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ABSTRACT –  

The problem of traffic congestion is enormous and has an impact on the daily lives of many people in many countries. Despite the fact that it appears to be present 

virtually everywhere, urban areas are the ones most affected areas experiencing inadequate capacity, unregulated demand, prolonged wait times, and can contribute 

to congestion in traffic. For better signal control and efficient traffic management, it is essential to have real -time awareness of the road traffic density, which is 

always increasing. Numerous factors. Each light's delay is hard-coded and unrelated to traffic, despite the fact that insufficient capacity and unchecked demand are 

somewhat related. Traffic control must be optimized and simulated to effectively meet this growing demand. The only way to reduce traffic congestion is to improve 

infrastructure. In recent years, image processing and surveillance systems have been extensively utilized in traffic management for traveler information, ramp 

metering, and real-time updates. Estimating the density of traffic can also be done with image processing.With the assistance of an intelligent transportation 

management system, it is necessary to manage the traffic sequence. In addition, the conventional systems are unable to handle crucial situations. Improved and 

more effective methods for managing traffic and reducing congestion on the busiest roads in major cities can be achieved by combining cutting-edge computer 

technology with deep learning. A dynamic traffic signal timer setting algorithm and a vehicle counting model are presented in this paper, along with a comparison 

of various YOLO versions. After the video is processed, the vehicles in all of the different lanes are counted. Depending on the number of vehicles in a lane, it is 

placed in one of the three categories of low, medium, or high vehicle density. The other three lanes are also taken into account when classifying a lane, and the 

green signal timer is dynamically set based on the number of vehicles in those lanes. This project shows how to use live images from traffic intersection cameras 

and image processing to calculate the real-time traffic density. In addition, it focuses on the algorithm for adjusting traffic signals in response to the number of 

vehicles on the road in order to reduce traffic congestion and, as a result, the number of accidents. As a result, people will be able to travel safely, and fuel 

consumption and waiting times will decrease. It will also deliver a lot of information that will help study and plan future road projects. Additional traffic lights may 

be synchronized with one another with the intention of promoting traffic flow and reducing congestion. The technology does not search for automobiles using 

electronic sensors buried in the pavement, instead, photographs are used. The traffic light will have a camera installed next to it. It will record short videos. Image 

processing is a more effective strategy for controlling the traffic light's state change. It demonstrates that it is possible to reduce traffic congestion and avoids losing 

time due to a green signal on an empty road. It also calculates the presence of vehicles with greater accuracy because it use s actual traffic photos. Because it can 

envision the practicality, it performs much better than systems that rely on the metal content of automobiles. 
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INTRODUCTION 

The issue of traffic congestion is getting worse everywhere we look and needs to be addressed more effectively in light of the ongoing increase in traffic 

in the not-too-distant future. The development of an intelligent control system to manage traffic flow emerges as the superior and most cost-effective 

option among the majority of suggested solutions, including the expansion of existing infrastructure or the modification of citizen commute patterns. The 

more intelligent control system part here refers to using machine learning algorithms and more complex timing algorithms to solve the problem 

independently. Rather than utilizing fixed time spans, the framework ought to have the option to set variable clocks to every path. 

 

Real-time computation of these variable timers should be done by algorithms based on various traffic conditions. Utilizing such arrangements, in actuality, 

can decidedly influence different qualities of a day to day drive, particularly in metropolitan urban communities. In addition, it may assist in managing a 

smooth traffic flow with as few stops as possible while preserving a number of valuable resources like time and fuel. 

 

One could say that the growing use of public transportation in major cities is the primary driver behind this kind of solution. Rapid transit and 

transportation systems are essential to any state's economic development. More populace implies more vehicles on the roads step by step. 

 

The rapid growth of traffic does not factor into the design of conventional traffic management systems. As a result, it is unable to keep up with the daily 

varying traffic conditions. Computer vision and machine learning have improved significantly over the past few years, making them much simpler to 

use. In many ways, improving the flow of transportation benefits from employing techniques like deep learning to automatically detect and adjust vehicles. 

