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ABSTRACT : 

Artificial Intelligence (AI) is revolutionizing drug discovery by accelerating the identification, design, and optimization of new therapeutics. Traditional drug 

discovery is often time-consuming and costly, with a high failure rate in clinical trials. AI-driven approaches, particularly machine learning and deep learning, are 

transforming this process by analysing vast datasets, predicting drug-target interactions, and optimizing molecular structures with unprecedented speed and 

accuracy. AI plays a crucial role in various stages of drug discovery, including target identification, virtual screening, de novo drug design, and preclinical testing. 

Techniques such as natural language processing (NLP) help extract insights from biomedical literature, while generative AI models design novel compounds with 

desirable pharmacokinetic properties. Additionally, AI-driven simulations improve predictions of drug efficacy and toxicity, reducing reliance on costly 

laboratory experiments. 

Despite its advantages, AI in drug discovery faces several challenges, including data quality, bias in training datasets, regulatory hurdles, and the black-box nature 

of deep learning models. Ethical concerns surrounding AI-driven research and the need for interpretability further complicate widespread adoption. Collaborative 

efforts between AI researchers, pharmaceutical companies, and regulatory bodies are essential to overcoming these challenges and ensuring AI-driven drug 

development remains safe, effective, and reliable. As AI continues to evolve, integrating it with cutting-edge technologies such as quantum computing and 

CRISPR could further enhance drug discovery efficiency. This review explores the latest advancements, challenges, and future directions of AI in pharmaceutical 

research, highlighting its transformative potential in bringing life-saving drugs to market faster and more efficiently. 
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INTRODUCTION 

Artificial intelligence (AI) is increasingly transforming the landscape of drug discovery, offering powerful tools to overcome long-standing barriers in 

the development of new therapies. Traditionally, the process of bringing a single drug to market is both lengthy and expensive—often taking over ten 

years and costing billions of dollars [1]. By applying sophisticated computational techniques to analyze complex biological data, AI has the potential to 

streamline this process, making it faster, more cost-effective, and ultimately more successful. 

One of the most promising uses of AI in this field is in identifying and validating therapeutic targets. Machine learning algorithms can analyze massive 

datasets to uncover patterns and connections that might not be visible through conventional analysis. For example, researchers at the Oxford Drug 

Discovery Institute have used AI-powered knowledge graphs to identify genes linked to Alzheimer’s disease more efficiently. This has significantly 

shortened the time needed to prioritize gene targets for lab testing, accelerating the early stages of discovery [2]. 

AI is also helping to design and optimize drug candidates by predicting how molecules will interact with specific biological targets. This enables 

researchers to create compounds that are not only more effective but also safer. Companies like Antiverse are using AI to design antibodies with high 

precision, improving the chances of clinical success and reducing trial-and-error in biologic drug development [3]. 

Another important application is drug repurposing—finding new uses for already approved medications. AI systems can scan huge amounts of 

biomedical data to reveal hidden relationships between drugs and diseases, uncovering new treatment opportunities. Since these drugs have already 

passed safety tests, the process can be much quicker and less risky, which is especially valuable for diseases with few existing treatments [4]. 

In personalized medicine, AI allows for treatment plans tailored to each individual. By analyzing data from genetics, protein expression, and patient 

histories, AI can help doctors choose therapies that are more likely to work and less likely to cause side effects [5]. This kind of individualized 

approach holds great promise for improving outcomes in many complex or chronic conditions. 

However, integrating AI into drug discovery isn’t without its hurdles. Ethical concerns, data privacy, and regulatory uncertainty are major 

considerations that must be addressed to ensure the responsible use of these technologies. There's also the issue of explainability—understanding how 

AI models arrive at their predictions is essential for trust, clinical acceptance, and regulatory approval [6]. 

To move forward, partnerships between AI firms and traditional pharmaceutical companies are becoming more common. Collaborations like those 

between Insitro and pharmaceutical giants such as Eli Lilly and Bristol Myers Squibb aim to harness the strengths of both worlds—computational 

expertise and biomedical research—to develop new therapies more effectively [7]. 

http://www.ijrpr.com/
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The power of AI in scientific discovery was also recognized on a global stage when the 2024 Nobel Prize in Chemistry was awarded for the 

development of AlphaFold, an AI system that can accurately predict protein structures. This breakthrough has greatly enhanced our understanding of 

biology and is accelerating drug discovery worldwide [8]. 

