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ABSTRACT—  

The rapid growth of e-commerce has transformed the landscape of retail, making it essential for businesses to adopt innovative approaches to stay competitive. In 

this study, the exponential growth of information on the internet has paved the way for innovative methodologies to harness valuable insights for informed decision-

making. This paper delves into the pivotal role of web scraping, data analysis, and visualization techniques in empowering fashion e-commerce enterprises with 

the tools necessary for informed decision-making and sustained success. The paper commences by highlighting the indispensability of web scraping in the 

contemporary fashion e-commerce environment. With the proliferation of online businesses, the internet is a vast repository of valuable data. Web scraping emerges 

as a crucial tool for collecting dynamic data from diverse sources, aiding businesses in gathering competitive intelligence, optimizing pricing strategies, and 

understanding customer behavior. The focus on Exploratory Data Analysis (EDA) showcases a systematic approach to deciphering product categories, prices, 

ratings, reviews, and sales patterns, providing actionable insights for product development and marketing strategies. Understanding discount strategies and 

employing data visualization techniques further contribute to refining sales strategies and facilitating a dynamic decision-making process. The paper emphasizes 

the creation of a dynamic dashboard based on real-time information, highlighting the impact of data visualization techniques on information interpretation. This 

comprehensive approach equips businesses with the knowledge to create products aligned with evolving consumer needs. Additionally, it guides the crafting of 

communication strategies that resonate with specific demographics, maximizing engagement. By fostering a marketplace where products find their perfect match 

in the hearts of consumers, this approach not only enhances competitiveness but also establishes a foundation for sustained growth and consumer satisfaction in the 

ever-evolving e-commerce landscape. The presented framework serves as a blueprint for organizations seeking to leverage the vast expanse of the internet for data-

centric decision-making. 
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I. Introduction 

In the ever-evolving landscape of fashion market, the proliferation of fashion e-commerce has ushered in a new era of opportunities and challenges. As 

businesses navigate this dynamic environment, the ability to adapt and innovate becomes paramount for sustained success. The exponential growth of 

information on the internet has not only transformed the way we access products and services but has also given rise to innovative methodologies that 

enable businesses to make informed decisions. This conference paper delves into the pivotal role of web scraping, data analysis, and visualization 

techniques in empowering dynamic fashion market enterprises with the tools necessary for strategic decision-making and long-term competitiveness. The 

advent of fashion e-commerce has redefined the traditional retail landscape, offering consumers unprecedented access to a vast array of products and 

services at the click of a button. This paradigm shift has not only altered consumer behavior but has also posed new challenges for businesses striving to 

stay ahead in a highly competitive fashion market. The sheer volume of data available on the internet presents both an opportunity and a challenge for 

businesses seeking to extract meaningful insights for informed decision-making.  

At the core of this transformative approach is web scraping, a fundamental tool for businesses to extract dynamic data from diverse online sources in the 

vibrant e-commerce landscape. The internet, hosting a multitude of online businesses, becomes a valuable repository of information. Web scraping 

becomes crucial for competitive intelligence, optimizing pricing strategies, and understanding nuanced customer behaviors. The paper places a significant 

emphasis on the role of Exploratory Data Analysis (EDA) as a systematic approach to unraveling the wealth of information extracted through web 

scraping. EDA becomes a linchpin for businesses seeking to decipher patterns related to product categories, prices, ratings, reviews, and sales. By adopting 

a methodical and analytical approach to interpret this data, businesses gain actionable insights that drive product development and inform effective fashion 

marketing strategies. 

A key highlight is the creation of a real-time dynamic dashboard, illustrating the profound impact of data visualization on enhancing information 

interpretation. The creation of a real-time dynamic dashboard allows businesses to access up-to-date information and insights for informed decision-

making. By visualizing key metrics and trends in real-time, businesses can quickly identify opportunities and respond to changes in the fashion market, 

ensuring agility and adaptability in a fast-paced fashion e-commerce environment. Beyond fashion product development and pricing strategies, the 
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comprehensive approach advocated in this paper extends to crafting communication strategies. By understanding consumer demographics through data 

analysis, businesses can tailor their communication strategies to resonate with specific target audiences, maximizing engagement and building lasting 

connections with customers. Overall, the project offers a comprehensive approach to leveraging data for strategic decision-making in fashion market, 

providing businesses with the tools and insights needed to thrive in a competitive and rapidly evolving market environment. 