The traffic flow patterns can be identified and an algorithm can be developed to respond accordingly. This not only improves traffic management 

efficiency but also strengthens the system. 

http://www.ijrpr.com/
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The development of a quick and dependable solution to the issue of traffic congestion is the primary objective of this work. The solution needs to be 

smart and able to make decisions based on the different situations in the different lanes. The proposed model has different phases. The processing of 

video is the first step. The model is fed a continuous video stream from the traffic camera at the traffic signal intersection. The frames from the video 

input are taken out during the video processing. Because there are hundreds of frames in a few-second stream, it is not possible or necessary to process 

each frame because the vehicle density does not significantly change between two frames. 

 

LITERATURE REVIEW 

Problems like rising traffic volumes and busier roads are common in our daily lives. As a consequence of this, the significance of intelligent traffic 

surveillance systems that are able to make a significant contribution to highway monitoring and road management systems is growing. Segmentation and 

clustering methods have been utilized to address lane detection issues by authors Jose Melo and others. 

 

Melo and Naftel present a method for detecting and classifying highway lanes using vehicle motion data in "Detection and Classification of Highway 

Lanes Using Vehicle Motion Trajectories." Through experiments on actual highway data, the authors demonstrate the efficacy of their method .Jose Melo 

and Naftel research on "Detection and Classification of Highway Lanes Using Vehicle Motion Trajectories" is a study that explores a new method for 

detecting and classifying highway lanes using vehicle motion trajectories. The goal of this research is to improve the accuracy and reliability of lane 

detection systems in autonomous vehicles, which is an essential aspect of achieving safe and efficient self-driving technology. 

 

The researchers used a dataset of real-world driving scenarios to train and test their lane detection and classification algorithm. The dataset included 

various road types, weather conditions, and traffic patterns to ensure the algorithm's robustness and adaptability to different driving environments. 

 

The approach used by Melo and Naftel involves analyzing the motion trajectories of vehicles in a video feed to detect and classify the lanes. The algorithm 

uses computer vision techniques, such as object detection and tracking, to extract the motion trajectories of vehicles and estimate the lane boundaries 

based on the vehicles' movements. 

 

The researchers evaluated the performance of their algorithm using various metrics, such as accuracy, precision, and recall, and compared it to other 

state-of-the-art lane detection methods. The results showed that their approach outperformed existing methods in terms of accuracy and robustness, 

demonstrating its potential for real-world deployment. 

 

In conclusion, the research conducted by Jose Melo and Naftel on "Detection and Classification of Highway Lanes Using Vehicle Motion Trajectories" 

offers a promising new approach to improving lane detection and classification in autonomous vehicles. Their work highlights the importance of 

developing robust and reliable algorithms for self-driving technology, which is crucial for achieving safe and efficient autonomous transportation systems 

in the future [1]. 

 

Abdagic et al. published a paper titled "Counting Traffic Using Optimal Flow Algorithm on Video Footage of a Complex Crossroad." utilizing video 

footage and an optimal flow algorithm, propose a method for counting the number of vehicles at a complex intersection. The research conducted by 

Abdagic on "Counting Traffic Using Optimal Flow Algorithm on Video Footage of a Complex Crossroad" focuses on developing a new approach for 

accurately counting traffic in a complex crossroad using video footage. 

 

The traditional methods of traffic counting, such as manual counting or using sensors, can be time-consuming, expensive, and sometimes inaccurate. The 

goal of this research is to overcome these limitations by utilizing computer vision and machine learning techniques to develop a more efficient and 

accurate traffic counting system. 

 

Abdagic's approach uses an optimal flow algorithm to track and count vehicles in the video footage of a complex crossroad. The algorithm works by 

estimating the most probable path of each vehicle based on their movements and 

the road network's topology. This method enables accurate tracking of vehicles even when they change lanes or cross paths with other vehicles. 

 

The researcher evaluated the performance of the proposed algorithm on a dataset of real-world traffic scenarios captured using surveillance cameras. The 

results showed that the algorithm achieved high accuracy and reliability in counting the number of vehicles passing through the complex crossroad. 

 

The approach proposed by Abdagic has several advantages over traditional traffic counting methods. It can handle complex crossroads with multiple 

lanes and different traffic flows and is less expensive and time-consuming than other methods. The system can also provide real-time traffic counting 

data, which can be used for traffic management, congestion analysis, and planning. 

