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ABSTRACT   

The inclusion of artificial intelligence (AI) in the detection of financial fraud has changed the paradigm in the fight against corporate fraud in India’s financial 

realm. Other AI technologies like machine learning and predictive analytics, provide financial institutions a literal and timely analysis with appropriate flexibility 

and accuracy that is impossible to traditional techniques of fraud detection. The complexity of data privacy, algorithmic bias, transparency, and accountability are 

discussed in this study by analyzing the legal and regulatory structure the AI. Current legislation and guidelines from India consist of the Digital Personal Data 

Protection Act, of 2023 and the Information Technology Act, of 2000, however, they are inadequate to contend with the variety of problems related to implementing 

AI for fraud detection. This paper outlines areas of legal uncertainty in existing law and offers specific recommendations in the context of AI, such as the requirement 

for specific AI legislation, stronger provisions on the protection of data, and algorithmic accountability rules. The general framework shall be developed as an 

essential element of enabling the public to trust the appropriate use of AI techniques, and the fairness of their operations while promoting financial security in the 

context of digital development. The study focuses on the roles of sectorial collaboration, sound bias identification, and ethicality of AI to counterbalance the rights 

of citizens and AI development for the enhancement of a stable and adaptive legal structure for AIS in the fight against fraudulence. 

Keywords Artificial Intelligence, Corporate Fraud, Financial Sector, Data Privacy, Algorithmic Bias, Digital Personal Data Protection Act, Transparency, 

Accountability 

Introduction 

The integration of artificial intelligence (AI) has introduced innovation in diverse areas, where finance has paid a big price in the fight against fraud. 

Financial institution fraud in corporations is widespread and costly, eradicating billions of dollars in capital, and destabilizing markets. The use of artificial 

intelligence especially machine learning algorithms and data analysis in financial transactions has proffered a new fashion to account for and eradicate 

fraudulent activities in this kind of transactions. Traditional approaches on the other hand can be man-interfered, time-consuming, passive, and reactive 

as compared to AI-based mechanisms for fraud detection. This transformation is projecting most significantly in the present-day India mainly due to the 

advancement of digitalized and dynamism in the financial world which has in turn enhanced new scopes for tricky frauds by virtue of more and more on-

line financial transactions. In this regard, there are four aspects where AI is most valuable: detecting new patterns, analysing data streams, evaluating 

fraud threats, which are critical to safeguarding the financial sphere. 1 

The role of AI in fraud prevention is underlined by the increasing elaboration and diverse nature of corporate fraud activities. Every banking and non-

banking financial institution in the world is vulnerable to some form of fraud or the other such as insider trading, money laundering, and manipulation of 

books of accounts. These complex risks have hardly been addressed well by traditional fraud detection solutions where the approach used is often rule-

based systems that can be outsmarted by dynamic fraudulent activities. AI uses vast data, deep learning, and predictor types of analytics to analyze and 

outperform big data, detect opposite patterns, and even test theoretical instances of fraud. By these means, AI also works as an antisocial mechanism to 

prevent fraud instead of detecting a series of actions that have already led to significant losses. 

It is so in India mainly because of the large size of the Indian financial market and the high rates of online banking. A worrying trend that has also been 

observed in Bank fraud cases over the years was revealed by the RBI through the analysis of available data. While legacy approaches such as ad-hoc 

audits and after-the-fact investigations are significantly constrained by their backward focus and resource-intensive characteristics. However, AI comes 

as an instantaneous, methodical as well as scalable resolution to fraud detection. When it comes to machine learning models, banking and financial 

                                                                        
1 Purvi Pokhariyal, Amit K. Kashyap, and Arun B. Prasad, Artificial Intelligence: Law and Policy Implications 134 (Eastern Book Company, Lucknow, 

1st edn., 2024). 
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institutions can handle volumes of transaction data in nearly real-time and identify otherwise unnoticed patterns of fraud. In this regard, AI improves the 

capacity of banks and other financial organizations to fight fraud effectively. 

Although numerous examples are present, some of the most significant concerns are the application of machine learning for anti-money laundering 

(AML). While implementing the AML laws, especially under the “Prevention of Money Laundering Act, 2002” in India, different organizations are to 

carry out stringent scrutiny and reporting of scams. AI models can adapt to improve the parameters of fraud detection with time and are therefore very 

useful in AML. Also, AI models can be used to detect bogus entities, including fake firms and other similar entities, which one cannot detect by physical 

or visual ways of inspection. The case of Nirav Modi v. Enforcement Directorate2 demonstrates the extent of the difficulties involved in detecting such 

structures and the need constantly improve techniques of detecting frauds, which AI can solve. Not only do institutions improve their capacity to address 

the AML legal requirements by adopting AI systems, institutions also play a part in improving the safety of the financial system. 

The first research question in this study is to identify the legal and regulatory issues that relate to the application of AI in the fight against corporate fraud 

concerned with the financial sector in India. The paper explores how AI technologies can be used in fraud prevention and detection and assesses the 

adequacy of currently existing regulations in the management of AI’s ethical and secure deployment. The study also aims to identify the prospects of the 

existing legal framework to reveal its shortcomings and restrictions that may hamper the efficient utilization of AI-based technologies in combating fraud. 