2. Literature review 

The intersection of “web scraping, data analysis, and dynamic visualization” within the dynamic realm of fashion e-commerce constitutes a burgeoning 

field of study, reflective of the industry's profound evolution in response to the proliferation of online retail. As the fashion landscape undergoes significant 

transformations propelled by the digital age, the literature exploring the multifaceted roles and implications of web scraping, data analysis, and dynamic 

visualization has expanded to elucidate the transformative potential of these technologies. This comprehensive literature review aims to provide an in-

depth exploration of key findings, methodologies, and insights from prominent studies, offering a nuanced understanding of how these tools are shaping 

the landscape of fashion e-commerce.  

Web scraping is the automated process of extracting information from the World Wide Web. It's a rapidly evolving field that aligns with the semantic 

web vision. However, its progress depends on advancements in content processing, semantic understanding, artificial intelligence, and human-computer 

interactions [1]. In the realm of web advertising, papers [2] explore web scraping techniques, delving into collaborative filtering methods for ad 

implementation. Related works on web scraping, such as [3], provide diverse perspectives, including unique dimensions and a sentimental approach. This 

paper focuses on human opinion mining, emphasizing the significant role of screen scraping. Numerous users employ commonly available free and user-

friendly tools for web scraping. 

EDA enables businesses to extract meaningful insights by exploring and visualizing data patterns, relationships, and anomalies. It provides a framework 

for uncovering hidden trends, correlations, and outliers within the vast datasets accumulated through web scraping efforts. The integration of data analysis 

in fashion e-commerce extends beyond descriptive statistics to predictive analytics. Businesses leverage advanced analytical models to forecast consumer 

trends, predict demand fluctuations, and optimize inventory management. Predictive analytics, informed by data analysis, allows fashion e-commerce 

enterprises to anticipate market shifts, enabling proactive decision-making in areas such as inventory planning, supply chain management, and marketing 

campaign optimization. Discount strategies play a crucial role in maintaining a balance between consumer loss aversion and repurchase intentions in e-

commerce platforms [4], [5]. Analyzing discount strategies is essential for understanding consumer behavior and optimizing sales techniques. In social 

e-commerce, [6] demonstrates how price discounts can significantly boost sales volumes, showcasing the interactive nature of online consumers. 

While existing literature provides insights into discount strategies and consumer behavior, there are notable gaps, especially in applying advanced data 

analytics to understand the relationship between discounts and consumer ratings on platforms like Amazon, Flipkart and Myntra. Real-time product 

analysis through data mining enables users to compare prices across different websites, making informed purchasing decisions. This not only reduces 

time and effort for users but also safeguards them from aggressive pricing strategies employed by various e-commerce sites. 

Dynamic visualization techniques, including the creation of real-time dashboards, have garnered significant attention for their ability to enhance 

information interpretation. In the fast-paced and competitive landscape of fashion e-commerce, where decision-making needs to be agile and responsive, 

dynamic visualization tools offer a valuable solution. By visually representing key performance indicators, sales trends, and customer behaviors, these 

tools empower decision-makers to identify opportunities and respond promptly to market changes. Real-time dashboards facilitate a proactive approach 

to decision-making, ensuring that businesses in the fashion e-commerce sector remain adaptable and responsive to the ever-evolving dynamics of 

consumer preferences and market trends. The interactive nature of dynamic visualization tools fosters collaborative decision-making within organizations. 

Stakeholders across different departments can access and interpret real-time data, fostering a data-driven culture that encourages cross-functional 

collaboration. Dynamic visualizations not only aid in monitoring performance but also facilitate communication and knowledge sharing within the 

organization, contributing to a more informed and cohesive decision-making process. This report aligns with similar work proposed by [7], [8], and [9], 

incorporating concepts like using Business Intelligence for enhanced profitability, employing data warehousing for storage, and utilizing visualization 

for better comprehension. 

In the realm of visualization, the terms data, information, and knowledge are extensively used. Often, they indicate different levels of abstraction, 

understanding, or truthfulness [10]. The transformative potential of these technologies extends beyond the realms of competitive intelligence, data 

analysis, and dynamic visualization to encompass strategic decision-making, operational efficiency, and consumer engagement. As the field continues to 

evolve, ongoing research endeavors are likely to uncover additional nuances, best practices, and strategic implications for businesses navigating the 

intricate and ever-changing terrain of fashion e-commerce. The collective insights gleaned from these studies underscore the critical importance of 

adaptability, innovation, and the strategic utilization of technology for sustained success in the complex and dynamic world of fashion e-commerce. 