 

In conclusion, the research conducted by Abdagic on "Counting Traffic Using Optimal Flow Algorithm on Video Footage of a Complex Crossroad" 

offers a new and promising approach to traffic counting using computer vision and machine learning techniques. The system's accuracy and efficiency 

make it a viable alternative to traditional traffic counting methods, with potential applications in traffic management and urban planning. 
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In October of 2010, the paper was presented at the IEEE Elmar conference [2]. 

 

Jadhav et al.'s "Smart Traffic Control System Using Image Processing" describes the development of an image processing-based traffic control system 

to enhance traffic flow safety and efficiency. Based on the volume and movement of vehicles, the system is designed to analyze video footage of traffic 

intersections and adjust traffic signals in real time.Jadhav's research on "Smart Traffic Control System Using Image Processing" is focused on developing 

a new approach for traffic control using computer vision and image processing techniques. The goal of this research is to improve traffic flow, reduce 

congestion, and enhance the overall safety of road users. 

 

The proposed system uses cameras to capture real-time traffic data, which is processed using image processing algorithms. The algorithms analyze the 

images to identify the number of vehicles and their positions, speeds, and directions of movement. Based on this information, the system can adjust the 

traffic signals to optimize traffic flow and reduce congestion. 

 

The system's performance was evaluated using a real-world dataset, and the results showed that it was effective in reducing congestion and improving 

traffic flow. The system was also shown to be adaptable to different traffic conditions and capable of handling a high volume of vehicles. 

 

Jadhav's research has several advantages over traditional traffic control systems. The system can adapt to real-time changes in traffic conditions and can 

be customized for different road networks and traffic scenarios. It is also less expensive and more efficient than other traffic control systems, making it 

a viable alternative for cities and towns with limited budgets. 

 

In conclusion, Jadhav's research on "Smart Traffic Control System Using Image Processing" offers a promising new approach to traffic control that uses 

computer vision and image processing techniques. The system's effectiveness, efficiency, and adaptability make it a valuable tool for reducing 

congestion, improving traffic flow, and enhancing road safety. 

 

In March of 2016, the paper appeared in the International Research Journal of Engineering and Technology [3]. 

 

Dey and Rahman provide a method for utilizing image processing and data mining techniques to estimate and predict traffic density in urban areas in 

"Application of Image Processing and Data Mining Techniques for Traffic Density Estimation and Prediction." Dey and Rahman's research on 

"Application of Image Processing and Data Mining Techniques for Traffic Density Estimation and Prediction" focuses on developing a new approach 

for estimating and predicting traffic density using image processing and data mining techniques. 

 

The proposed system uses cameras to capture real-time traffic data, which is processed using image processing algorithms to estimate the number of 

vehicles in a given area. The system also uses data mining techniques to analyze historical traffic data to identify patterns and trends in traffic flow. 

 

The system's performance was evaluated using a real-world dataset, and the results showed that it was effective in estimating and predicting traffic 

density. The system was also shown to be adaptable to different traffic conditions and capable of handling a high volume of vehicles. 

 

One of the advantages of the proposed system is that it can provide accurate and real-time traffic density estimates, which can be used for traffic 

management and planning. The system can also be used to predict future traffic density, which can help transportation authorities to take proactive 

measures to prevent congestion and reduce the risk of accidents. 

In conclusion, Dey and Rahman's research on "Application of Image Processing and Data Mining Techniques for Traffic Density Estimation and 

Prediction" offers a promising new approach to traffic management using image processing and data mining techniques. The system's accuracy, efficiency, 

and adaptability make it a valuable tool for transportation authorities to manage traffic flow, reduce congestion, and enhance road safety. 

 

In their case study, they use traffic data from an Indian highway to demonstrate how these methods work [4]. 

 

Bochkovskiy, Wang, and Liao present YOLOv4, an improved, speedier, and more accurate version of the well-known YOLO object detection algorithm. 

Bochkovskiy, Wang, and Liao's research on YOLOv4 (You Only Look Once version 4) focuses on developing a state-of-the-art object detection model 

for real-time applications. 

 

Object detection is an important task in computer vision that involves identifying and localizing objects within an image or video. YOLOv4 builds upon 

the success of previous YOLO models and leverages recent advancements in computer vision and deep learning to achieve higher accuracy and faster 

performance. 