To this end, this research seeks to present an elaborate understanding of the Indian legal framework concerning AI-driven solutions through the analysis 

of Statutes such as the “Information Technology Act, 2000,” and regulations under the “Reserve Bank of India Act, 1934.” 3 

While the subject of this study is not confined to the evaluation of the advantages of using AI in fraud detection, it also considers the ethical, legal, and 

procedural issues involving the application of AI. For example, though AI can predict and detect looming fraudulent transactions, it creates problems as 

to who owns and controls the data and clarity on how the algorithms arrived at the decision. The recent case of Justice K. S. Puttaswamy (Retd.) v. Union 

of India4 emphasizes the value of protecting people’s rights in privacy, which can get violated under the application of data in the AI models. 

Consequently, it is apparent that more must be comprehended about how Indian law approaches such privacy questions, along with how the legal system 

may be modified to appropriately apply AI in fraud detection. 

This study seeks to address the following critical questions: The way AI aids corporate fraud detection in the financial sector, and the current Indian legal 

requirements governing this usage. In addition, the research explores whether the existing legal system is sufficient to address possible ethical and 

procedural concerns that come with AI implementation. The next issue of interest in this research study aims to establish the difficulties and limitations 

experienced by financial institutions while implementing AI for use in fraud detection systems taking into consideration the laws in India. Lastly, the all-

important question of the changes that are possible in the legal approach to AI to attain the optimum of effective fraud detection and at the same time 

ensure the inviolability of data ownership rights is examined. 

These questions are especially crucial for moving beyond the demonstration of AI tools’ performance in fraud detection and examining the broad concerns 

regarding AI adoption from the perspective of the Indian legal and regulatory frameworks. Due to the advanced growth in AI technologies and the 

ambiguous rules for financial fraud incidences, these questions are expected to provide the appropriate legal requirements and measures that can govern 

the legal use of AI in the financial sector. 

The paper is arranged in the following sections to give a comprehensive discussion of the analysis of how AI can be used in fighting corporate fraud in 

the financial sector. After the introduction, the second section provides a brief discussion of AI technologies and their uses in fraud detection. The third 

part analyses the existing legal regime for AI usage in fraud detection in India referring to the “Information Technology Act, 2000” as well as some 

provisions of “Bharatiya Nyaya Sanhita.” The fourth section reflects upon the legal concerns and possible options that financial institutions may 

experience while incorporating an AI-based fraud detection model, with special reference to data security, algorithm discrimination, and responsibility. 5 

The fifth section of the paper adopts a comparative analysis by looking at the regulation of AI in fraud detection across other countries and tries to draw 

lessons for India. The last part of the paper discusses policy recommendations to enhance the surrounding regulation of AI and Fraud detection in India. 

In light of the identified shortcomings and opportunities, the paper aims at advancing a sound and sustainable legal system that will foster innovation and 

added advancement in fraud detection solutions while respecting human rights and liberties starting with constitutional rights and age equal to the 

principles of openness and democracy. 

Understanding Corporate Fraud in the Financial Sector 

Financial corporate fraud is an essential problem constituting the primary focus of the methodologically and theoretically grounded financial sociology, 

which is aimed at better understanding the mechanisms and effects of manipulations in the financial markets that, in turn, affect the stability of individual 

enterprises and global economies. This phenomenon embraces a variety of unlawful conducts, the majority of which involve manipulating loopholes in 

                                                                        
2 Criminal Application No.126 of 2019. 
3 Nomesh Bhojkumar Bolia and Surya Prakash BS, Technology and Analytics for Law and Justice 289 (OakBridge Publishing, New Delhi, 1st edn., 

2023). 
4 [2017] 10 SCC 1. 
5 Cynthia H. Cwik, Lucy L. Thomson (eds.), Artificial Intelligence: Legal Issues, Policy, and Practical Strategies 156 (American Bar Association, 

Chicago, 1st edn., 2024). 
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financial systems for their benefit. The incidence of financial fraud has increased in many folds in India in the last few years due to the increase in the 

usage of online banking. Such fraud cases underpin many people’s concerns with calls for better FD tools, with AI touted as a solution. However, given 

what corporate fraud is, the types that fall under this bracket, and its impact on financial stability, preparation for evaluating the contribution of AI in 

addressing corporate fraud is required. 6 

Nature and Types of Corporate Fraud 

Fraud in every corporation and especially the financial institution has different types of fraud each of which has different aspects in the regulatory bodies, 

financial institutions, and the law. Money laundering, one of the more common types of corporate fraud, is the process of disguising the source of the 

money earned through illicit activities through several layers of check-point banking and/or commerce. India also has the “Prevention of Money 

Laundering Act, 2002” to put a halt to such a practice while it includes detailed reporting and monitoring measures against money laundering, the 

involving techniques are becoming hard to detect. Another kind of corporate fraud is insider trading when people who have non-public information about 

a certain stock, use it to profit. Insider trading cases, as evident in Securities and Exchange Board of India v. Hindustan Lever Ltd.7, emphasise the legal 

concerns when dealing with this type of fraud since it becomes particularly difficult to ‘prove the intent or the communication link.’ These cases indicate 

that, while insider trading is prohibited under SEBI Act 1992, it is still on the large practice and is hard to detect even with existing laws. 