3. Methodology 

This paper unfolds through a structured progression encompassing three distinct phases. The initial step centers on extracting comprehensive fashion 

product information from prominent e-commerce platforms like Flipkart, Amazon, and Myntra, consolidating the gathered data into a CSV file. This 

dataset includes crucial details such as product names, pricing information, and customer ratings, laying the foundation for subsequent analyses. The 

second phase involves an in-depth examination of the acquired data, employing robust data analysis techniques to unveil patterns, correlations, and 
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insights related to product categories, pricing dynamics, and customer reviews. Following this analytical exploration, the project advances to its final 

stage - dynamic visualization. In this phase, real-time dynamic dashboards are crafted to visually represent key metrics and trends, enhancing the 

interpretability of the data and facilitating swift and informed decision-making within the dynamic landscape of fashion e-commerce. Figure1 below 

depicts the whole technique diagram. 

 

Fig.1 Methodology diagram 

Together, these three interlinked phases form a cohesive and strategic approach towards harnessing web scraping, data analysis, and dynamic visualization 

for a comprehensive understanding of the fashion e-commerce market.  

4. Web Crawling 

In the contemporary era, where data-driven insights drive decision-making, web scraping stands out as a pivotal tool for acquiring diverse and dynamic 

data sets. Web scraping, or web crawling, is the automated extraction of data from websites using specialized software. This process plays a crucial role 

in various domains, with particular significance in modern Business Intelligence. Web scraping technology enables the extraction of structured data from 

textual formats such as HTML, empowering businesses to collect and analyze valuable information from the vast landscape of the internet. 

 

Fig 2 Web Scraping 

A. The Web Scraping Process 

Various approaches exist for scraping sites, including utilizing online services, APIs, or crafting custom code. The permissibility of web scraping varies 

across websites, with some allowing it while others do not. To determine a website's stance on web scraping, one can refer to the site's "robots.txt" file. 

This file often provides insights into the site's policies regarding automated data extraction, guiding developers on ethical and permissible scraping 

practices.   

To proficiently extract data through web scraping, one should adhere to the fundamental steps outlined below:  
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Fig 3 Web Scraping Process 

In the contemporary online business landscape, an abundance of fashion E-commerce websites is available on the internet. In this initial step, identify the 

URL of the specific E-commerce website you intend to scrape. Data within websites is typically organized within HTML tags. Scrutinize the pages of 

the chosen fashion E-commerce website to ascertain the specific tag under which the desired product information is nested. Employ web scraping 

techniques to extract the required data from the website by identifying and isolating the pertinent information. Utilize various programming languages to 

implement the scraping code tailored to the structure and content of the E-commerce websites. This coding step is crucial for the extraction process. 

Execute the developed code to initiate the scraping process, extracting only the targeted data from the webpage. Post-extraction, store the obtained data 

in a preferred format, contingent on specific requirements. In the context of this paper, the extracted data is stored in a CSV (Comma Separated Value) 

format for convenient organization and analysis. 

These steps provide a systematic and effective approach to web scraping, enabling users to navigate E-commerce websites and extract pertinent data for 

further analysis or application. 

B. Web Scraper Function 

While the specific methodology may vary based on the software or tools employed, all web scraping bots adhere to three fundamental principles: 

Step 1: Making an HTTP Request to a Server 

Web scraping initiates with the bot sending an HTTP request to the server hosting the target website. This request prompts the server to provide the web 

page's HTML content. 

Step 2: Extracting and Parsing the Website's Code 

Upon receiving the HTML content, the web scraping bot extracts and parses the code. This involves breaking down the structured HTML into manageable 

components, such as tags, attributes, and text, making the data accessible for extraction. 

Step 3: Saving the Relevant Data Locally 

After parsing the website's code, the web scraping bot identifies and extracts the specific data of interest. This relevant data is then saved locally, often 

in a structured format like CSV or JSON, for further analysis or integration into other applications. 

