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ABSTRACT 

Environmental monitoring plays a crucial role in understanding and mitigating the impact of various environmental factors on ecosystems, human health, and the 

planet as a whole. With the rapid advancement of edge computing technologies, there is a growing interest in leveraging edge computing capabilities for real-time 

environmental monitoring and analysis. This paper reviews existing research and presents an overview of resource management in edge computing. It discusses the 

key challenges, presents state-of-the-art techniques, and identifies open research directions in resource management for edge computing. The effective utilization 

of computing, storage, and networking resources in edge computing systems holds great potential for enabling efficient and scalable edge applications, improving 

user experiences, and driving advancements in various domains, such as IoT, smart cities, and healthcare. 

Introduction: 

Resource management in edge computing refers to the strategies and techniques employed to efficiently allocate and utilize computational resources 

within edge computing environments. Edge computing involves processing and storing data closer to the edge of the network, in proximity to the devices 

generating or consuming that data. 

Resource management in edge computing focuses on optimizing the utilization of computing, storage, and networking resources available at the edge 

devices, edge servers, and cloud infrastructure. It involves making decisions about resource allocation, task scheduling, load balancing, and energy 

management to ensure effective and efficient operation of edge computing systems. 

Literature study: 

We had referred some good resources for further exploration of the topic of edge computing. 

  The survey paper provides an overview of edge computing, 

including its definition, architecture, challenges, and applications. 

It also discusses various research directions and open issues in the 

field. 

Edge Computing: A Survey" by Shi, W., Cao, J., Zhang, Q., Li, Y., 

& Xu, L. (2016). 

The article discusses the significance of edge computing in the 

context of the Internet of Things (IoT). It explores the motivations 

for edge computing, its benefits, and challenges. The author also 

provides insights into the potential applications and future 

directions of edge computing. 

The Role of Edge Computing in the Internet of Things" by 

Satyanarayanan, M. (2017). 

The book provides a comprehensive overview of edge computing, 

covering topics such as architecture, resource management, 

security, privacy, and application scenarios. It offers insights into 

the opportunities and challenges of edge computing and presents 

case studies and real-world examples. 

"Edge Computing: Extending Cloud Computing to the Edge of the 

Network" by Shi, W., Dustdar, S., & Wang, C. (2016).  

 

The book provides an in-depth understanding of fog and edge 

computing concepts, architectures, and technologies. It covers 

various aspects, including resource management, data management, 

security, and applications. The book includes contributions from 

leading researchers and practitioners in the field. 

"Fog and Edge Computing: Principles and Paradigms" edited by 

Bonomi, F., Milito, R., Zhu, J., & Addepalli, S. (2018). 
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The survey paper focuses on mobile edge computing (MEC), which 

is a specific application of edge computing. It discusses the 

motivations, challenges, and potential solutions for MEC. The 

paper also presents various MEC-enabled applications and research 

directions. 

Mobile Edge Computing: Opportunities, Solutions, and 

Challenges" by Mao, Y., You, C., Zhang, J., Huang, K., & Letaief, 

K. B. (2017). 

The paper explores the integration of edge computing and artificial 

intelligence (AI). It discusses the role of edge computing in 

enabling AI applications, such as real-time inference and edge-

based AI training. The authors also highlight the challenges and 

opportunities in the convergence of edge computing and AI. 

Edge Computing: The Next Frontier in Artificial Intelligence" by 

Hsin-Mu (Michael) Tsai, Hung-Yu Wei, Sheng-Wei Chen, and 

Sheng-Wei Chen. (2021). 

 

These resources provided us a solid foundation for understanding edge computing, its applications, challenges, and research directions and served as 

valuable resources for further study and exploration in the field of edge computing. 

Effective resource management in edge computing: 

Implementing effective resource management in edge computing involves a combination of techniques and strategies. Here are some key steps to consider: 

• Resource Allocation: Determining how to allocate computational resources, such as CPU, memory, and storage, among multiple edge devices 

or edge servers in a distributed environment. This involves deciding which tasks or services should be executed at each edge device or server 

based on factors such as resource availability, task requirements, and system constraints. 