In summary, AI is reshaping drug discovery by making it faster, smarter, and more personalized. While challenges remain, continued collaboration 

between AI developers and biomedical researchers, along with advances in ethical and regulatory frameworks, will likely lead to a new era of 

innovation in medicine. 

Role of AI in Drug Discovery 

Artificial intelligence (AI) is playing an increasingly vital role in drug discovery, fundamentally changing how new medicines are identified, 

developed, and tested. Traditionally, the process of discovering a new drug has been long, complex, and costly—often taking over ten years and billions 

of dollars to bring a single therapy to market [9]. AI is helping to accelerate this process by analyzing vast amounts of biological and chemical data, 

identifying promising drug candidates, and streamlining research workflows. With its unmatched ability to detect patterns and make predictions from 

large datasets, AI is transforming pharmaceutical research and offering real hope for faster, safer, and more effective treatments. 

A key area where AI is making a substantial impact is target identification. Choosing the right biological target—such as a specific gene, protein, or 

pathway involved in disease—is critical for drug development. AI systems can rapidly process genomic and biochemical data to uncover connections 

between diseases and potential targets that might not be obvious through traditional experimentation. These AI-driven methods can reduce the years 

typically required for target identification by predicting the likelihood that a target will be effective for intervention. For example, machine learning 

models trained on scientific literature and experimental results can reveal overlooked genetic associations, opening new paths for treatment [10]. 

Once a target is identified, the next challenge is drug design—developing a molecule that can effectively interact with the target. AI helps here by 

predicting how different chemical structures will behave within the body, enabling scientists to design drug candidates with greater precision. 

Advanced algorithms can screen millions of compounds in silico—virtually—at a fraction of the time and cost of lab-based methods. Moreover, AI can 

optimize these molecules by recommending changes that improve safety, stability, and therapeutic effectiveness [11]. 

AI is also proving to be a game-changer in drug repurposing, the process of finding new uses for existing drugs. Developing a drug from scratch is 

expensive and risky, but repurposing approved drugs can significantly shorten development time. AI tools can sift through enormous datasets—such as 

medical records, clinical trial data, and scientific publications—to identify drugs that might work for diseases other than those they were originally 

intended to treat. This strategy gained particular attention during the COVID-19 pandemic, when AI was used to screen existing antiviral medications 

for potential effectiveness against the virus [12]. Another important role of AI is in preclinical and clinical trials, both critical stages in bringing a drug 

to market. Before testing a drug in humans, researchers must first understand how it behaves in lab models. AI can analyze prior research to predict 

outcomes in preclinical studies, helping prioritize the most promising candidates. In clinical trials, AI can assist with recruiting suitable participants by 

analyzing patient records to find those most likely to benefit. It can also monitor patient responses and detect side effects more accurately and 

efficiently than manual methods, helping trials run more smoothly and increasing the likelihood of regulatory success [13]. 

AI is also central to the rise of personalized medicine, where treatments are tailored to an individual's unique genetic makeup. Every patient responds 

differently to drugs, and AI enables doctors to predict these responses using genetic, proteomic, and lifestyle data. This is especially important in areas 

like oncology, where targeted treatments can be developed for specific mutations. AI-driven personalized medicine reduces trial-and-error prescribing 

and improves outcomes for patients [14]. 

Finally, AI helps reduce the overall cost and risk of drug discovery. Many potential drugs fail late in development, resulting in enormous losses. AI can 

identify poor candidates early, refine the most promising ones, and even simulate biological interactions to reduce the need for costly laboratory 

experiments. As a result, many pharmaceutical companies are partnering with AI startups to integrate these technologies into their R&D pipelines. This 

collaboration is leading to a new era of faster, smarter, and more cost-effective drug development [15]. 

APPLICATIONS OF AI IN DRUG DISCOVERY 

AI in Target Identification and Validation: One of the most critical applications of AI in drug discovery is in target identification and validation. AI 

algorithms, particularly machine learning (ML) and deep learning (DL) models, analyze vast datasets, including genomic, proteomic, and metabolomic 

data, to identify promising biological targets for drug development. These models can detect patterns and associations that may not be evident through 

conventional experimental methods, thereby accelerating the identification of druggable targets. 