By following these three key principles, web scraping bots can systematically navigate and retrieve targeted information from websites, facilitating the 

automation of data extraction processes.  
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Fig, 4 Activity diagram for Web Scraping 

C. Python for Web Scraping 

Regular expressions, a Python package initially developed for Perl, are managed in Python through the "re" module. This module facilitates the creation 

of patterns for identifying specific strings within a text. Regular expressions operate by defining a pattern to search for in a string, utilizing special 

characters that alter pattern interpretation.  

Beautiful Soup, another Python package, simplifies the retrieval of structured data from webpages. Developed by Leonard Richardson and others, it 

excels in parsing XML and HTML, offering ease of use compared to regular expressions with fewer steps for tree navigation, examination, and updating. 

Additionally, Beautiful Soup automatically handles encoding conversions, eliminating the need for manual tracking. 

Lxml, renowned for its speed and feature richness, stands as one of Python's fastest libraries for XML and HTML processing. It supports XPath, making 

it efficient for extracting tree content by converting it into a list. While Lxml is powerful, some users find it challenging to install on certain systems. 

Despite this, its raw power and speed have led to widespread adoption in the industry. The benefits and drawbacks of each scraping method is highlighted 

in Table.1: 

TABLE I.  Comparison of three approaches of web scrapping  

 

 

 

 

 

 

 

5. Exploratory Data Analysis(EDA) 

In the context of this fashion e-commerce web scraping paper, Exploratory Data Analysis (EDA) serves as a critical phase for uncovering valuable insights 

from the collected data. The initial step involves inspecting the structure and format of the dataset, ensuring its integrity. Descriptive statistics, including 

mean prices, rating distributions, and sales trends, offer a comprehensive overview. Visualizations such as histograms, scatter plots, and box plots are 

employed to unveil patterns and relationships within the data. EDA delves into product categories, pricing dynamics, and the impact of discounts on 

sales. Correlation analyses explore relationships between variables, aiding in understanding consumer behavior. 

Scraping method Ease to install Performance Ease of use 

Regular expressions Easy  

(built-in-module) 

Fast Hard 

Beautiful Soup Easy  

(pure Python) 

Slow Easy 

Lxml Moderately difficult Fast Easy 
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Fig. 5 Scraped Dataset 

A . Logistic Regression Model 

The paper discusses the application of logistic regression as a statistical model for analysis within the context of web scraping and e-commerce. 

Specifically, logistic regression is utilized for several analyses related to pricing, ratings, and consumer behavior. In logistic regression, the goal is to 

model the probability that a given observation belongs to a particular category or class. In the context of the paper, logistic regression is used to understand 

the relationship between various factors (such as price, discount, and ratings) and consumer behavior or product outcomes. 

For example, if we consider a logistic regression model that predicts the likelihood of a product receiving a high rating based on its price and whether it 

is currently discounted, the equation could be: 

𝑃(𝐻𝑖𝑔ℎ𝑅𝑎𝑡𝑖𝑛𝑔/𝑃𝑟𝑖𝑐𝑒, 𝐷𝑖𝑠𝑐𝑜𝑢𝑛𝑡) =
1

1+𝑒−(𝛽0+𝛽1𝑃𝑟𝑖𝑐𝑒+𝛽2𝐷𝑖𝑠𝑐𝑜𝑢𝑛𝑡)
                         

Here: 

-HighRating is the outcome variable indicating whether a product receives a high rating. 

-Price is the predictor variable representing the price of the product. 

-Discount is the predictor variable representing whether the product is currently discounted. 

-𝛽0, 𝛽1 and 𝛽2 are the coefficients of the intercept, price, and discount variables respectively. 

The logistic regression model estimates the coefficients 𝛽0, 𝛽1 and 𝛽2 based on the data, and the equation allows us to predict the probability of a product 

receiving a high rating given its price and discount status. 

1. Price Analysis 

A significant enhancement to the analysis was the introduction of the Price Range feature. This categorical variable, derived from actual_price, categorized 

products into distinct price ranges such as 'Very Low,' 'Low,' 'Moderate,' 'High,' 'Very High,' and 'Luxury.' This addition stemmed from the hypothesis 

that different pricing tiers might exert varying impacts on consumer ratings. By categorizing products into these price ranges, the model gains the ability 

to distinguish between different pricing tiers, potentially offering more nuanced insights into how pricing influences consumer ratings. To effectively 

incorporate the Price Range feature into the logistic regression model, encoded price range variables were created. Formulated as binary variables 

corresponding to each category in the price range, this transformation systematically enables the model to recognize and utilize the nuanced information 

these price tiers provide. The following figures 6 and 7 shows the distribution of actual price and discounted price of the products. 

