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ABSTRACT

Tourism has become one of the largest industries in the world, and selecting a suitable destination is often a complex task for travelers due to the overwhelming
amount of information available online. Traditional Travel Recommendation Systems (TRSs) have been developed to address this challenge, but most of them
either focus only on accuracy or function as black-box models, reducing transparency and user trust.

This project presents a Decision Tree—based Tourist Recommendation System implemented as a Flask web application. The system allows users to upload datasets,
preprocess data using Pandas to handle missing values, and apply Label Encoding to convert categorical features into numerical form. A Decision Tree Classifier
is then trained to generate recommendations based on user preferences. To ensure transparency, the system also provides a graphical visualization of the trained
model using Graphviz.

The system delivers accurate recommendations in real time while maintaining ease of use through its web interface. The integration of interpretability and machine
learning makes this approach practical for the tourism domain.

INTRODUCTION

Choosing a tourist destination has become increasingly difficult for travelers because of the massive amount of information spread across the internet,
travel platforms, and social media. With so many options and sources, people often experience information overload, making it challenging to identify
places that truly match their interests, preferences, budget, or available time.

Although traditional Travel Recommendation Systems (TRSs) try to reduce this burden—typically using collaborative or content-based filtering
techniques—they still face several drawbacks:

e  Low accuracy, often caused by poor handling of varied and complex datasets.
e  Limited user-friendliness, especially for people who are not familiar with technical systems.
e  Poor interpretability, meaning users cannot clearly see or understand the reasoning behind the suggestions.

Therefore, there is a clear need for a recommendation system that is not only accurate but also simple to use and transparent in its decision-making
process, enabling personalized and trustworthy travel recommendations.

PROPOSED SYSTEM

The system is made to be easy to use and understand. It works in these steps:
1. Upload Data Users upload a CSV file with tourist information.
2. Clean Data The system removes missing values and changes text into numbers.
3. Train Model A Decision Tree is trained because it is simple and easy to understand.
4.  Get Recommendation The user enters their choices, and the model suggests the best place to visit.

5. Show Result The system shows the suggestion and a picture of the Decision Tree to explain how the choice was made.
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SYSTEM REQUIREMENTS AND SPECIFICATIONS
FUNCTIONAL REQUIREMENTS

1. Upload Data

e  User uploads a CSV file with tourist information.
2. Clean Data

®  System removes missing values.

e  Textis changed into numbers.

3. Train Model

e A Decision Tree is trained using the cleaned data.
4. Give Recommendation

®  User enters their choices.

e The model suggests the best place to visit.
5. Show Results

®  The system shows the suggested place.

e A npicture of the Decision Tree explains the decision.

NON-FUNCTIONAL REQUIREMENTS

e  Easy to use: The website is simple for anyone.

®  Fast: The system gives answers quickly.

e  Reliable: Same input gives the same output every time.

e  Easy to update: Code is organized in parts.

e  Works anywhere: Runs on Windows, Linux, and macOS.

®  Clear: Shows how it makes decisions

HARDWARE REQUIREMENTS

® Intel i3/i5 processor
e 4GB RAM (8 GB better)
e 512 MB free space

(] Normal monitor

SOFTWARE REQUIREMENTS

e Windows / Linux / macOS

e  Python 3

®  Flask

e  Pandas, Scikit-learn, Graphviz
® VS Code/PyCharm / Jupyter

®  Chrome/ Edge / Firefox browser
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LITERATURE SURVEY

Recommendation Systems (RS) are widely used today in many areas such as online shopping, movies, healthcare, and tourism. Because so much
information is available online, tourists often get confused and find it hard to choose the right place to visit. To solve this problem, researchers have
created Travel Recommendation Systems (TRSs) that help users make better travel choices.

TRSs mainly use three types of methods: Collaborative Filtering, Content-Based Filtering, and Hybrid Models. Recently, simple machine learning models
like Decision Trees have also been used because they are easy to understand and clearly show how recommendations are made.
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CONCLUSION AND FUTURE SCOPE
This project created a Tourist Recommendation System that uses a Decision Tree and works through a Flask web application. The system solved the
main problems seen in older travel recommendation systems:

®  Too much information: The machine learning model looks at the data automatically and suggests suitable places to visit.

e  Hard to use: The web interface is simple, so anyone can upload a dataset, train the model, and get recommendations easily.

®  No clear explanation: The system shows the Decision Tree using Graphviz, helping users see how the recommendation was made.
The system also showed good results:

1. Data was cleaned properly using Pandas and Label Encoding.

2. The Decision Tree model gave accurate and dependable predictions.

3. The Flask app made the system easy to use and quick to respond.

4.  The tree diagram helped users trust the recommendations.

Overall, the system is accurate, easy to use, and clear in how it makes decisions, making it useful for real travel recommendation needs.
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