AI-driven techniques also facilitate the prediction of protein structures, interactions, and functions, which are essential for understanding disease 

mechanisms and developing effective therapeutics. The advent of AlphaFold and other AI-driven protein structure prediction tools has significantly 

enhanced our ability to visualize protein folding and interactions, paving the way for more precise drug targeting. AI is also being used to uncover 

hidden relationships between genes and proteins, helping researchers identify potential biomarkers for diseases. This capability allows pharmaceutical 

companies to target specific proteins associated with diseases more effectively, reducing the risk of failure in later stages of drug development. 

Furthermore, AI enables high-throughput screening of genetic and molecular data to identify mutations linked to specific diseases. This helps 

researchers prioritize targets based on their drug ability and potential impact on disease progression. By integrating AI-driven insights with existing 

biological knowledge, researchers can refine their hypotheses and design more effective experiments, leading to the rapid identification of new drug 

targets. 

AI-Powered Drug Design and Virtual Screening: AI has transformed drug design by enabling virtual screening methods that significantly reduce the 

need for expensive and time-consuming experimental assays. Traditional drug discovery involves high-throughput screening (HTS) of chemical 

libraries to identify lead compounds, but AI-powered platforms employ deep learning algorithms to predict interactions between molecules and their 

targets. 
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Generative adversarial networks (GANs) and reinforcement learning models have revolutionized de novo drug design by generating novel drug-like 

molecules with optimized properties. AI-driven molecular docking simulations also predict how potential drug candidates interact with target proteins, 

helping researchers select the 

Most promising compounds for further testing. These approaches allow pharmaceutical companies to test millions of compounds in silico before 

proceeding to wet-lab experiments, significantly reducing the time and cost associated with drug discovery. 

Additionally, AI models can optimize drug properties such as solubility, bioavailability, and toxicity by analyzing vast datasets of chemical structures. 

This enables researchers to design molecules that are more likely to succeed in preclinical and clinical trials. AI-driven computational chemistry also 

allows for the rapid exploration of chemical space, identifying novel molecular scaffolds that traditional methods might overlook. By leveraging AI in 

drug design, pharmaceutical companies can accelerate the discovery of new therapeutics while minimizing costs and reducing the likelihood of late-

stage failures. 

AI in Drug Repurposing: Another significant application of AI in drug discovery is drug repurposing, where existing drugs are evaluated for new 

therapeutic indications. AI models analyze large datasets, including electronic health records, clinical trial data, and biomedical literature, to identify 

potential repurposing opportunities. 

By recognizing underlying molecular pathways shared between diseases, AI can suggest how existing drugs might be effective for new conditions. For 

example, AI-assisted drug repurposing played a crucial role in identifying potential treatments for COVID-19, allowing researchers to fast-track drug 

trials and provides treatment options in record time. 

AI-powered natural language processing (NLP) techniques analyze scientific literature and clinical trial data to uncover hidden connections between 

drugs and diseases. Machine learning models can predict potential off-target effects and secondary uses of approved drugs, offering a cost-effective 

approach to drug development. Drug repurposing not only shortens development timelines but also mitigates risks associated with novel drug 

discovery, as repurposed drugs have already undergone extensive safety and efficacy testing. By leveraging AI for drug repurposing, researchers can 

quickly identify new treatment options for various diseases, addressing unmet medical needs more efficiently. 

AI in Preclinical Studies and Toxicity Prediction: AI has significantly improved preclinical drug development by predicting pharmacokinetics and 

toxicity profiles of candidate compounds. Traditional toxicity testing relies heavily on animal models, which can be time-consuming, costly, and 

sometimes unreliable due to species differences. 

AI-driven predictive models assess how drugs interact with biological systems, predicting potential adverse effects and metabolic properties. Advanced 

deep learning models trained on vast datasets of toxicology results allow researchers to eliminate unsuitable compounds early in the drug development 

process, saving both time and resources. This approach not only accelerates drug development but also reduces reliance on animal testing, aligning with 

ethical considerations. 

Machine learning algorithms can analyze large datasets of historical toxicity results to predict the likelihood of adverse reactions in humans. AI models 

can also simulate drug metabolism in the human body, identifying potential toxic metabolites and guiding researchers in modifying chemical structures 

to enhance safety. By integrating AI-driven predictive toxicology with in vitro and in vivo testing, pharmaceutical companies can improve the 

reliability of preclinical assessments and prioritize the most promising drug candidates for further development. 