 

Fig, 6 Actual Price Distribution 
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Fig.7 Discounted Price Distribution 

Another insightful addition to the feature set is the Discount Indicator, aptly named ‘discounted.’ This binary feature explicitly captures the presence of 

a discount, acknowledging its potential significance in influencing consumer ratings. Converting this information into a binary variable allows the model 

to readily assess the impact of discounts on consumer ratings. The following figure 8 which shows correlation between actual price and discounted price 

of the products. 

 

Fig. 8 Correlation between actual_price and discounted_price 

Throughout the data transformation process, meticulous attention was given to structuring the dataset optimally for effective logistic regression modeling. 

A crucial step involved the standardization of numerical variables using the StandardScaler. Variables such as discounted_price, actual_price, 

discount_percentage, and rating_count were standardized to ensure equal contribution during model training. This standardization brings numerical 

variables onto the same scale, preventing dominance by any single variable with a larger range or variance. This ensures that the model effectively learns 

from these features, maintaining balance and comparability across the dataset. The following figure 9 shows the distribution of discount percentage of 

the products. 

 

Fogg. 9 Discount Percentage Distribution 
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2. Rating Analysis 

The right-skewed Rating Count distribution implies that the majority of products receive relatively low counts of ratings, suggesting potential diversity 

in consumer engagement. Introducing Rating Count as a predictor variable in logistic regression can help discern whether products with higher counts 

are more likely to receive positive ratings or exhibit other desirable outcomes. 

Logistic regression allows for the incorporation of influential outliers or noteworthy exceptions, such as products amassing significantly high numbers of 

ratings. These exceptional cases can be treated as a separate category or integrated as interaction terms, enabling the model to capture the impact of 

widespread consumer attention on specific products. Logistic regression can account for the concentration of Ratings within specific categories, especially 

emphasizing the prevalence of 4 or 5-star ratings. Including these specific rating levels as predictors enables the model to assess whether products with a 

higher concentration of positive ratings are more likely to achieve desired outcomes, such as increased sales or customer satisfaction. The following 

figures 10 and 11 shows the distribution of rating and amount of rating of the products. 

 

Fig. 10 Rating Distribution 

 

Fig. 11 Amount of Rating Distribution 

By incorporating these nuanced insights into the logistic regression analysis, businesses can gain a more granular understanding of how customer 

engagement levels, as reflected in Rating Counts, and the distribution of Ratings influence specific outcomes. This information becomes instrumental for 

tailoring strategies, refining product offerings, and making informed decisions in the competitive e-commerce landscape. 

6. Dynamic Dashboard 

Creating a dynamic dashboard for the insights derived in this paper involves a strategic blend of visualizations and interactive elements to empower 

businesses with real-time, actionable information in the dynamic e-commerce landscape. 

The dashboard opens with a comprehensive overview, presenting key metrics at a glance. Dynamic cards display summary statistics, such as the average 

rating across all products, the total number of products analyzed, and the percentage of items currently under discount. These elements provide a quick 

snapshot of the overall health of the product landscape. Incorporate dynamic and real-time charts to highlight trends and patterns. A line chart tracks the 

fluctuation in average ratings over time, allowing users to discern any seasonal or temporal variations. Additionally, a bar chart showcases the distribution 

of product ratings, providing insights into the prevailing sentiments among consumers. Users can interact with these charts by selecting specific time 

periods or product categories, refining the focus of their analysis. Devote a dedicated section to analyzing the impact of discounts on consumer ratings. 

Utilize a comparative bar chart or heatmap that illustrates the average ratings of products with and without discounts. This visual representation offers a 

clear understanding of how pricing strategies influence consumer sentiments. Interactive elements enable users to drill down into specific categories or 

timeframes, facilitating a nuanced exploration of discount dynamics. Facilitate an in-depth exploration of product categories through an interactive 

section. Users can choose specific categories using dropdowns or checkboxes, dynamically updating the charts to reflect the selected preferences. A 

stacked bar chart or pie chart effectively breaks down the distribution of products within each category, offering insights into the popularity and 

performance of different product types. 
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Integrate an interactive scatter plot displaying the relationship between actual prices and consumer ratings. Users can hover over data points to view 

detailed information about individual products, fostering a granular understanding of how pricing impacts ratings. This visualization allows businesses 

to identify potential outliers or trends within specific price ranges. If demographic data is available, incorporate visualizations that provide insights into 

consumer demographics. Bar charts or pie charts can represent the distribution of ratings or preferences among different demographic groups. This section 

empowers businesses to tailor their strategies to resonate with specific target audiences. Implement user-friendly filters and a date range selector, enabling 

users to customize the data presented on the dashboard. Dynamic updates ensure that the visualizations respond in real-time to user input, fostering a 

personalized and interactive experience. 