• Task Scheduling: Deciding when and where to execute tasks or applications in edge computing systems. Task scheduling aims to minimize 

response time, optimize resource utilization, and ensure quality of service (QoS) requirements are met. Scheduling decisions may consider 

factors like task dependencies, resource availability, network conditions, and user preferences. 

• Load Balancing: Distributing the computational workload evenly across edge devices or servers to avoid resource bottlenecks and improve 

overall system performance. Load balancing aims to optimize resource utilization, reduce response times, and ensure fairness in resource 

allocation. Dynamic load balancing techniques may be used to adaptively adjust resource allocations based on workload fluctuations. 

• Energy Management: Efficiently managing energy consumption in edge devices and servers. Since edge devices are often constrained by 

limited power resources, energy management techniques aim to optimize resource usage while minimizing energy consumption. This may 

involve strategies such as dynamic voltage and frequency scaling (DVFS), sleep modes, or task consolidation to maximize energy efficiency. 

• Fault Tolerance and Resilience: Ensuring the reliability and availability of edge computing systems by implementing fault tolerance 

mechanisms. This involves techniques for detecting and handling failures in edge devices or servers, performing fault recovery, and ensuring 

continuous operation of critical services. 

Effective resource management in edge computing is crucial to achieve efficient resource utilization, improve system performance, and meet the 

requirements of latency-sensitive and bandwidth-intensive applications that rely on edge computing capabilities. 

Research Ideas in Implementing effective resource management in edge computing 

Implementing effective resource management in edge computing is an important research area due to the unique characteristics and challenges posed by 

edge environments. Here is an elaboration on the research aspects of implementing effective resource management in edge computing: 

• Resource Management Algorithms: Research can focus on developing novel algorithms and optimization techniques for resource management 

in edge computing. This includes designing efficient resource allocation policies, task scheduling algorithms, and load balancing techniques. 

These algorithms should consider the heterogeneity of edge devices, dynamic resource availability, varying network conditions, and QoS 

requirements of different applications. 

• Edge Intelligence and Machine Learning: Explore the integration of edge intelligence and machine learning techniques in resource 

management. This involves leveraging data analytics, predictive modeling, and machine learning algorithms to analyze historical resource 

usage patterns, predict future resource demands, and dynamically adapt resource allocation decisions. Machine learning can also assist in 

making intelligent decisions for task scheduling, load balancing, and energy management based on real-time data. 

• QoS-aware Resource Allocation: Investigate resource allocation strategies that take into account the specific QoS requirements of different 

applications in edge computing. This includes considering latency, bandwidth, reliability, security, and other application-specific constraints 

while allocating resources. Research can focus on developing algorithms and policies that prioritize critical applications or dynamically 

allocate resources based on application priorities. 

• Energy-efficient Resource Management: Energy efficiency is a crucial aspect of resource management in edge computing due to the limited 

power resources of edge devices. Research can focus on developing energy-aware resource allocation and task scheduling algorithms that 
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optimize energy consumption while meeting application requirements. Techniques such as dynamic voltage and frequency scaling (DVFS), 

sleep mode activation, and workload consolidation can be explored to minimize energy consumption. 

• Network-aware Resource Management: Address the impact of network conditions on resource management in edge computing. Research can 

investigate techniques to optimize resource allocation and task scheduling based on network bandwidth, latency, and reliability. This includes 

considering network congestion, link quality, and varying network conditions to ensure efficient resource utilization and application 

performance. 

• Security and Privacy in Resource Management: Explore security and privacy considerations in resource management for edge computing. 

Research can focus on developing mechanisms for secure resource allocation, access control, and authentication in distributed edge 

environments. Privacy-preserving techniques can also be explored to protect sensitive data during resource management operations. 