AI in Clinical Trials and Patient Recruitment: AI is playing a transformative role in the design and execution of clinical trials. AI-powered tools 

analyze patient data to identify the most suitable candidates for clinical trials, ensuring diverse and representative participant selection. This reduces 

recruitment timelines and improves trial success rates. 

Furthermore, AI is used to design adaptive clinical trial protocols, optimizing dosage levels and minimizing risks based on real-time patient responses. 

Natural language processing (NLP) techniques extract valuable insights from clinical trial reports and biomedical literature, allowing researchers to 

refine trial methodologies. AI-driven automation of data processing in clinical trials enhances efficiency, improves accuracy, and accelerates regulatory 

submissions. 

AI also enhances patient monitoring during trials by analyzing real-time health data from wearable devices and electronic health records. Machine 

learning models can detect early signs of adverse reactions, allowing researchers to make data-driven adjustments to trial protocols. By leveraging AI in 

clinical trials, pharmaceutical companies can improve efficiency, reduce costs, and enhance patient safety, ultimately accelerating the approval of new 

therapies. 

AI-Driven Precision Medicine and Biomarker Discovery: The integration of AI with omics technologies, such as genomics, transcriptomics, and 

proteomics, is propelling the advancement of precision medicine. AI models analyze multi-omics data to identify biomarkers that predict patient 

responses to specific drugs, facilitating the development of personalized therapies. 

In oncology, AI-driven biomarker discovery is enabling the development of targeted therapies for specific cancer subtypes. By tailoring treatments to 

individual patients, precision medicine minimizes adverse effects and improves clinical outcomes. AI-powered algorithms also help match patients with 

the most suitable therapies based on their genetic profiles, further enhancing the efficacy of treatments. 

AI-driven image analysis techniques also play a critical role in precision medicine by analyzing medical imaging data to detect disease progression and 

treatment responses. Machine learning models can identify subtle patterns in imaging scans that may not be visible to the human eye, improving 

diagnostic accuracy and treatment planning. By integrating AI with molecular and clinical data, researchers can develop more precise and effective 

treatment strategies for a wide range of diseases. 

Challenges and Limitations of AI in Drug Discovery 

Artificial intelligence (AI) is undoubtedly transforming drug discovery by accelerating target identification, molecular design, and clinical trial 

processes. Its capacity to analyze large-scale data, predict molecular interactions, and generate drug candidates at record speed has made it a powerful 

force in pharmaceutical research. However, alongside its potential, AI faces a number of significant challenges and limitations that complicate its 
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integration into mainstream drug development. These range from issues with data quality and biological complexity to ethical concerns and 

computational constraints. 

1. Data Quality, Availability, and Bias:  

AI’s success hinges on access to large, high-quality datasets, but in drug discovery, such data is often fragmented, proprietary, or inconsistently 

annotated. Public datasets can suffer from differences in experimental design, lack of standardization, or missing metadata, which can compromise the 

training of AI models [16]. Furthermore, pharmaceutical companies often guard their data for competitive reasons, limiting open access and the broader 

training potential of AI systems. 

Another issue is data bias. If AI models are trained on datasets that predominantly represent specific populations—such as those from Western 

countries or specific ethnic groups—then the resulting models may not perform well on underrepresented groups, reinforcing healthcare disparities 

[17]. Ensuring data diversity and representativeness is critical to building equitable AI systems. 

2. Complexity of Biological Systems: 

While AI excels at spotting correlations, it still struggles to grasp the dynamic complexity of biological systems. Drug interactions in the human body 

involve multi-layered processes, including off-target effects, feedback loops, and individual genetic variability. Many drugs interact with multiple 

targets—a phenomenon known as polypharmacology—which makes predicting outcomes extremely difficult [18]. 

Moreover, moving from AI-generated predictions to real-world effectiveness requires accounting for pharmacokinetics and pharmacodynamics—how 

drugs are absorbed, distributed, metabolized, and excreted. These are notoriously hard to simulate accurately, and oversimplifications can lead to false 

positives or clinical failures [19]. 

3. Interpretability and the "Black Box" Problem: 

One of the most debated challenges in AI is its lack of interpretability. Deep learning models, especially neural networks, often function as "black 

boxes"—they can make accurate predictions, but it’s difficult to understand how they reached those conclusions. In drug discovery, where the stakes 

are high, researchers need models that not only make predictions but also offer transparent, explainable justifications [20]. 