Another type of corporate fraud is financial fraud which prepares and issues negative financial statements regarding the actual profitability and security 

of a company. A common type of deception that occurs through altering how revenues are recognized, values assigned to assets, or expenses incurred 

has a significant impact on investors and stakeholders who depend on stated financial statements. By the “Information Technology Act, of 2000,” 

controlling internal data protection and outer cybersecurity, the Indian legal system tries to protect digital personalities and financial accounts from 

offenders. Still, such steps do not suffice against complex fraud schemes requiring more complex technical solutions such as Artificial Intelligence. 8 

Impact of Corporate Fraud on Financial Stability 

The consequences of corporate fraud are that financial stability is not only harmed through direct loss of shareholder value but indirectly also through 

loss of corporate reputation, capital, jobs, and investor confidence. Fraudulent activities that are being perpetrated in financial institutions are detrimental 

to the health of the economy as they act as catalysts for the lack of trust in such institutions. For example, major scams like the Punjab National Bank 

Fraud Case 2018 wherein a huge amount was issued using the accumulation of fraudulent letters of undertaking caused serious loss leading to erosion of 

investor’s Confidence and High Fluctuations in the market. It also shows clients how fraud schemes can become systemic problems affecting not only 

the focused financial institution but also other related markets and people like its shareholders, its employees, and its suppliers. The impact of fraud also 

to increase the compliance and operation expenses of the financial institutions due to the necessity to introduce more elaborate security measures and 

anti-fraud mechanisms to regain visitor confidence. 

Furthermore, corporate fraud has an impact on the regulatory process because it is a catalyst for strengthening controls as well as increased numbers of 

enforcement measures. Due to the increased incidence of fraud occurrences such as the Satyam scam, the regulatory boards of many countries including 

the Reserve Bank of India (RBI) have developed different guidelines or regulatory frameworks to improve the financial sector. This is because fraud is 

ever-evolving, and many of the conventional oversight tools are not sufficient because fraud agents are always able to devise new ways of bypassing the 

laws. Therefore, financial institutions are compelled to be more active in their prevention of fraud, and this means that most financial institutions are 

likely to incorporate sophisticated AI technology in the detection of fraud including the ability to monitor real-time transactions and identify telltale signs 

of fraud. Losses experienced by financial institutions, the expenses associated with litigation, and the erosion of investor confidence as resulting from 

corporate fraud underscore the importance of research into new fraud detection instruments aimed at improving financial security. 

Challenges in Traditional Fraud Detection Methods 

Pervasive arrangements of fraud detection and prevention have some drawbacks that negatively affect their ability to address corporate fraud in the 

financial industry. In the past, fraud detection involved audit checks, rule-based approaches, and occasional checks. Al although these methods used to 

be adequate to handle the fraudster, they have become relatively inadequate to do so concerning the speed and the level of intelligence in the current cases 

of fraud. Examples of this type include rule-based systems, which work based on certain rules such as any large amount withdrawal or transfer to a high-

risk location. However, the fraudsters have also learned how to play by the rules of these models, making transactions look like other normal ones so as 

not to be detected. As a result, traditional techniques are unable to detect slight variations and intricate signals of fraud, which put financial firms at risk 

of vast financial losses. 9 

                                                                        
6 Bart Custers and Eduard Fosch-Villaronga (eds.), Law and Artificial Intelligence: Regulating AI and Applying AI in Legal Practice 315 (T.M.C. Asser 

Press, The Hague, 1st edn., 2022). 
7 [1995] Supp (3) SCC 211. 
8 Rodney D. Ryder, Artificial Intelligence and Law (Challenges Demystified) 76 (Law & Justice Publishing Co. Pvt Ltd, Mumbai, 1st edn., 2022). 
9 Tshilidzi Marwala and Letlhokwa George Mpedi, Artificial Intelligence and the Law 142 (Palgrave Macmillan, Singapore, 1st edn., 2024). 
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The main limitation of conventional approaches is that they are often based on activity performed manually, which is not only rather time-consuming but 

can also involve some risks of omission. Because financial organizations deal with a large number of transactions daily, it is impossible to conduct a 

manual examination of each transaction. This limitation was evident in relators such as the “ICICI Bank Fraud Case, 2018”, where the banks have 

inadequate internal controls to prevent fraudulent activities from occurring for several years. In addition, most of the conventional antifraud applications 

operate on historical data and this implies that fraud is only detected after its effects have been felt. This failure to provide real-time detection means a 

lot of potential losses that today’s fast-paced financial environment can bring are left undetected, and uncontained, and thus result in damaging 

consequences for the company. 

Secondly, conventional fraud detection techniques do not lend themselves well to scale or flexibility partly due to today’s increasingly globalized financial 

sector. In this case, financial institutions venture into other countries, and exposure to more varied regulatory environments and different fraud risk 

profiles pose the challenge of achieving some level of compared with when establishing a sound and effective fraud detection program. Problems of static 

rules and rigid algorithms inherent in the traditional models do not allow them to operate dynamically, providing an instant response to new threats; they 

need constant updates and change by hand. With AI-based systems, parameters can be trained from data and further tuned to reflect changing fraud 

patterns, which traditional systems cannot boast. Therefore, even though conventional fraud prevention techniques remain essential for setting the standard 

in security, organizations also incorporate AI technologies to focus on innovative solutions to prevent fraud. 

