International Journal of Research Publication and Reviews, Vol (5), Issue (10), October (2024), Page — 2290-2296

International Journal of Research Publication and Reviews

Journal homepage: www.ijrpr.com ISSN 2582-7421

WWW.IJRPR.COM

Anemia Prediction From Eye Images Using Machine Learning

Gurubayi S Hadapad

Department of Computer Science, Rani Channamma University,Belagavi

ABSTRACT :

Anemia is defined as a low level of hemoglobin in the blood, which can seriously harm important organs like the kidneys and heart. Conventional diagnostic
techniques often require intrusive procedures, which causes anxiety in the patient and delays care. Our work uses images of the palpebral conjunctiva, which is
known to show pallor in anemic people, to provide a unique, non-invasive method of detecting anemia. Our approach aims to provide an easy-to-use way of early
detection of at-risk individuals by conjunctival paleness analysis, allowing for prompt treatments. Our innovative method uses machine learning and integration of
eye condition data, guaranteeing quick, simple, and accessible anemia diagnosis for everyone. This technological breakthrough might revolutionize patient
outcomes, boost mental health globally, and alter the way medical care is provided. We think that with more research and development, our approach will
significantly impact the diagnosis of anemia and pave the way for better health outcomes everywhere.

Keywords: Early detection, prompt treatment, machine learning, anemia, hemoglobin, palpebral conjunctiva, non-invasive detection, Health care
transformation and global health

Introduction :

Anemia, a condition characterized by a deficiency of red blood cells or hemoglobin, affects millions of people worldwide and can lead to significant
health complications if left untreated. Traditional methods for diagnosing anemia often involve invasive procedures like blood tests, which can be
uncomfortable for patients and require significant medical resources. In response to these challenges, this project aims to develop a non-invasive, efficient,
and accurate method for anemia prediction using eye images and machine learning techniques. The project leverages the potential of computer vision and
deep learning to analyze images of the conjunctiva (the inner part of the lower eyelid) for signs of anemia. The conjunctiva provides a visible indicator
of hemoglobin levels, as its coloration changes in response to the oxygen-carrying capacity of the blood. By training a machine learning model on a
dataset of labeled eye images, the model can learn to detect subtle variations in color and texture that correspond to different levels of anemia. A
Convolutional Neural Network (CNN), a type of deep learning model particularly well-suited for image analysis tasks, is employed for this purpose. The
model is trained on a diverse dataset containing eye images labeled with corresponding hemoglobin levels or anemia severity scores. The training process
involves several steps, including data preprocessing, image augmentation to increase dataset variability, and model optimization to improve accuracy and
robustness. The goal is to create a model that can generalize well to new, unseen images and provide accurate anemia predictions in a clinical or mobile
health setting. This approach offers several advantages over traditional diagnostic methods. It is non-invasive, reducing patient discomfort and the need
for blood samples. It is also potentially faster and more cost-effective, allowing for quicker diagnosis and broader access to anemia screening, particularly
in remote or resource-limited settings. By harnessing the power of machine learning, this project aims to revolutionize the way 3 anemia is diagnosed and
managed, paving the way for more accessible and patient friendly healthcare solutions.

Literature Survey :

In his discussion of the Random Forest (RF) and Decision Tree (DT) algorithms, Arvind Yadav et al. demonstrate how well these algorithms work in
anemia analysis [1]. Information was gathered for this study from a variety of clinical databases, medical records, surveys, and publicly accessible datasets
[2]. Decision trees, random forests, and SVM’s were all included in the investigation; RF and DT were shown to be the most successful approaches.
These results illustrate the value of using machine learning algorithms to diagnose anemia and demonstrate how RF and DT can enhance diagnostic
precision and provide guidance to clinical decision-makers for better patient care and management [3].anemia non-invasively is effective, with the CNN
algorithm producing the highest accuracy [4]. This analysis was made easier by the dataset, which came from hospitals. In order to extract the region of
interest, a modified circle technique was used to train an eye detection model on eye images. SVM, KNN, and CNN were among the algorithms used;
CNN turned out to be the most accurate approach [5]. This study emphasizes how cutting-edge technologies, including deep learning algorithms and
smartphone cameras, can be used for noninvasive medical diagnostics. This could completely change the way anemia is detected and screened for better
healthcare results [6]. The studies referenced explore the effectiveness of machine learning algorithms, particularly Decision Trees (DT), Random Forests
(RF), and Convolutional Neural Networks (CNN), in diagnosing anemia. In a study by Arvind Yadav et al., data from clinical databases, medical records,
and publicly available datasets were analyzed, showing that DT
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and RF algorithms were the most successful in predicting anemia, outperforming SVM. These algorithms enhance diagnostic accuracy and assist clinical
decision-makers in patient care. Another analysis focused on using CNNs for anemia detection from eye images. Using a modified circle technique for
region extraction and training models on hospital datasets, CNN achieved the highest accuracy, surpassing SVM and KNN.