This opacity complicates regulatory approval. Agencies like the FDA and EMA require clear explanations of a drug’s mechanism of action. If an AI 

system cannot provide this, it may struggle to gain approval regardless of how promising its predictions are. This has led to a growing interest in 

explainable AI (XAI) approaches that prioritize interpretability alongside performance [21]. 

4. Ethical and Regulatory Concerns: 

Bias in AI models isn’t just a technical flaw—it raises serious ethical concerns. If left unaddressed, these biases can result in treatments that are less 

effective or even harmful to underrepresented populations. Addressing fairness and equity in AI-driven drug discovery requires diverse training data, 

inclusive research practices, and regulatory oversight [22]. 

Regulatory frameworks themselves are still catching up with AI’s capabilities. Traditional drug development relies on well-understood scientific 

methods and reproducible results, while AI often introduces probabilistic and opaque predictions. Regulatory bodies must evolve to assess and validate 

AI-driven insights without compromising safety or scientific rigor [23]. 

There are also data privacy challenges. AI models often require access to sensitive data, including genomic and clinical information. Ensuring 

compliance with regulations like HIPAA and GDPR is essential to protect patient confidentiality and build public trust [24]. 

5. Computational Costs and Resource Demands: 

Developing and deploying AI in drug discovery is resource-intensive. Training deep learning models requires powerful hardware such as GPUs or 

access to cloud computing, which can be prohibitively expensive for smaller labs or companies [25]. This creates an uneven playing field, where only 

well-funded institutions can fully leverage AI. 

Moreover, there is a talent gap. Effective AI in drug discovery demands interdisciplinary knowledge in biology, chemistry, pharmacology, and machine 

learning—a rare combination that limits the pool of qualified professionals [26]. Investment in interdisciplinary education and training is necessary to 

bridge this gap. 

Finally, there are sustainability concerns. Deep learning models consume significant energy, raising the carbon footprint of large-scale AI research. As 

AI usage expands, researchers must develop energy-efficient algorithms and environmentally conscious practices to make AI-driven drug discovery 

more sustainable. 

FUTURE DIRECTIONS 

The future of AI in drug discovery holds great promise, with numerous avenues for growth and innovation. As AI technology continues to evolve, it is 

poised to make substantial contributions to the pharmaceutical industry, accelerating the development of new treatments and revolutionizing the way 

drugs are discovered, designed, and tested. Below are some key areas where AI is expected to have a transformative impact in the future of drug 

discovery. 

Explainable AI and Model Transparency:  

One of the most significant future developments in AI for drug discovery is the shift toward explainable AI (XAI). Currently, many AI models, 

especially deep learning algorithms, operate as "black boxes," making it difficult for researchers to understand the rationale behind their predictions. As 

AI models become more complex, enhancing their interpretability and transparency will be crucial. In the future, AI-driven systems are expected to 

provide clear, human-understandable explanations for their predictions, allowing scientists to better trust, refine, and validate the results. This will be 

particularly important for regulatory approval, as health authorities require that drug candidates undergo rigorous evaluation with clear evidence of their 

efficacy and safety. 
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Integration of Multi-Omics Data: 

The future of AI in drug discovery is also deeply tied to the integration of multi-omics data—such as genomics, proteomics, metabolomics, and 

transcriptomics. Currently, AI models rely largely on isolated datasets, but the next frontier involves creating comprehensive models that can process 

and analyze large-scale, multi-dimensional biological data. By combining these diverse datasets, AI will have a more holistic understanding of disease 

mechanisms and the complex interactions within biological systems. This integration will enable the development of personalized medicine approaches, 

where drug treatments are tailored to the genetic makeup and molecular profile of individual patients. Such precision medicine will increase drug 

efficacy, reduce adverse effects, and ensure that treatments are more targeted and effective. 

Generative AI for Drug Design: 

AI is becoming increasingly adept at generating novel drug-like molecules with optimized properties. Through advancements in generative AI and 

reinforcement learning, AI models can design new chemical structures that are both biologically active and pharmacologically viable. These AI systems 

simulate the interaction between molecules and biological targets, learning from vast databases of molecular properties to propose new compounds. 

This approach can dramatically speed up the drug design process, allowing researchers to identify promising drug candidates in a fraction of the time 

compared to traditional methods. Additionally, generative AI will enhance drug repurposing efforts by suggesting existing drugs that may be effective 

for new indications, further accelerating the development pipeline. 