 

The researchers' approach uses a hybrid backbone network consisting of both CSPNet (Cross Stage Partial Network) and SPPNet (Spatial Pyramid 

Pooling Network) to extract features from images. The model also employs a novel Mish activation function and a novel Spatial Attention Module to 

enhance feature extraction and object detection. 

 

The performance of the YOLOv4 model was evaluated on standard object detection benchmarks, and the results showed that it outperforms previous 

state-of-the-art models in terms of both accuracy and speed. The model also demonstrated robustness to variations in lighting, scale, and occlusion. 
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The YOLOv4 model has several advantages over previous object detection models. It is faster, more accurate, and more robust, making it well-suited for 

real-time applications such as self-driving cars, video surveillance, and robotics. 

 

In conclusion, Bochkovskiy, Wang, and Liao's research on YOLOv4 is a significant advancement in the field of computer vision and deep learning. The 

model's high accuracy and real-time performance make it a valuable tool for a wide range of applications, including object detection and recognition. 

 

They demonstrate its superior performance on a variety of benchmarks and compare it to previous versions [5].  

Dai and co. present a system for including vehicles in video film utilizing picture handling and AI procedures. Dai's research on "Video-Based Vehicle 

Counting Structure" focuses on developing a new approach for vehicle counting using computer vision and image processing techniques. The goal of this 

research is to improve traffic management and reduce congestion by accurately counting the number of vehicles passing through a particular area. 

 

The proposed system uses cameras to capture real-time traffic data, which is processed using image processing algorithms to detect and track vehicles. 

The system then counts the number of vehicles passing through the area based on their trajectory and direction of movement. 

 

The system's performance was evaluated using a real-world dataset, and the results showed that it was effective in accurately counting the number of 

vehicles passing through the area. The system was also shown to be adaptable to different traffic conditions and capable of handling a high volume of 

vehicles. 

 

One of the advantages of the proposed system is that it can provide accurate and real-time vehicle counts, which can be used for traffic management 

and planning. The system can also be used to analyze traffic patterns and identify areas of congestion, which can help transportation authorities to take 

proactive measures to prevent congestion and reduce the risk of accidents. 

 

In conclusion, Dai's research on "Video-Based Vehicle Counting Structure" offers a promising new approach to vehicle counting using computer vision 

and image processing techniques. The system's accuracy, efficiency, and adaptability make it a valuable tool for transportation authorities to manage traffic 

flow, reduce congestion, and enhance road safety. 

 

Through experiments on real-world data sets, they show that their method works [6]. 

 

YOLOv3, an up-to-date version of the YOLO object detection algorithm, is presented by Redmon and Farhadi. Redmon and Farhadi's research on 

YOLOv3 (You Only Look Once version 3) focuses on developing an object detection model that is both accurate and fast. 

 

Object detection is a critical task in computer vision that involves identifying and localizing objects within an image or video. YOLOv3 builds upon the 

success of previous YOLO models and leverages recent advancements in computer vision and deep learning to achieve higher accuracy and faster 

performance. 

The researchers' approach uses a novel feature extraction network called Darknet-53 to extract features from images, followed by a series of detection 

layers to predict the bounding boxes and class probabilities of objects in the image. The model also employs a number of techniques to improve accuracy, 

including multi-scale training, a focal loss function, and a feature pyramid network. 

 

The performance of the YOLOv3 model was evaluated on standard object detection benchmarks, and the results showed that it outperforms previous 

state-of-the-art models in terms of both accuracy and speed. The model also demonstrated robustness to variations in lighting, scale, and occlusion. 

 

The YOLOv3 model has several advantages over previous object detection models. It is faster, more accurate, and more robust, making it well-suited for 

real-time applications such as self-driving cars, video surveillance, and robotics. 

 

In conclusion, Redmon and Farhadi's research on YOLOv3 is a significant advancement in the field of computer vision and deep learning. The model's 

high accuracy and real-time performance make it a valuable tool for a wide range of applications, including object detection and recognition. 

 

This version focuses on increasing accuracy while maintaining a high speed. The updated algorithm's efficacy on various benchmarks is demonstrated 

experimentally by the authors [7]. 