• Experimental Evaluation and Benchmarking: Conduct experimental evaluations and benchmarking of resource management techniques in 

realistic edge computing environments. This involves implementing resource management algorithms, collecting performance metrics, and 

evaluating factors such as resource utilization, response time, energy consumption, scalability, and system stability. Comparative studies and 

performance evaluations can help validate the effectiveness and efficiency of different resource management strategies. 

• Real-world Deployment and Case Studies: Explore real-world deployments of resource management techniques in edge computing scenarios. 

Collaborate with industry partners to evaluate the practicality, scalability, and performance of resource management solutions in diverse 

application domains such as smart cities, industrial automation, healthcare, or transportation. Case studies can provide insights into the 

challenges and benefits of implementing resource management in real-world edge computing environments. 

It is important for researchers to consider the specific requirements and constraints of the target edge computing environment, including device 

capabilities, network characteristics, application diversity, and scalability requirements. Collaboration with industry partners and stakeholders can 

facilitate the validation and practical implementation of resource management techniques in real-world scenarios. 

Real-world Deployment and Case Studies for effective resource management in edge computing 

 Some new real-world deployment and case study ideas for effective resource management in edge computing can be: 

• Smart Grid Energy Management: Explore resource management techniques in edge computing for smart grid energy management systems. 

Investigate how edge devices and servers can dynamically allocate resources and optimize energy usage to balance energy generation, 

consumption, and storage within the smart grid infrastructure. Evaluate the effectiveness of resource management strategies in improving grid 

efficiency, reducing energy wastage, and ensuring reliable power supply. 

• Industrial IoT: Implement resource management techniques in edge computing for industrial IoT environments. Deploy edge devices and 

servers in manufacturing plants or industrial facilities to monitor and control critical processes. Investigate how resource allocation and task 

scheduling algorithms can optimize real-time data processing, machine monitoring, predictive maintenance, and quality control tasks. Evaluate 

the impact of edge resource management on productivity, efficiency, and cost savings in industrial settings. 

• Intelligent Transportation Systems: Deploy edge computing nodes in intelligent transportation systems to manage real-time traffic data 

processing, vehicle-to-vehicle communication, and intelligent decision-making. Investigate resource management strategies to optimize data 

processing and analysis, traffic prediction, and dynamic routing algorithms at the edge. Evaluate the impact of edge resource management on 

reducing congestion, improving traffic flow, and enhancing road safety. 

• Healthcare Edge Computing: Implement resource management techniques in edge computing for healthcare applications. Deploy edge devices 

and servers in hospital environments to process and analyze patient data, facilitate remote monitoring, and support real-time medical 

interventions. Investigate resource allocation algorithms to ensure timely access to critical healthcare services, optimize data transmission for 

telemedicine, and manage privacy-sensitive data at the edge. Evaluate the impact of edge resource management on healthcare efficiency, 

patient outcomes, and cost-effectiveness. 

• Edge-Assisted Augmented Reality (AR) and Virtual Reality (VR): Explore resource management in edge computing for immersive AR and 

VR applications. Deploy edge servers and devices to offload processing-intensive tasks, reduce latency, and enhance the user experience. 

Investigate resource allocation and task scheduling algorithms to optimize rendering, content delivery, and network bandwidth utilization in 

AR/VR systems. Evaluate the impact of edge resource management on enhancing the realism, interactivity, and responsiveness of AR/VR 

applications. 

• Edge Computing for Environmental Monitoring: Deploy edge devices and servers in environmental monitoring systems to collect, process, 

and analyze data from various sensors deployed in natural environments. Investigate resource management techniques to optimize data 

aggregation, analysis, and decision-making at the edge. Evaluate the effectiveness of edge resource management in improving real-time 

environmental monitoring, early warning systems, and natural disaster response. 
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These real-world deployment and case studies can provide insights into the practical implementation and impact of resource management techniques in 

edge computing. They can help validate the effectiveness, efficiency, and benefits of edge resource management in diverse application domains, 

addressing specific challenges and requirements unique to each deployment scenario. 