3.Proposed Methodology :
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Figure 1. Working Architecture of the anemia prediction

A machine learning-based approach for predicting anemia from ocular pictures may consist of multiple stages. First, a sizable collection of
eye pictures from people with and without anemia would have to be gathered.

The next important step would be to preprocess the photos, which might involve shrinking, noise reduction, and emphasizing elements that
are of interest, such the conjunctiva. Feature detection algorithms and picture segmentation techniques could be used to extract key aspects
associated with anemia, such as blood vessel patterns and paleness.

A machine learning model, like a convolutional neural network (CNN), which is excellent at picture classification tasks, would then be trained
using these features.

By using patterns discovered in the dataset, the model would be trained to distinguish between cases that were healthy and those who were
anemic.

Techniques for model optimization and hyper parameter tuning would be used during training to raise prediction accuracy. In order to assess
the model's performance and improve its predictive skills, it would then be subjected to testing and validation using unobserved data. A non-
invasive, economical, and effective tool for anemia screening might be offered by this method

Data Collection:

1.1 Eye Image Dataset
To develop a robust anemia prediction model, a large dataset of labeled eye images (anemic and non-anemic) is required.
The dataset should include:

Diverse populations: Eye images from different age groups, genders, ethnicities, and geographic regions.

High-resolution images: To capture fine details in the conjunctiva, sclera, and other eye regions.

Various lighting conditions: Images taken under different lighting to improve model robustness.

Clinical labels: Each image should be paired with the corresponding hemoglobin levels or anemia diagnosis from blood tests.

1.2 Image Acquisition
Images can be acquired using smartphone cameras, specialized medical imaging devices, or other optical instruments. It's important to establish standard
protocols for image capture to ensure consistency, such as:

Positioning the camera at a specific distance from the eye.
Maintaining consistent lighting conditions.
Ensuring the subject looks in a specific direction to expose the conjunctiva fully.
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2. Data Preprocessing

2.1 Image Normalization
To reduce the effects of variations in lighting, exposure, and contrast, normalization techniques should be applied. This may involve:
. Histogram equalization: To enhance contrast.
. Brightness and color normalization: To ensure the model focuses on clinical features rather than lighting artifacts.
. Image cropping: Focusing on the region of interest (ROI), such as the lower conjunctiva, sclera, and eyelids.

2.2 Augmentation
To enhance model generalization, data augmentation techniques can be applied:
e  Rotation and scaling to mimic different angles.
e  Flipping and zooming for variance.
e  Color jittering to simulate various lighting conditions.
Feature Extraction: Analyze color intensity and texture patterns in the conjunctiva and sclera using image processing techniques. Segment
relevant areas to focus on features indicative of anemia.
Model Selection and Training: Utilize convolutional neural networks (CNNs) for image classification. Split the dataset into training, validation, and test
sets, and train the model while optimizing hyper parameters and employing cross-validation.
Model Evaluation: Assess model performance using metrics like accuracy, sensitivity, specificity, and F1 score on validation and test ~ datasets.
Deployment and Monitoring: Deploy the model as an application for clinical use and establish a feedback loop for ongoing improvement.
Ethical Considerations: Ensure ethical compliance by obtaining informed consent and addressing potential biases in the dataset.

4. Implementation and results :
Step 1:
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If.you were creating this platform or attempting to put anything similar into practice, it would entail:

Front-end: A user-friendly interface (probably built with Django and frameworks) that allows users to register, upload photographs,

and browse the platform.Back-end: The incorporation of machine learning models for the purpose of processing and analysing the uploaded
photos. Machine Learning Model: Trained to recognise specific visual patterns in eye photos to identify anaemia
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"Create an Account" is the title. The page where visitors can register a new account on the site is clearly marked as such in the form's primary heading.Form
Fields:Your Name: The user must type their entire name. The name entered in this instance is "Gurubayi."Your electronic mail The user's email address
needs to be entered. The email address "gurubayigurubi@gmail.com" is given here; it's probably going to be used for correspondence, account verification,
or login.Username: A special way to identify a person. The value that was input into the form is "guru."The password that the user will use to access the
system should be secure. The password field on the form is marked with dots, suggesting that it is hidden for security reasons. Conditions and Errors
Checkbox:One of the options is marked "I agree and accept the terms and conditions." In order to make sure users accept the rules of the site before
registering an account, this field is necessary.Button to Create Account:After completing all fields and agreeing to the terms and conditions, the user can
click the blue "CREATE ACCOUNT" button.