The Role of AI in Detecting and Preventing Fraud 

The use of artificial intelligence (AI) technology in identifying and combating fraud has significantly transformed the operation of organizations, 

especially within the financial industry by adopting moves from a traditional reactionary model to a proactive approach in combatting fraud. The financial 

sector is more vulnerable to fraud due to large and valuable money transactions happening every day therefore requires AI-based technologies capable of 

real-time, flexible, and accurate analysis. The use of Advanced technology particularly artificial intelligence is effective in identifying various fraud 

patterns in big data that may be hard to identify by normal methods. This capability has proved to be revolutionary for institutions across India, particularly 

within the contexts that the RBI and other regulatory bodies have established. While financial fraud persists in becoming creative and more complex in 

its approach to executing fraud schemes, AI has become a critical defense against the growing risks of corporate fraud that eventually leads to improved 

financial stability and security. 10 

Key AI Technologies in Fraud Detection 

AI-based fraud system is a combination of advanced technologies that can function to address the challenge of financial crime. Of these, machine learning 

and predictive analytics, natural language processing, and blockchain or distributed ledger technologies (DLTs) have come out as the leading tools in 

enhancing methods of fraud detection. These technologies complement conventional fraud detection schemes since they afford the capacity to analyze 

large volumes of data in real time, identify likely fraudulent transactions, and enhance the accountability of monetary networks. 

Machine Learning and Predictive Analytics 

Artificial intelligence fraud detection mainly uses machine learning (ML) and predictive analysis in financial organizations. Suppose, in a transactional 

setting, the ML algorithms can efficiently look for patterns and outliers in the data flow, so the fraud can be predicted as soon as it is in progress. For 

example, supervised machine learning models can be learned from the historical data full of labelled fraudulent and non-fraudulent transactions to identify 

the patterns that are associated with previous fraud circumstances. This predictive capacity is particularly useful since, for example, occasionally it is 

difficult to distinguish simple fraud from complex cases of insider trading techniques or multilevel money laundering. While supervised machine learning 

allows systems to recognize new forms of fraud as variations in patterns are learnt without the need to categorize them initially.  

Moreover, there are other methodological approaches such as, for instance, during predictive analytics pattern recognition where big amounts of financial 

data are included and then transformed into predictive models that may highlight unusual behavior which can be an indication of fraud risk level and thus 

require intervention. India has “Prevention of Money Laundering Act, 2002” that has made it obligatory for financial institutions to report suspicious 

activity which has been made easy by the use of predictive analytics that can identify high-risk transactions. ML and predictive analytics are thus highly 

useful for purposes of identifying fraudulent transactions, but they also help organizations meet regulatory requirements that require fast identification 

and reporting, then follow-up action on potentially fraudulent activities. 11 

Natural Language Processing (NLP) 

NLP also takes AI fraud detection further by enabling different structures like emails, descriptions of transactions, and customer correspondences to be 

analysed. NLP can be particularly useful in fraud through the usage of communication patterns that might show collusion or misconduct. For example, 

in cases of insider trading, the criminals may use implied communication or relay information in a coded manner. These patterns and signs are noticeable 

                                                                        
10 Sauradeep Bag, "The Use of AI in Arresting Financial Crime", available at: https://www.orfonline.org/research/the-use-of-ai-in-arresting-financial-

crime (last visited on October 20, 2024). 
11 Luis A. Garcia-Segura, "The Role of Artificial Intelligence in Preventing Corporate Crime", 5 Journal of Economic Criminology 191 (2024). 
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by NLP algorithms which would allow financial institutions to track and analyze vast amounts of communication data to potentially flag observations 

with risky behavior. 

Secondly, it includes sentiment analysis, which helps reveal cheaters in the field of customer service or claims by recognizing the presence of some 

contentious answers that will be inevitably revealed by clients aimed to cheat. NLP is not limited to but includes using such data outputs like social media 

for market sentiment or as a method of screening for risk related to certain personalities or entities. Therefore, methods of NLP can be beneficial with the 

comprehension of fraud risk as it back up structured data analysis with unstructured text-based data, thus making fraud detection frameworks more 

reliable. 

Blockchain and Distributed Ledger Technologies (DLTs) 

The concept of blockchain and DLTs is a perfect solution to counter fraud since the records of all transactions are clearly defined and cannot be altered 

again. Blockchain functions as a shared database where every transaction is completed in such a way that the record cannot be changed easily by fraudsters 

without being noticed. DLTs contribute to a safer environment for capturing financial transactions particularly where they are more prone to fraud than 

others such as cross-border transactions. From the perspective of the Indian legal environment, blockchain complies with, for example, the “Digital 

Personal Data Protection Act, 2023” oriented on data protection and openness. The use of blockchain creates many opportunities for the financial industry, 

mainly, we can record the data about transactions and make it impossible to change it by unauthorized resources and prevent fraudulent schemes. For 

example, supply chain finance supports the identification of invoices and contracting parties to reduce invoice fraud and/or double financing risks. 12 

Advantages of AI in Fraud Prevention 

AI presents several main advantages in fraud detection: real-time processing, the ability to learn from data used, and improved precision. Real-time 

analysis is critical to identifying and combating fraudulent transactions as they are being perpetrated thus avoiding big losses by institutions in the process. 

This capability is particularly useful for firms that operate in a high-frequency trading domain that records high scalability and fraudsters can trigger 

significant losses in a matter of seconds. Another benefit is adaptive learning since AI models improve their functionality in detecting fraud after presence 

in a new environment. This makes it possible for institutions to stay protected against other emerging trends of fraud by replacing or updating the system 

on its own because the AI systems are self-developing. 

The predictive accuracy of AI is higher than traditional measures due to the capabilities of the algorithms to process large volumes of data, unearth 

complex patterns that would be complex to detect, and subtle deviations not easily discernible to human eyes alone. 