Edge Computing for Environmental Monitoring 

Edge computing for environmental monitoring involves deploying edge devices and servers to collect, process, and analyze data from various sensors 

deployed in natural environments. It aims to optimize data aggregation, analysis, and decision-making at the edge, enabling real-time environmental 

monitoring, early warning systems, and efficient natural disaster response. Here's an elaboration on the topic: 

• Deployment Scenario: In environmental monitoring, edge devices equipped with sensors, such as weather sensors, air quality sensors, 

soil moisture sensors, or water quality sensors, are distributed across remote or challenging-to-access areas. These sensors collect data 

on parameters like temperature, humidity, air pollution levels, water quality, or seismic activity. The collected data is then processed, 

analyzed, and transmitted to the edge servers or cloud for further analysis and decision-making. 

• Data Processing and Analysis at the Edge: Edge computing in environmental monitoring optimizes the processing and analysis of data 

at the edge devices. This can involve applying data filtering techniques to remove noise or outliers, performing data aggregation to 

reduce the amount of data transmitted, and conducting real-time data analysis using algorithms for anomaly detection, pattern 

recognition, or forecasting. 

• Resource Management in Environmental Monitoring: Efficient resource management is crucial for edge computing in environmental 

monitoring. It involves optimizing the allocation and utilization of computational resources in the edge devices and servers. This can be 

achieved through techniques such as load balancing, task offloading, and resource allocation algorithms. The objective is to ensure timely 

and efficient data processing and analysis while conserving energy and minimizing network bandwidth usage. 

• Real-time Decision-making and Alerts: With edge computing, real-time decision-making and alerts can be enabled for environmental 

monitoring. Edge devices can analyze sensor data locally, detect environmental anomalies or critical events, and trigger immediate alerts 

or notifications for appropriate actions. For example, in the case of a sudden increase in air pollution levels, the edge device can detect 

the anomaly, issue an alert, and potentially trigger actions like adjusting air filtration systems or notifying relevant authorities. 

Edge computing for environmental monitoring faces several challenges and offers research opportunities. These include addressing the limited 

computational resources and power constraints of edge devices, designing efficient algorithms for real-time data analysis, ensuring data privacy and 

security in edge environments, and handling scalability in large-scale sensor networks. Additionally, optimizing the trade-off between local processing 

at the edge and transmitting data to the cloud for further analysis is an area of ongoing research. 

Benefits and Challenges: 

Edge computing in environmental monitoring offers several benefits. It reduces latency by enabling real-time data analysis at the edge, leading to faster 

responses to environmental events. It also minimizes the need for continuous data transmission to the cloud, reducing network bandwidth requirements 

and associated costs. Applications include wildfire monitoring, flood detection, air quality monitoring in urban areas, precision agriculture, and ecosystem 

monitoring. 

The challenges in resource management for edge computing systems include resource allocation in highly distributed environments, dealing with dynamic 

and unpredictable workloads, ensuring QoS guarantees, handling failures, and addressing security concerns. Various approaches have been proposed to 

tackle these challenges, including machine learning-based resource allocation, heuristic-based task scheduling algorithms, and dynamic resource 

provisioning techniques. 

Conclusion 

Edge computing for environmental monitoring leverages the capabilities of edge devices and servers to enhance real-time data processing, analysis, and 

decision-making in the context of environmental monitoring. By bringing computation closer to the data source, edge computing enables efficient and 

timely environmental monitoring, early warning systems, and effective natural disaster response. In conclusion, edge computing for environmental 

monitoring leverages the computational capabilities of edge devices and servers to enhance real-time data processing, analysis, and decision-making. By 

bringing computation closer to the data source, it enables efficient and timely environmental monitoring, early warning systems, and effective natural 

disaster response. Edge computing offers benefits such as reduced latency, improved scalability, increased resilience, and the ability to make critical 

decisions in a timely manner, contributing to enhanced environmental management and safety. 
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