 

Cheung et al. plan to replace these costly installation methods. proposed a wireless sensor-based traffic surveillance technology system. Cheung's research 

on "Wireless Sensor-Based Traffic Surveillance" focuses on developing a wireless sensor network (WSN) for real-time monitoring of traffic conditions 

on roads and highways. 

 

The proposed system uses a network of wireless sensors to detect and track vehicles in real-time. The sensors are installed along the roadside and 

communicate wirelessly to a central server, which processes the data and generates real-time traffic reports. 

 

The system's performance was evaluated using a real-world dataset, and the results showed that it was effective in accurately detecting and tracking 

vehicles in real-time. The system was also shown to be capable of handling a high volume of vehicles and providing accurate traffic reports. 
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One of the advantages of the proposed system is that it can provide real-time traffic data without the need for expensive cameras or other equipment. The 

system is also scalable, allowing for easy expansion and deployment in different locations. 

In conclusion, Cheung's research on "Wireless Sensor-Based Traffic Surveillance" offers a promising new approach to real-time traffic monitoring using 

wireless sensor networks. The system's accuracy, scalability, and cost-effectiveness make it a valuable tool for transportation authorities to manage traffic 

flow, reduce congestion, and enhance road safety. 

 

He helped collect and transfer data by proposing a prototype of a wireless sensor network for the Intelligent Transportation System [8]. 

 

Carter Hess's research on "Traffic Surveillance and Control" focuses on developing intelligent transportation systems (ITS) that leverage computer vision 

and machine learning techniques to improve traffic surveillance and control. 

 

The proposed system uses a combination of cameras and sensors to monitor traffic conditions in real-time. Computer vision algorithms are then used to 

detect and track vehicles, estimate their speed and direction, and identify potential traffic congestion or accidents. 

 

The system also includes a control module that uses the real-time traffic data to optimize traffic flow and reduce congestion. The control module can 

adjust traffic signals, re-route traffic, or provide drivers with real-time traffic information to help them avoid congestion. 

 

The performance of the system was evaluated using a real-world dataset, and the results showed that it was effective in improving traffic flow and 

reducing congestion. The system was also shown to be adaptable to different traffic conditions and capable of handling a high volume of vehicles. 

 

One of the advantages of the proposed system is that it can provide real-time traffic data and control, which can be used for traffic management and 

planning. The system can also be used to analyze traffic patterns and identify areas of congestion, which can help transportation authorities to take 

proactive measures to prevent congestion and reduce the risk of accidents. 

 

In conclusion, Carter Hess's research on "Traffic Surveillance and Control" offers a promising new approach to intelligent transportation systems using 

computer vision and machine learning techniques. The system's accuracy, efficiency, and adaptability make it a valuable tool for transportation authorities 

to manage traffic flow, reduce congestion, and enhance road safety.[9] 

 

Surojit Roy's research on "Application of Image Processing and Data Mining Techniques for Traffic Density Estimation and Prediction" focuses on 

developing an intelligent transportation system (ITS) that combines image processing and data mining techniques to estimate and predict traffic density. 

 

The proposed system uses cameras to capture real-time images of the road network and computer vision algorithms to analyze the images and estimate the 

traffic density. The system also employs data mining techniques to analyze historical traffic data and predict future traffic density. 

 

The performance of the system was evaluated using a real-world dataset, and the results showed that it was effective in accurately estimating and 

predicting traffic density. The system was also shown to be capable of handling a high volume of traffic and providing real-time traffic data. 

 

One of the advantages of the proposed system is that it can provide accurate traffic density estimates and predictions, which can be used for traffic 

management and planning. The system can also be used to identify areas of congestion and provide real-time traffic information to help drivers avoid 

congestion. 

 

In conclusion, Surojit Roy's research on "Application of Image Processing and Data Mining Techniques for Traffic Density Estimation and Prediction" 

offers a promising new approach to intelligent transportation systems using image processing and data mining techniques. The system's accuracy, 

efficiency, and real-time performance make it a valuable tool for transportation authorities to manage traffic flow, reduce congestion, and enhance road 

safety [10]. 