Case Studies on AI Implementation in Financial Fraud Detection 

Growth adoption of AI in fraud detection is apparent in numerous studies across various organizations showing the effectiveness of big banks worldwide 

and in India. For example, HDFC Bank, a large bank in India, has installed self-learning AI automated fraud detection solutions that directly analyze real-

time transactions as well as learn from patterns of fraud and alert when similar occurrences are detected. The AI-powered at HDFC Bank is a variant that 

throws darts at credit card frauds, the only difference is that the darts are intelligent, and they are programmed to evaluate transactional data patterns and 

behavior. Such systems are a good example of how AI allows financial institutions to avoid fraud, not to mention the avoidance of significant losses and 

gaining the client’s trust. 

Such an example is SBI which has incorporated AI for money laundering in compliance with the Prevention of Money Laundering Act of 2002. The bank 

uses machine learning algorithms for the identification of risky transactions and report generation for the authorities. Internationally, Chase, real JP 

Morgan, has adopted AI within the Contract Intelligence of New automation technology that can scan through loans and highlight likely risks, a process 

that would normally take massive hours and many professionals. Likewise, Mastercard applies AI to monitor transactions and popular services to identify 

such patterns characteristic of fraud in its transaction networks all over the world. 

These case studies make it easier to appreciate how AI is being used to drive innovation in anti-fraud processes and why AI is a perfect fit for strengthening 

fraud management systems. Sustained implementations of AI in the financial institutions prove that AI is not only a valid solution for detection of fraud 

but also a necessity for the futuristic of risk management in the financial sector. 13 

Legal Framework Governing AI and Corporate Fraud 

Currently, the international legal regulation of AI and corporate fraud is still in the process of development, and countries provide the use of AI in fraud 

detection in the financial sector. Prevention and detection of financial fraud have always been in the spotlight and have to meet certain regulatory 

requirements, all the more so because financial transactions and market integrity play a crucial role in today’s economy. However, it points to both 

opportunities and risks in the case of AI utilization while asking for robust regulation that can accommodate growth with the responsibility. Global 

                                                                        
12 Mich Talebzadeh, "The Role of Artificial Intelligence in Combating Financial Fraud", available at: https://www.linkedin.com/pulse/role-artificial-

intelligence-combating-financial-talebzadeh-ph-d--stfie/ (last visited on October 20, 2024). 
13 J. M. Bello y Villarino and S. Bronitt, "AI-Driven Corporate Governance: A Regulatory Perspective", 1 Griffith Law Review 10 (2024). 
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organizations such World Bank and the Financial Action Task Force (FATF) offer guidelines necessary for the screening of AI for AML, however, every 

country has its laws for AML and regulation of AI applications as the United States, the European Union, and India. This legal landscape poses additional 

challenges due to the weaknesses of existing legal frameworks that fail to follow the dynamic development pace of AI and have problems with supervising 

AI-driven fraud detection systems. 14 

International Regulations on Financial Fraud 

At the international level, measures intended to prevent financial fraud are minimally regulated by the AML Standards and Recommendations issued by 

international organizations such as FATF. Since its creation in 1989, FATF has provided international guidelines on AML and CTF standards which must 

be complied with by its member countries and are meant to prevent and prosecute both types of financial crimes. The guidelines suggested by FATF are 

not legally compulsory, but the framework of AML regulations in over two hundred states is based on it. These recommendations promote the leverage 

of technology, of which AI is part, in strengthening compliance with AML requirements. Originally, the British standards were designed specifically for 

the use of AI but the intense development of the technology has made it essential to reconsider these guidelines to solve new problems in the area of data 

protection, references to unfair algorithms, and culpability. 

According to the provisions of the FATF, financial institutions should use such a “risk-based approach” for AML compliance and directly evaluate the 

risks tied to each transaction or customer. Assessing risk is another area in which AI provides significant value, primarily due to the ability of the system 

to accurately measure risk. However, the FATF has not offered precise clarity on the application of AI within the 40 recommendations, which has created 

diversity in the application of AI across various countries, and caused additional complications to the regulation for the multinational institutions. Further, 

the EU General Data Protection Regulation Act sets high standards on data protection and hinders the use of AI for fraud detection in that institutions 

have to work hard to make use of data without violating GDPR rules on privacy matters. For instance, the availability of information and consent under 

GDPR means that AI models must provide clear results, which would be a blow to institutions using sophisticated AI mechanisms for real-time fraud 

detection. 

National AI and Financial Fraud Laws 

The laws of the individual jurisdictions have been adopted to effectively mitigate the issues of AI applying in financial frauds: The United States, the 

European Union, as well as India provide diverse models depending on their legal activation. In the United States specifically, the Bank Secrecy Act 

(BSA) (31 U.S.C. § 5311– 5481) P, the USA PATRIOT Act (Pub.L. No. 107–56) act are the main principal legislation governing AML compliance, 

which mandates that all financial institutions must put in place fraud detection systems, which include the improvement of AI for transaction monitoring. 

For instance, the BSA requires that banks report the activities suspected to be a form of money laundering to the Financial Crimes Enforcement Network 

(FinCEN). However, there is no clear and coherent body of law in the United States that specifically regulates the application of AI in fraud detection; it 

puzzles each institution to develop standards that AI adoption has to meet within the confines of the law. 