 

Fig. 12. E-fashion dashboard 

Consider leveraging robust dashboard creation tools such as Tableau, Power BI, or Google Data Studio for a user-friendly and visually appealing interface. 

Alternatively, using Python libraries like Plotly, Dash, or Bokeh provides a more customized approach, allowing for tailored interactive elements and 

dynamic updates. 

6. Conclusion 

In conclusion, this study elucidates the pivotal role of web scraping, data analysis, and dynamic visualization in reshaping the landscape of fashion e-

commerce. The integration of these technologies equips businesses with powerful tools for competitive intelligence, optimized pricing, and understanding 

consumer behavior. The dynamic dashboard presented serves as a centralized hub for real-time insights, fostering informed decision-making in the fast-

paced e-commerce environment. By embracing a holistic approach that includes discount strategies, data visualization, and targeted communication, 

enterprises can not only adapt to evolving consumer needs but also establish a foundation for sustained growth and satisfaction. This framework provides 

a practical blueprint for organizations seeking to harness the vast potential of the internet, fostering agility and innovation to thrive in the ever-changing 

fashion e-commerce sector. 

7. Reference 

[1] Vasani Krunal A., “Content Evocation Using Web Scraping and Semantic Illustration”, IOSR Journal of Computer Engineering (IOSR-JCE) Vol. 16, 

Issue 3, pp. 54-60, 2014 

[2] Eloisa Vargiu, Mirko Urru, “Exploiting web scraping in a collaborative filteringbased approach to web advertising”, Artificial Intelligence Research, 

Vol. 2, Issue 1, pp. 44-54, 2013.  

[3] Jose Ignacio Fern ´ andez-Villamor, Jacobo Blasco-Garc ´ ´ıa, Carlos A. Iglesias, Mercedes Garijo, “A Semantic Scraping Model for Web Resources-

Applying Linked Data to Web Page Screen” in the Proceedings of the 3rd International Conference on Agents and Artificial Intelligence, Volume 2 - 

Agents, Rome, Italy, 2011. 

[4] D. Qibtiyah, R. Hurruyati, and H. Hendrayati, “The Influence of Discount on Repurchase Intention,” presented at the 5th Global Conference on 

Business, Management and Entrepreneurship (GCBME 2020), Atlantis Press, Sep. 2021, pp. 385–389. 

[5] Y. Gong, W. Hou, Q. Zhang, and S. Tian, “Discounts or gifts? Not just to save money: A study on neural mechanism from the perspective of fuzzy 

decision,” J. Contemp. Mark. Sci., vol. 1, no. 1, pp. 53–75, Jan. 2018. 

[6] J. Lv, Z. Wang, Y. Huang, T. Wang, and Y. Wang, “How Can E-Commerce Businesses Implement Discount Strategies through Social Media?” 

Sustainability, vol. 12, no. 18, Art. no. 18, Jan. 2020 

 [7] Liya Wu, Gliad Barash, Claudio Bartolini, “A Service Oriented Architecture for Business Intelligence”, IEEE International Conference 2007. 



International Journal of Research Publication and Reviews, Vol 5, no 3, pp 4748-4757 March 2024                                     4757 

 

 

[8] Pawan Chowdhary, Themis Palpanas, Florian Pinel, Shyh-Kwei Chen, Frederick Y. Wu, "Model Driven Dashboard for Business Performance 

Reporting", 10th IEEE International Enterprise Distributed Object Computing Conference, 2006 

[9] Ashish Thusoo Dhruba Borthakur Hao Liu, “Data Warehousing and Analytics Infrastructure”, IEEE International Conference 2014. 

[10] C. Min et al., “Data, information, and knowledge in visualization,” IEEE Comput. Graph. Appl., vol. 29, no. 1, pp. 12–19, 2009. 


