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ABSTRACT –  

Heart attacks are one of the leading causes of death globally, hence the critical need for early detection and on-time intervention. Advanced detection systems of 

heart attacks monitor vital signs like heartbeats, blood pressure, ECG patterns, etc through wearable devices, biosensors, artificial intelligence, and machine learning. 

This system's ability to process real-time data helps in detecting any early warning signs, that will consequently lead to fast medical responses and better survival. 

Index Terms - Heart Rate Monitoring, Blood Pressure Measurement, IoT-Enabled Devices. 

I. Introduction 

Heart attacks or myocardial infarctions are the leading causes of deaths in the world. Cardiac diseases cause deaths of nearly 17.9 million people each 

year and most of these deaths due to heart attacks. With early diagnosis and prompt treatment by medical professionals, the chances of dying from this 

should be diminished, with the severity of long term after effects. However, conventional diagnostic techniques rely heavily on patients with awareness 

of symptoms or routine visits to doctors who may not immediately report. In this respect, developing heart attack detection systems constitutes the most 

important innovation within contemporary healthcare. 

The Heart attack detection systems detect very early signs of cardiac incidents through continuous monitoring of the vital signs. These systems, in general, 

incorporate wearable technology and biosensors for acquiring the heart rate, blood pressure, and electrocardiogram characteristics. Advanced 

technologies, like AI, ML, and IoT, enhance functionalities considerably. AI algorithms enable assessments of real-time data in search of anomalies in 

relation to predicting the possibility of cardiac events. Data transfer from these devices connected to IoT is also smooth to healthcare professionals or the 

emergency response teams. 

Modules of the latest heart attack detection devices that use   Bluetooth technology to collect user data are a basic part of modern devices. With the 

inclusion of Bluetooth, information received from wearables is communicated to the smartphone or cloud-based platforms in an energy-friendly manner. 

This helps patients check their cardiac condition continuously and receive instant feedback if something abnormal happens. Further, health care providers 

are allowed access to this information remotely, allowing timely interventions and treatment plans to be personalized.  

Systems for heart attack detection are crucial because they allow continuous and proactive monitoring. Traditionally, diagnosing cardiac problems requires 

that patients visit clinics or hospitals for evaluation purposes, usually after symptoms have manifested themselves. Unfortunately, most myocardial 

infarctions happen with subtle or atypical symptoms that patients may miss or misdiagnose. The automated monitoring system addresses this problem 

since it continuously tracks vital parameters to ensure significant events are promptly recognized as they happen. This is very important for improved 

survival chances and reducing cardiac damage since monitoring health parameters in real-time reduces the time between the time when symptoms appear 

and further medical interventions. 

. Therefore, the developers have to create highly accurate models and test these models stringently in clinical environments. The systems have to be 

adaptive as far as physiological parameters are concerned and the different risk factors in the population as well. 

The influence of cardiac care development from the systems for heart attack detection is very significant. These systems promise to reduce mortality by 

significantly improving the quality of life of patients at risk for heart disease through early detection and prompt intervention. 

II. LITERATURE SURVEY 

"Sustainability and AI: A Review of Environmental AI Tools" 
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This review explores how AI technologies help predict environmental impacts and optimize energy consumption. For the sustainability-focused AI 

Chatbot and Carbon Footprint Calculator in the proposed project, similar AI-powered tools can help assess carbon footprints, track environmental 

activities, and provide personalized sustainability recommendations.  

" Machine Learning for Heart Attack Detection " 

To make a prediction about cardiac crashes, the authors consider all kinds of machine learning-based methods, namely ANN and KNN as well as decision 

tree. In terms of accuracy, they found that ANN performs comparatively better than others. 

Sahu, S. K., and Sharma, S. (2020). predicting cardiac attacks with machine learning approaches. Journal of Medical Systems, 44(7), 1–12. 

" Deep Learning Approaches " 

S. A. Raj et al., "A Deep Learning Model for Heart Disease     Prediction." Industrial Informatics Transactions, IEEE, 2019. This study combined patient 

data and ECG signals to create a CNN-based model for the detection of cardiac disease. Hence, the model predicts heart disease more accurately than 

other conventional machine learning methods. 

Kumar, S. &amp; Raj, S.A. (2019). A deep learning model for heart disease prediction. IEEE Industrial Informatics Transactions, 15 (5), 3211-3221. 

III. METHODOLOGY 

Main functional modules: 

•  Collect data: Data collection. Among all the above, the important step of the method comprises several data collected perhaps ECG 

signals and history of the patient from previous treatments. ECG Signal Collection: ECG sensors record the electrical activity of the heart 

and generate a waveform. Such signals are extremely informative about the health of the heart, especially when concerning detecting 

abnormalities such as arrhythmias or ischemia that might lead to an attack on the heart. 