On the contrary, the European Union has been quite forward-leaning about the regulation of AI with the recent passing of the Artificial Intelligence Act. 

This proposed legislation categorizes AI systems depending on the risk that they pose and places strict conditions on high-risk AI applications which 

include those used in financial services. It is an EU proposal act and not yet in force, but the Artificial intelligence AI should increase transparency, 

accountability, and fairness of artificial intelligence systems which will influence AI-based fraud detection in the EU. Furthermore, AI adoption is 

burdened with high regulatory requirements, especially through the EU General Data Protection Regulation (GDPR), which already determines strict 

prerequisites for analysing a large amount of data in fraud prevention, as well as requiring prior consent for data processing and providing explanations 

for machine learning. 15 

In India, the use of AI in financial fraud detection is predicated on the following regulatory enactments: The Prevention of Money Laundering Act, 2002, 

and the Digital Personal Data Protection Act, 2023. The act of regularization on money laundering is the Prevention of Money Laundering Act which 

requires financial institutions to report suspicious activities to the Financial Intelligence Unit-India (FIU-IND) which can be enhanced by the use of AI 

to perform high-risk transaction detection. Nonetheless, India at present does not have any specific law regulating the ethical use of AI making it a grey 

area for financial institutions deploying AI in aspects such as fraud detection. The newly passed law is the Digital Personal Data Protection Act, which 

adopts data privacy to GDPR’s canon but lacks regulations for uses of AI such as algorithm explanation and bias. Thus, India’s compliance has a certain 

legal framework of AML and data privacy but lacks legislation and regulation of AI IT infrastructure to prohibit AI from promoting fraud detection in 

the Indian financial sector. 

                                                                        
14 Olubusola Odeyemi, Noluthando Zamanjomane Mhlongo, et. el., "Reviewing the Role of AI in Fraud Detection and Prevention in Financial 

Services", 11 International Journal of Science and Research Archive 2110 (2024). 
15 Nurhadhinah Nadiah Ridzuan, et. el., “AI in the Financial Sector: The Line between Innovation, Regulation and Ethical Responsibility", 15 

Information 432 (2024). 



International Journal of Research Publication and Reviews, Vol 5, no 11, pp 1877-1885 November 2024                                     1883 

 

 

Existing Legal Provisions and AI Limitations 

Current legal frameworks as to AI’s use in fraud detection contain their virtues and vices as most legal systems are defective in responding to the novel 

issues AI creates. One potential challenge is that there are few policy rules to regulate algorithmic bias and fairness to suppress fraud detection. Currently, 

the AI models can learn from data which makes them compartmentalize biases that are likely to reproduce discriminating results. In the case of financial 

fraud detection; such bias could mean that certain demographic groups’ transactions are flagged more often under anti-discrimination laws. Faruqui and 

Selvan (2019) rightly opine there are a lack of standards to ensure the algorithm fairness to be incorporated within India’s AML and data protection laws; 

certainly, this highlights the requirement of the regulatory framework imperative that takes into consideration the ethical issues relevant to AI 

implementation in financial fraud detection. 

Another challenge is the call for transparency and accountability metrics not only since these algorithms are hard-coded and closed source. For instance, 

The IT Act 2000′s Section 43A requires organizations to adopt “reasonable security practices” while handling the user’s information. However, the law 

fails to define who is responsible for machine-made decisions so that financial institutions will be held responsible for the outcomes that are wrong and 

damaging to innocent customers. 16 

Moreover, existing norms do not have aspects for explainability, which is vital for guaranteeing that alternatives generated by AI functioning in fraud 

identification procedures will be intelligible to regulators and customers. The explainability of the models is useful for meeting legislative requirements 

such as the Prevention of Money Laundering Act, following which financial institutions must identify and explain suspicious activities. Nevertheless, 

due to the convolution of AI models, especially deep learning algorithms, it becomes challenging for institutions to justify the outcomes of particular 

fraud detection models. However, where legal duties have not required organizations including financial institutions to adopt explainable AI, financial 

institutions may find it difficult to explain the basis of AI decisions where there are disputes or even regulatory examinations. 

Regulatory Challenges in AI-based Fraud Prevention 

AI implementation has taken a central position within the financial sector for detecting and mitigating fraud risks which can help; However, it is 

accompanied by multiple layers of enhanced regulatory frameworks. Since AI is employed to work with financial data and the implications of fraud 

identification errors are severe, it requires comprehensive adherence to the data protection laws on the one hand and the conscientious weighing of the 

ethical issues on the other; there is also a need to provide for clear liability for the errors committed. All these are compounded by difficulties that arise 

in a legal regime that is still developing and which has not caught up with AI capabilities and its special risks. Indian financial institutions hence have the 

challenge of deploying AI for fraud detection and prevention as the technology comes wrapped with a web of legal and ethos questions. Pursuing 

compliance with data protection laws, managing biases in algorithms, or the question of who takes responsibility for AI outcomes are not just technical 

topics but are underpinned by both technological understanding of AI and the related legal frameworks.17 

Data Privacy Concerns and Compliance with Data Protection Laws 

This work identified one of the most crucial questions raised by the application of AI in the field of fraud as a major regulatory issue, data privacy, and 

compliance with highly protective legislation. The GDPR is a tough data protection law that applies to all organizations dealing with the personal 

information of citizens of the European Union regardless of the firm’s base location. The GDPR as well as principles of consent, data minimization, and 

the right to be forgotten also influence AI-enabled fraud detection as, to train the models, Big Data including the subject’s personal and financial data is 

used to identify patterns indicative of fraud. Still, the provisions on the right to transparency and the explication established by GDPR become an issue 

when it comes to deploying a style of complex machine learning, which, in general, acts like ‘black box,” meaning that the process is hard to describe in 

a way that could be satisfactory to the regulators. In the same context of India, the “Digital Personal Data Protection Act, 2023” reincarnates some of the 

GDPR principles especially user consent, the principle of purpose limitation, and data minimization therefore financial institutions need to develop AI 

models that should not only detect frauds but also respect the privacy rights in India. 