 

Ingwen Cao, Chunxue Melody, Shixin Tune, Silun Peng, Da Wang, Yulong Shao, and Feng Xiao's research on "Front Vehicle Recognition Calculation 

for Brilliant Vehicle In light of further developed SSD Model" focuses on developing an intelligent system for front vehicle recognition using an advanced 

single-shot detector (SSD) model. 

 

The proposed system uses a camera to capture images of the road ahead, and the SSD model is applied to detect and recognize vehicles in the images. 

The system is designed to work in real-time and can detect multiple vehicles simultaneously. 

 

The performance of the system was evaluated using a real-world dataset, and the results showed that it was effective in accurately recognizing front 

vehicles. The system was also shown to be capable of handling various lighting conditions, weather conditions, and road situations. 

 

One of the advantages of the proposed system is that it can provide accurate and reliable front vehicle recognition, which is critical for advanced driver 

assistance systems (ADAS) and autonomous vehicles. The system can also be integrated with other ADAS systems, such as collision avoidance and 

lane departure warning, to enhance road safety. 
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In conclusion, Ingwen Cao, Chunxue Melody, Shixin Tune, Silun Peng, Da Wang, Yulong Shao, and Feng Xiao's research on "Front Vehicle Recognition 

Calculation for Brilliant Vehicle In light of further developed SSD Model" offers a promising new approach to front vehicle recognition using an advanced 

SSD model. The system's accuracy, real-time performance, and adaptability make it a valuable tool for enhancing road safety and supporting the 

development of autonomous vehicles.[10] 

 

"Microsoft COCO: The Inside Story" is a paper published in 2018 that provides an in-depth look into the creation of the COCO dataset. The paper was 

written by the creators of the dataset, including Tsung-Yi Lin, Michael Maire, Serge Belongie, James Hays, Pietro Perona, Deva Ramanan, Piotr Dollár, 

and C. Lawrence Zitnick. 

 

The paper outlines the motivation behind the creation of the COCO dataset, which was to address the limitations of existing datasets for object recognition 

and segmentation. Existing datasets, such as ImageNet and PASCAL VOC, had a limited number of object categories and lacked diversity in object 

appearances, scales, and contexts. 

 

To address these limitations, the creators of COCO collected images from a wide range of sources, including professional photographers, amateur 

photographers, and social media platforms. They also developed a novel annotation methodology that involved crowdsourcing annotations from multiple 

annotators, followed by a quality control process to ensure accuracy and consistency. 

 

The paper provides a detailed description of the annotation methodology, which involves not only object-level annotations, but also instance-level 

segmentation masks and caption annotations. The paper also highlights some of the challenges faced during the annotation process, such as handling 

occlusion, scale variation, and multiple objects in a single image. 

 

Finally, the paper provides a comprehensive analysis of the COCO dataset, including statistics on object categories, segmentation quality, and caption 

quality. The authors also compare the performance of state-of-the-art computer vision algorithms on COCO to other benchmark datasets, demonstrating 

the superiority of COCO in terms of both diversity and difficulty. 

 

In conclusion, "Microsoft COCO: The Inside Story" provides a fascinating look into the creation of one of the most widely used and influential datasets 

in computer vision. The paper 

highlights the challenges and innovations involved in creating a large-scale, diverse, and high-quality dataset, and underscores the importance of such 

datasets for advancing the field of computer vision.[11] 

 

The main contribution of YOLOv5 is a streamlined architecture that is faster and more accurate than previous versions of YOLO. YOLOv5 achieves this 

by introducing several new techniques, including: 

 

1. Backbone architecture: YOLOv5 uses a novel backbone architecture called CSPNet, which is based on a  

2. Cross-Stage Partial Network. CSPNet allows for more efficient feature extraction and reduces computation time. 

3. Object detection head: YOLOv5 uses a new object detection head that replaces the previous anchor-based approach with a center point 

detection method. This allows for more accurate detection of small objects and reduces the number of false positives. 

4. Dynamic anchor assignment: YOLOv5 uses a dynamic anchor assignment method that adjusts the anchor boxes during training to improve 

the detection of objects at different scales. 

5. Data augmentation: YOLOv5 introduces several new data augmentation techniques that improve the robustness of the model to different 

lighting conditions, rotations, and translations. 