● Data Preprocessing: ECGs are noisy due to movement artifacts, as well as power line interference etc. Noise removal from this signal 

is performed using various filtering techniques, for instance, Bandpass filters used are to remove high frequency as well as low-frequency 

baselines. The normalization of ECG signals would ensure that they are all on comparable scales, so it becomes easier to analyze features 

such as amplitude, duration, and morphology. 

● Feature Extraction: After the preprocessing stage, an important step is to extract the features from the raw ECG data. This will decrease 

the data dimensionality and enhance the relevant features related to heart attack. 

● Time-Domain Features: This includes parameters such as RR interval. This is the time between consecutive peaks of the R wave, 

duration of PQRST complex, and heart rate. An anomaly in the above-mentioned time-domain parameters can indicate malfunctioning 

in heart functions. 

Morphological Features: Conceded with the shapes and the aspects of P-waves, QRS complex, T-waves. Variation of shapes are held to signify 

occurrence of ischemia infarction, among various diseases affecting the heart. 

These will include the average values, variance, skewnesses for the sections and this will present information related to variation in stability for electricity 

developed within the heart walls. 

Training of Machine Learning Model: The next step involves applying machine learning algorithms for classification of data and predicting whether a 

heart attack is imminent or has occurred. The extracted features are passed into a machine learning model that has been trained to recognize patterns 

associated with heart attacks. 

Data Split: The data is split as training, validation, and test. Normally, around 70% is a training set, and sometimes 15% and rest for testing. 

Model: Models commonly used in ML are as follows: 

Support Vector Machine: They are known for being rugged and efficient in the process of high-dimensional spaces as they can be utilized as classifiers 

of the extracted data characteristics. 

DT- These are interpretable and can be used to predict continuous as well as categorical data, hence ideal for heart attack detection. 

Random Forest (RF)- ensemble method where predictions from the decision tree are averaged so that it increases the robustness and accuracy of 

classification. 

ANN- This primarily deep learning models, for example, CNN and RNNs can be utilised for the more complicated detection of time-series ECG data. 
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IV. IMPLEMENTATION 

       Implementation of a Heart Attack Detection System 

A heart attack detection system is supposed to provide early   warning and diagnosis of heart attacks, thereby saving lives through timely medical 

intervention. Implementation is based on hardware and software components that combine modern medical technology and data science.        

Hardware Components 

It encompasses wearable devices like smartwatches or chest straps that integrate sensors measuring parameters such as heart rate, blood pressure, oxygen 

saturation, and ECG signals. These are designed to be used in a continuous mode and make sure that the data is acquired in real-time. The sensors are 

attached to a microcontroller or a processing unit, which processes and sends data to a central system using Bluetooth or Wi-Fi, respectively. 

Data Processing and Analysis 

The data from the wearable is preprocessed, removing noise and artifacts from it. The clean data is then fed into the ML model to analyze if there are 

symptoms of a myocardial infarction. Main indicators are first checked for a high heart rate, an abnormal ECG pattern like ST-segment elevation, and an 

abnormal trend in blood pressure. When the system detects the indicators, the model alerts the presence of a likely heart attack.  

Alert and Notification: For an assumed heart attack, the system sends alerts through the user's and his or her emergency contacts connected smartphones 

application. The application enables data visualization in real-time, along with sharing of user's location with emergency medical services for immediate 

help. 

Integration with Healthcare 

This system can be integrated with the hospital database and EHRs; therefore, it is possible for doctors to access the patient data at any place. More 

sophisticated implementations can even offer the feature of telemedicine with real-time consultation from the cardiologists. 
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V. CONCLUSION 

The methodology applied in heart attack detection systems is a thorough and multi-stage process involving data collection, preprocessing, feature 

extraction, training of the machine learning model, real-time monitoring, and post-diagnosis feedback. These systems, by leveraging ECG signals, 

wearable technology, and machine learning algorithms, are able to provide early detection of heart attacks, which is crucial for preventive intervention. 

Moving healthcare toward more personalized and real-time monitoring solutions, accuracy and efficiency of these detection systems are continually 

improving, which would prevent undiagnosed heart conditions. Yet, some challenges still surround the system's accuracy and integration into existing 

healthcare frameworks due to data quality issues. Regardless, the advancement and evolution of such technology bode well in the future of diagnosing 

heart attacks and subsequently enhancing treatment and outcomes for the patient. 
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