Step 3:
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"Login to Account™ is the title.Users are informed In this part that In order to access their platrorm account, they must log in.torm Fields:Username: In

order to log in, the user must input their username. The username entered in this instance is "guru."Password: The password is entered by the user and is

concealed or disguised for security (shown by dots).Button for Login:After the user enters their credentials, the form is submitted using the blue "LOGIN"

button located at the bottom. They will be verified and given access to their account if the username and password are accurate.Button for navigation

("Go to Home"):There is a "GO TO HOME" button in the upper left corner, which probably takes viewers directly back to the platform's home page.
Step 4:
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Platform

Our platform uses advanced machine learning
models to provide accurate and efficient detection

of diabetic retinopathy. Early detection can save
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Menu Bar:Upload Retinal Image: This option probably enables users to submit retinal images of their eyes for examination by the machine learning
model on the platform.When a user has completed using the platform, there is a button to log them out of their account.primary banner imageAn eye-
shaped medical inspection tool is seen in the huge image on the right. It appears that this device is examining the anterior portion of the eye because the
terms "Normal” and "Anterior" are visible.This bolsters the theory that the platform uses picture analysis of the eyes (like retina scans) to identify
medicaldisorders.
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Step 5:
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Choose File: This button lets the user choose which picture file to upload from their PC. The user can submit the image to the platform for analysis by
clicking the."Upload",button.after,selecting.the.file. This indicates that no file has been selected yet, with the text "No file chosen" shown here. The name
of the selected file will probably show up here.The Upload Button:The user can upload the chosen eye image to the platform's backend by clicking the
green "Upload" button. After the photograph is submitted, the platform usually processes it with machine learning algorithms to identify disorders related
to the eyes, such as anaemia or diabetic retinopathy, or other medical issues.

Step 6:
v @ Image Upload Result X o+ = a X
<« G @ 127.00.1:8000/upload_image2/ % O
MEDICAL IMAGE ANALYSIS
Upload Eye Images
[(Choose File | No file chosen Original Image:

Prediction

Class: Mild
Confidence: 0.821557879447937

This section presents the results of the analysis performed by the platform’s machine learning model.  Class: The system has identified the condition as
"Mild". In the context of diabetic retinopathy, "mild" indicates the early stages of the disease, where there may be small changes or minor abnormalities
in the retina, such as microaneurysms.Early detection, such as in this "mild" classification, is crucial for treatment to prevent progression to more severe
stages.Confidence:The confidence score is 0.821557879447937, or approximately 82.16%.This means that the machine learning model is 82.16%
confident in its classification of the condition as "Mild." This score is important for understanding how certain the model is about its prediction.Confidence
scores closer to 1 (or 100%) indicate a higher certainty in the model’s prediction.
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Step 7:
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Prediction

Class: Severe
Confidence: 0.7248837351799011

Prediction Section:This section provides the results of the analysis carried out on the retinal image by the platform’s machine learning algorithm.Class:
Mild: The term "Mild" refers to the severity of the detected condition. In the context of diabetic retinopathy, this classification suggests an early stage of
the disease.In mild diabetic retinopathy, the retina may show small changes, such as microaneurysms (tiny bulges in blood vessels), but it hasn't yet
progressed to more severe symptoms like macular edema or extensive bleeding.Confidence: 0.821557879447937:The confidence score is 0.8216, or
about 82.16%. This score indicates how certain the model is about its prediction.A higher confidence score (closer to 1.0) means the model is more certain

of the classification. In this case, the model is fairly confident that the retinal image corresponds to the "Mild" class of the condition.

Conclusion :

This work shows that anemia may be accurately predicted with ocular imaging methods, offering a less invasive and more affordable diagnostic option.
Our strategy makes use of cutting-edge image analysis and machine learning techniques to enable early detection, which is essential for prompt treatment
and better patient outcomes. These results demonstrate how eye-based diagnostics can be included into standard medical care, particularly in places with
low resources. Subsequent investigations ought to concentrate on augmenting the precision of the model, broadening its validation across heterogeneous
groups, and investigating the assimilation of extra biomarkers to further enhance predictive powers.
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