mechanism and adaptable architecture make it suitable for deployment in
diverse railway environments.
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