There is another layer to the regulatory issue – the CCPA, which, like GDPR, provides citizens with substantial choice over their details and makes 

information sharing and secondary use transparent. The CCPA law, which concerns businesses that process the personal data of California residents, has 

implications for MNCs using AI to monitor transactions: they must factor in the convergent act’s opt-out and deletion provisions. AI systems that operate 

the real-time fraud detection process can thus find it difficult to adhere to data protection regulations that call for some limitations to data processing since 

fraud detection involves the use of complete datasets. These data privacy laws raise the dilemma associated with the detailed examination of the data in 

conjunction with the filter-free character of AI-based fraud detection systems and the restrictive rules aiming at the protection of personal data. Financial 

institutions must therefore develop AI frameworks that address these laws through advanced data governance practices, explainable AI, and nearly 

exclusively use information and data to identify fraud while minimizing data use as much as possible.18 

                                                                        
16 AI And The Legal Landscape: Embracing Innovation, Addressing Challenges, available at: https://www.livelaw.in/lawschool/articles/law-and-ai-ai-

powered-tools-general-data-protection-regulation-250673 (last visited on October 17, 2024). 
17 Understanding AI Fraud Detection and Prevention Strategies, available at: https://www.digitalocean.com/ resources/articles/ai-fraud-detection (last 

visited on October 16, 2024). 
18 Impact of AI on Data and Privacy Protection Laws, available at: https://blog.ipleaders.in/impact-of-ai-on-data-and-privacy-protection-laws/ (last 
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Ethical Concerns and Bias in AI Algorithms 

The generalization of AI in fraud detection also appears to have ethical issues when it comes to algorithmic justice, prejudice, and openness. The AI 

models, especially the class of machine learning models are passed control based on historical data, which are always likely to contain bias. In fraud 

detection, it can present prejudices in the form of flags thrown for transactions typical of a certain ethnicity, geographic area, or credit profile – thus 

discriminating against its customers. For instance, it may be that AI models label some neighbourhoods as high-risk because they are low-income, or 

label some ethnic groups as high-risk because data patterns for these areas are high-risk. Such biases can violate Article 14 of the Indian Constitution, 

which deals with equality and can also harm the reputation of financial institutions using AI. The fact that the workings of artificial intelligence are 

opaque, or as the ‘black box’ issue highlighted, prevents stakeholders from being able to assess whether or not the specific AI system decision-making is 

fair and biased. 

This paper established that bias in AI has led to regulation and recommendation of promoting ethical AI standards of the structures for fairness, 

accountability, and transparency. For instance, the European Union has proposed the Artificial Intelligence Act where financial fraud detection is regarded 

as a high-risk application because AI systems shall meet high transparency and fairness standards. With no standalone regulation for AI in India, schools 

are encouraged to curb employment prejudice and bewildering best practices for refining the AI system. That is why, the ethical issues regarding AI-

based fraud detection require the establishment of measures of protection including the use of different datasets and bias check systems from producing 

discriminative results. Organizations must also maintain algorithmic transparency; we need an explainable AI model to allow both the regulator and the 

affected parties to understand how the AI reached its decisions this promotes trust in AI within financial institutions used for fraud prevention.19 

Accountability and Liability in AI-driven Fraud Detection 

Another important question is legal about the aspects of responsibility and Engl's analysis of liability is another extensive regulatory concern in the context 

of the application of AI for fraud detection. Attributing culpability to instances wherein an AI-generated model labels legitimate transactions as fraudulent, 

or vice versa, is challenging because of the indeterministic nature of AI algorithms. Financial institutions planning and implementing AI systems tackle 

a rather ill-defined legal framework regarding who is held responsible for decisions taken by the AI systems, and this issues questions of liability in the 

event of wrong outputs or detrimental consequences. False positives may offend customers, harm customer relations, and potentially cost an institution 

the expense of a claim for reputational damage, while false negatives may result in a loss of money, regulatory fines for not detecting fraud, and many 

other things. 

Modern legal regulations, such as “Section 43A of the Information Technology Act, 2000” require that organizational bodies that process special 

categories of personal data SHALL adopt ‘reasonable security practices and procedures’ that should go hand in hand with AI models applied in fraud 

detection. Nevertheless, these laws don’t directly regulate the question of how the responsibility is to be shared when an AI model makes detrimental 

decisions. 