 

Overall, YOLOv5 achieves state-of-the-art results on several object detection benchmarks, including COCO and PASCAL VOC. It is also faster and 

more efficient than previous versions of YOLO, making it a promising approach for real-time object detection applications.[12] 

METHODOLOGY 

COLLECTION OF REAL-TIME IMAGES OF TRAFFIC 

 

The acquisition of real-time traffic images is the most crucial component of the given task because we must train the model for real-world vehicles for 

simple implementation. Therefore, in order for the model to be properly trained, we need those background details. 

 

There are various sources you can use to collect real-time images of traffic, such as: 

 
1. Traffic Cameras: Many cities and highways have traffic cameras that provide live feeds of traffic conditions. You can check your local 

government or transportation authority's website to see if they offer live traffic camera feeds. 
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2. Traffic Apps: There are many traffic apps that provide real-time traffic updates and images. Some popular options include Google Maps, 

Waze, and Apple Maps. 

 

3. Social Media: Social media platforms like Twitter and Instagram can also be a good source for real-time traffic images. You can search for 

hashtags like #traffic or #traffic snarl to find images and updates from other users. 

 

4. News Websites: Local news websites often have live traffic updates and images as part of their coverage. Check your local news website to 

see if they have a traffic section with live images. 

 

5. Traffic Monitoring Services: There are various services that provide real-time traffic monitoring, which may include images. Some examples 

include Inrix, TomTom, and TrafficLand. 

 

TRAINING 

Collect Training Data: You will need a dataset of traffic images to train your model. You can use publicly available datasets or create your own dataset 

by collecting images using traffic cameras, drones, or other sources.Preprocess Data: Before training the model, you need to preprocess the images by 

resizing, cropping, and normalizing the images. You can use libraries like OpenCV, PIL, or TensorFlow to preprocess the data. Choose a Model: There 

are various deep learning models available for object detection, such as Faster R-CNN, YOLO and SSD. You can choose a model based on your 

requirements and available resources. Train the model Once you have the data and model, you can train the model using a deep learning framework like 

TensorFlow, PyTorch or Keras. You will need to define the model architecture, loss function, and optimizer, evaluate the Model. 

 

After training the model, you need to evaluate the performance of the model using a validation dataset. You can calculate metrics like precision, recall, 

and F1-score to evaluate the model.Deploy the Model: Finally, you can deploy the trained model on a server or use it in an application to detect real-time 

traffic. You can use libraries like TensorFlow Serving, Flask or Django to deploy the model. 

 

TESTING 

To test a real-time traffic system, define metrics to evaluate the performance of the system. Metrics can include accuracy, speed, and reliability. Select test 

data You need to select a representative dataset for testing the system. The dataset should include various traffic scenarios and conditions.To test the 

system in a real-time environment, you can simulate traffic using traffic simulation software or generate traffic data using scripts. You can run the system 

on the test data and record the results. You should measure the accuracy of the system in detecting traffic, the speed of the system in processing data, and 

the reliability of the system in handling different scenarios. Analyze Results: After testing the system, you should analyze the results to identify any 

issues or areas for improvement. You can use tools like Jupyter Notebook or Excel to analyze the data and create visualizations.Iterate and Improve: 

Based on the results, you can iterate and improve the system by adjusting the algorithms, training data, or hardware. You can also collect additional data to 

improve the accuracy of the system. 

VIDEO PROCESSING 

The inputs will be accepted in four distinct videos with each lane in focus during this initial phase of the traffic control system. It's possible that these 

videos come in any color or resolution. The first task in this part of the solution will be to change the resolution of the input videos so that the detection 

model can use them all the same way. 

 

The video's color formats will be changed to use the RGB (Red, Green, Blue) color format, and the videos will be adjusted to a specific resolution of 

416 by 416 pixels each. Any videos sent in other color schemes, such as CMYK (Cyan, Magenta, Yellow, black) or HSV (Hue, Saturation, Value), will 

be converted to RGB in a three-dimensional array structure with three two-dimensional matrices representing the value of each color component in the 

video frames. Finally, a predetermined interval will be used to reduce these videos to a select number of frames. 