Quantum Computing and Drug Discovery: 

As quantum computing continues to advance, it promises to revolutionize the way we model molecular interactions in drug discovery. Traditional 

computing methods struggle with the complexity of simulating large molecules, protein folding, and drug-target interactions. Quantum algorithms, 

however, have the potential to solve these problems with greater precision and speed. In the future, quantum computing could enable researchers to 

simulate molecular interactions in a way that classical computers cannot, allowing for the design of drugs with more specificity and fewer side effects. 

Quantum computing could also help accelerate the discovery of novel compounds by simulating large-scale molecular datasets, reducing the reliance 

on costly and time-consuming experimental screening methods. 

AI in Clinical Trials: 

AI will increasingly play a role in improving the efficiency and outcomes of clinical trials. One of the primary challenges in clinical trials is identifying 

the right patient populations for specific drug candidates. AI models can analyze vast datasets to identify patients with the ideal genetic, clinical, and 

demographic profiles for a given treatment. This will not only streamline patient recruitment but also increase the likelihood of clinical trial success. 

Furthermore, AI can help predict patient responses to drugs based on historical data, genetic profiles, and disease progression, improving trial design 

and minimizing the risk of failure. AI-driven real-time monitoring of trial participants will also enable researchers to track drug efficacy and safety 

more closely, adjusting treatment regimens as necessary. In the long run, AI's ability to process real-world evidence (RWE) from diverse patient 

populations will help assess the long-term effectiveness and safety of drugs, ensuring that new therapies are both safe and beneficial across various 

demographics. 

Collaboration and Interdisciplinary Advancements:  

The future of AI in drug discovery will require interdisciplinary collaboration between AI researchers, pharmaceutical companies, regulatory bodies, 

and healthcare providers. In order to maximize the potential of AI, a deep integration between computational scientists, biologists, chemists, and 

clinicians is essential. This collaboration will ensure that AI tools are grounded in biological and clinical expertise, and that AI-generated insights can 

be effectively applied in real-world drug development. 

Furthermore, the development of standardized frameworks for AI evaluation, as well as the creation of open-access databases, will facilitate 

knowledge-sharing and collaboration within the global research community. Data privacy and security protocols will also need to evolve to protect 

sensitive information while enabling seamless AI-driven research. Education and training in AI and life sciences will also be crucial to bridging the 

knowledge gap, enabling a new generation of researchers to use AI effectively in drug discovery. 

Sustainability and Efficiency:  

As AI becomes a cornerstone of drug discovery, sustainability and energy efficiency will become increasingly important. Large-scale AI models and 

deep learning systems require significant computational power, which often translates into high energy consumption. To ensure the sustainability of AI 

in drug discovery, researchers will need to develop more energy-efficient algorithms and computing systems. This will not only reduce the 

environmental impact of AI but also make it more accessible to smaller research institutions with limited resources. 

Conclusion 

The future of AI in drug discovery is filled with immense potential, offering groundbreaking advancements that could revolutionize the pharmaceutical 

industry. By accelerating drug development, enhancing precision medicine, and optimizing clinical trial processes, AI has the power to transform how 
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new treatments are discovered, tested, and brought to market. As technology continues to evolve, AI’s ability to analyze vast and complex biological 

systems, predict drug interactions with greater accuracy, and design novel therapeutics will lead to faster, safer, and more effective treatments for a 

wide range of diseases. However, realizing this potential will require overcoming several critical challenges. Addressing issues such as data integration, 

bias in training datasets, model interpretability, and computational efficiency will be essential to ensuring AI-driven drug discovery is both reliable and 

widely applicable. Additionally, fostering collaboration between AI researchers, pharmaceutical companies, regulatory agencies, and healthcare 

professionals will play a key role in building a robust framework for AI adoption in drug development. 

In the coming decade, AI is expected to become a central force in pharmaceutical research, fundamentally reshaping traditional drug discovery 

methods. With continued advancements in machine learning, generative AI, quantum computing, and multi-omics data integration, AI-driven drug 

discovery will not only enhance the speed and accuracy of new drug development but also pave the way for personalized medicine tailored to 

individual patient needs. As AI becomes more sophisticated, ethical considerations, regulatory adaptations, and sustainable AI practices will need to be 

prioritized to ensure that these innovations benefit all populations equitably. 
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