To address these issues several jurisdictions, consider so-called ‘algorithmic accountability’, providing that any organization using AI shall guarantee the 

accuracy and non-discrimination of the algorithms it implements. Algorithmic accountability includes the creation of records checkpoints, of records of 

decisions made by the artificial intelligence systems, and ensuring that the individuals or groups that have been affected by the wrong decisions of the 

artificial intelligence systems have redress mechanisms. Since currently, no legal standards of AI use are framed in India, the financial institutions using 

the AI-based fraud detection model should, therefore, adhere to certain internal accountability measures that include, but are not limited to, AI audits 

focusing on risks and opportunities, adherence to the six principles of ethically aligned AI, and appropriate measures for grievance redressal where 

adverse outcomes occur. When AI remains the future of fraud detection, having well-structured parts on prosecution and non-prosecution due to AI, 

providing explicit rules in the sphere of accountability and liability will be crucial as it will help weigh the benefits of applying AI in fraud identification 

with reasonable job distribution and protection of stakeholder’s rights.20 

Conclusion 

The application of AI has dramatically changed the fight against corporate fraud within the financial industry by providing higher accuracy, flexibility, 

and speed compared to classical methods. Due to the opportunities for real-time analysis, prediction, and comprehensive data analysis, AI develops the 

prevention capabilities of financial institutions from complex fraud, thus increasing stability and confidence in the financial market. AI is most useful for 

analysing risks connected with corporate fraud which is especially relevant in today’s India where the progress in the digitalization of financial services 

has boosted the fraud risk. Nevertheless, this promising setting has certain problems. As described above, the use of AI in fraud prevention requires 

consideration of compliance with regulations and Ethics issues such as data protection, Bias, Explainability, and Liberalization of Algorithms. 

                                                                        

visited on October 17, 2024). 
19 The Ethics of AI: Addressing Bias, Privacy, and Accountability in Machine Learning, available at: https://www.cloudthat.com/resources/blog/the-

ethics-of-ai-addressing-bias-privacy-and-accountability-in-machine-learning (last visited on October 17, 2024). 
20 AI Accountability: Who’s Responsible When AI Goes Wrong?, available at: https://emerge.digital/resources/ai-accountability-whos-responsible-

when-ai-goes-wrong/ (last visited on October 17, 2024). 
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Current laws like “Digital Personal Data Protection Act, 2023” and “Information Technology Act, 2000” exist but these laws do not contain specific 

policies required for AI. Besides, data privacy issues raised by innovative AI solutions are aggravated by the increased legal demands of the global market, 

such as the GDPR, proving that the appropriate legal framework that would guarantee individual rights as well as advance data-driven AI into practice 

should be employed. The use of algorithms and models as the primary analytical tool and the so-called “black boxing” of the methodological process 

extend these concerns, as the algorithms may produce biased results, to begin with, or the machine learning model may produce false positive or false 

negative results and possibly result in legal consequences for the testing organization. 

In order, India must adopt a comprehensive regulatory approach that recognizes the benefits of AI as well as the proactive responsibility of ensuring that 

the AI is fair, accountable, and, transparent. Holding algorithmic accountabilities, increasing transparency, and encouraging ethical uses of AI shall play 

fundamental roles in enabling the appropriate use of AI in fraud detection. These changes indicate how important it is to establish an adequate and scalable 

legal framework to properly address AI’s application in combating financial fraud, as well as protecting consumers and their rights while gradually 

building the necessary level of trust in a fully digitalized economy. 

Suggestions 

To overcome the obstacles of AI use in preventing corporate fraud in the Indian financial industry, the following set of improved recommendations can 

help the policymakers and the institutions. 

• The current legislation framework should be enriched or extended to regulate the AI approach to fraud detection. This consists of developing 

certain measures, special rules for algorithm explanation, data utilization limitations, and mechanisms to identify bias in AI making. 

• Based on the ‘Digital Personal Data Protection Act, 2023,’ more elaborate frameworks should indicate the extent of data processing involving 

AI with particular regard to the users’ consent as well as the minimization of data processed. 

• AI systems that are being used for the purpose of fraud detection should come under explainability obligations. Lenders ought to be required 

to use models that are capable of providing explanations as to the rationale for their AI-based results. 

• Institutions need to establish bias detection strategies that will help check bias in different population subgroups. This may entail periodic 

assessment, changes in the data feed as well as the utilization of multiple datasets to reduce discrimination in fraud detection. 

• Frameworks for algorithmic justice can provide an understanding of who is/will be to blame when AI makes a wrong move such as a false 

positive/negative. This framework should set guidelines on where the blame falls when something goes wrong between the institution using 

the AI and the AI provider or even anarchists creating those tools. 

• Periodic audits to check the correctness and bias, as well as the efficacy of AI solutions for fraud detection, should be a norm in institutions. 

It’s possible therefore for those with the overall supervision of the systems to set minimum audit requirements that would help check whether 

the systems are still compliant to the current legal and ethical demands. 

• The government and regulators also need to convince or pressure financial institutions to act ethically by following the rules that have been 

set under equality, openness as well as Singapore’s AI governance framework. All the described best practices can be used as a baseline for a 

proper AI implementation. 

• The parties that need to be informed by transparency in the use of AI include customers and the public. Businesses can offer better clarification 

of how and when AI is used to identify fraud and procedures by which users who are likely to be prejudiced by AI can seek redress. 

• Vendors, regulators, consumers, and academia should continue to collectively build standards and policies that nonprofits and other financial 

institutions can adhere to as well as create AI solutions that can effectively deter fraud without encroaching on constitutional rights. 

These targeted measures can constitute a basic strategy to improve the application of AI systems in financial fraud prevention within safe and fair legal 

parameters; strengthening the confidence in the financial domain in India and protecting the country’s financial market from new types of fraud. 

 

 

 