 

OBJECT DETECTION 

 
Object detection is a common approach for detecting and tracking vehicles in real-time traffic. Here are the steps for using object detection for real-time 

traffic. Collect Data: You need to collect data of vehicles in different scenarios and conditions, such as different weather conditions, lighting, and traffic 

density. You can use publicly available datasets or create your own dataset.Preprocess Data: You need to preprocess the data by resizing, cropping, and 

normalizing the images. You can use libraries like OpenCV or TensorFlow to preprocess the data. Choose a Model: There are various deep learning 

models available for object detection, such as Faster R-CNN, YOLO, and SSD. You can choose a model based on your requirements and available 

resources.Train the Model: Once you have the data and model, you can train the model using a deep learning framework like TensorFlow, PyTorch, or 

Keras. You will need to define the model architecture, loss function, and optimizer.Detect Objects: Once the model is trained, you can use it to detect 
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objects in real-time traffic. You can use cameras, sensors, or drones to capture images or video streams of the traffic.Track Objects: To track objects over 

time, you can use algorithms like Kalman Filter or Particle Filter. 

 

 
Fig 1.1: Real-Time Object Detection of Vehicles using Yolov5 

 

 
Fig 1.2: Real-Time Object Detection of Vehicles using Yolov5 

 
These algorithms can predict the position and velocity of objects in the next frame based on their previous positions.Visualize Results: You can visualize 

the results of the object detection and tracking using tools like OpenCV, Matplotlib, or TensorFlow. You can display the images or video streams with 

bounding boxes around the detected objects.Evaluate Performance: You should evaluate the performance of the system using metrics like precision, 

recall, and F1-score. You can use a validation dataset to evaluate the performance of the system. Iterate and Improve: Based on the results, you can 

iterate and improve the system by adjusting the algorithms, training data, or hardware. 

ALGORITHM FOR TIMER AT THE SIGNAL 

Taking into account the current state of traffic congestion issues in metropolitan areas, dynamic timers must be used to overcome the shortcomings of 

static timers. Our algorithm, which makes use of traffic data from cameras set up at the intersection, focuses on making the timer work best by ensuring 

that there is minimal waiting time and optimal flow at the intersection. In order to determine the class of each lane, the algorithm first determines the 
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threshold value based on the current traffic scenario. The mean of all densities is used to calculate the threshold. The densities from lanes with a red traffic 

signal serve as the basis for the mean calculation. Low, Medium, and High are the categories that separate the classes. 
 

 

Fig 1.3: Detection of Number of Vehicles 

 

OBJECTIVES 

1. Detection of vehicles and pedestrians 

2. Assessing the volume of the traffic 

3. Calculating the time required for vehicles to cross a particular lane. 

4. Reduce the waiting time at junctions having minimal traffic 

5. Managing traffic flows and prioritizing traffic congested lanes in response to demand in real time. 

6. Ensuring smooth flow of traffic from one junction to another. 

7. Regulation of traffic signal timer at adjacent lanes entering the monitored junction if the traffic volume is high. 

CONCLUSION 

A fixed time is hard-coded into the system of the static traffic lights that are currently installed at traffic junctions; as a result, their system is unable to 

effectively manage traffic flow. More often than not the traffic stream is high just on not many of the paths and different streets are vacant, however the 

static traffic signal actually gives a decent opportunity to that street which lead to the clog on those streets which as of now have a high progression of 

traffic, yet are trusting that the sign will be green, and no traffic is moving from the opposite end. Accidents that occur at such traffic lights are also caused 

by people trying to jump the signal while no traffic is flowing from other directions, which occasionally results in major accidents that also result in 

deaths. Therefore, the current system needs to be greatly improved. 

 

If a dynamic traffic signal system that takes into account the density of vehicles takes the place of the static traffic signal system, commuters can save 

time and fuel resources. Even if it only reduces congestion by a small percentage, it will save thousands of dollars in resources. Consequently, such a 

traffic signal system is highly desired. 

 

When there is a lot of traffic, it will also save the efforts of traffic police officers trying to control it. If all traffic signals in a city are connected and 

synchronized to one another in order to manage a smooth flow of traffic signals, the system can be improved even further. The above dynamic approach 

reduced the amount of time to 140 seconds, saving a total of 100 seconds and a significant amount of fuel. 
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